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ABSTRACT: 

Mental pressure is undermining individuals' 

wellbeing. It is non-paltry to recognize 

pressure opportune for proactive care. With 

the notoriety of online networking, 

individuals are accustomed to offering their 

day by day exercises and communicating to 

companions via web-based networking 

media stages,making it doable to use online 

informal community information for stretch 

discovery. In this paper, we find that clients 

stretch state is firmly identified with that of 

his/her companions in online networking, 

and we utilize an expansive scale dataset 

from certifiable social stages to efficiently 

think about the connection of clients' 

pressure states and social cooperations. We 

initially characterize an arrangement of 

stress-related literary, visual, and social 

qualities from different viewpoints, and after 

that propose a novel half and half model - a 

factor chart display joined with 

Convolutional Neural Network to use tweet 

substance and social communication data for 

push location. Test comes about demonstrate 

that the proposed model can enhance the 

discovery execution by 6-9% in F1-score. 

By additionally dissecting the social 

collaboration information, we likewise find 

a few charming wonders, i.e. the quantity of 

social structures of inadequate associations 

(i.e. with no delta associations) of focused 

on clients is around 14% higher than that of 

non-focused on clients, showing that the 

social structure of focused on clients' 

companions have a tendency to be less 

associated and less entangled than that of 

non-focused on clients. 
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INTRODUCTION: 

 

1.1 Motivation 

Psychological stress is becoming a threat to 

people’s health nowadays. With the rapid 

pace of life, more and more people are 

feeling stressed. According to a worldwide 

survey reported by Newbusiness in 20101, 

over half of the population have experienced 

an appreciable rise in stress over the last two 

years. Though stress itself is non-clinical 

and common in our life, excessive and 

chronic stress can be rather harmful to 

people’s physical and mental health. 

According to existing research works, long-

term stress has been found to be related to 

many diseases, e.g., clinical depressions, 

insomnia etc.. Moreover, according to 

Chinese Center for Disease Control and 

Prevention, suicide has become the top 

cause of death among Chinese youth, and 

excessive stress is considered to be a major 

factor of suicide. 

All these reveal that the rapid increase of 

stress has become a great challenge to 

human health and life quality. Thus, there is 

significant importance to detect stress before 

it turns into severe problems. Traditional 

psychological stress detection is mainly 

based on face-to face interviews, self-report 

questionnaires or wearable sensors. 

However, traditional methods are actually 

reactive, which are usually 

labor-consuming, time-costing and 

hysteretic. Are there any timely and 

proactive methods for stress detection? 

The rise of social media is changing 

people’s life, as well as research in 

healthcare and wellness.  

With the development of social networks 

like Twitter and Sina Weibo2, 
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Tsinghua University, Beijing, China. E-
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1http://tinyurl.com/htunr9g 

2http://www.weibo.com, one of the most 

popular social media 

platforms in China Sample tweets from Sina 

Weibo. In each tweet, the top part is tweet 

content with text and an image; the bottom 

part shows the social interactions of tweets 

where there are multiple indicators of stress: 

mentions of ’busy’ and ’stressed’, ’working 

overtime’, ’failed the exam’, ’money’ and a 

stressed emoticon. More and more people 

are willing to share their daily events and 

moods, and interact with friends through the 

social networks. As these social media data 

timely reflect users’ real-life states and 
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emotions in a timely manner, it offers new 

opportunities for representing, measuring, 

modeling, and mining users behavior 

patterns through the large-scale social 

networks, and such social information can 

find its theoretical basis in psychology 

research. For example, found that stressed 

users are more likely to be socially less 

active, and more recently, there have been 

research efforts on harnessing social media 

data for developing mental and physical 

healthcare tools. For example, proposed to 

leverage Twitter data for real-time disease 

surveillance; while tried to bridge the 

vocabulary gaps between health seekers and 

providers using the community generated 

health data. There are also some research 

works, using user tweeting contents on 

social media platforms to detect users’ 

psychological stress. Existing works, 

demonstrated that leverage social media for 

healthcare, and in particular  

 

MODULES: 

Modules 1: Data gathering  

To lead observations and survey our 

progressive model, we at first accumulate an 

arrangement of datasets using assorted 

naming systems  

Module 2: CNN+ FGN  

We propose a bound together half and half 

model fusing CNN with FGM to utilize both 

tweet content properties and social 

associations with redesign pressure 

disclosure.  

Module 3: Tweet Classification  

we use a cross auto-encoder (CAE) to take 

in the philosophy invariant portrayal of each 

single tweet with different modalities. 

Demonstrating the substance, visual, and 

social qualities of a tweet by vT , vI , and 

vS, the CAE is arranged.  

Module 4: Attribute Categorization  

To address the issue of pressure 

acknowledgment, we at first portray two 

game plans of attributes to evaluate the 

refinements of the pushed and non-worried 

on client by means of online systems 

administration media stages. 
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EXPERIMENTS: 

 

          

 

    

 

         

 

 

CONCLUSION: 

 

In this paper, we exhibited a structure for 

distinguishing clients' mental pressure states 

from clients' week after week online 

networking information, utilizing tweets' 

substance and in addition clients' social 

connections. Utilizing genuine web-based 

social networking information as the 

premise, we contemplated the relationship 

between's client' mental pressure states and 

their social connection practices. To 

completely use both substance and social 

connection data of clients' tweets, we 

proposed a half and half model which 

consolidates the factor diagram show (FGM) 

with a convolutional neural system (CNN). 

In this work, we additionally found a few 

fascinating wonders of pressure. We found 

that the quantity of social structures of 

meager association (i.e. with no delta 

associations) of focused on clients is around 

14% higher than that of nonstressed clients, 

demonstrating that the social structure of 

focused on clients' companions have a 

tendency to be less associated and less 

entangled than that of non-focused on 

clients. These marvels could be helpful 

references for future related examinations. 
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