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 Abstract:  Spatial data is the process of discovering interesting and previously unknown, but potentially useful patterns from large spatial 

dataset Extracting interesting and useful patterns from Google spatial datasets is extracting the corresponding patterns from traditional numeric 

and categorical data thanks to the complexity of spatial data types, spatial relationships, and spatial autocorrelation. Spatial data is about 

instances located during a physical space. When spatial information becomes dominant interest, spatial data processing should be applied. 

Spatial data structures can facilitate spatial mining. Standard data mining algorithms are often modified for spatial data mining, with a 

considerable part of pre-processing to require under consideration of spatial information. Initially the set of knowledge points, containing the 

keyword information of the query object and therefore the query keyword should tend by the User. By Group Nearest query, each nearest point 

matches a minimum of one among the query keywords of the User. Next, the user wants to rank the selected locations with respect to the sum 

of distances to nearest interested facilities. As a result, the best location can be obtained from the minimized summed Distance calculation. 
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I. INTRODUCTION 

                 The main objective is to find the best user location .By Group Nearest query, each nearest point matches at least one of the query 

keywords of the User, the user has to rank the selected locations with respect to the sum of distances to nearest interested facilities. The major 

objective is to find out the cluster of nearest points or location in the spatial dataset. The Coimbatore spatial dataset will be collected, the 

dataset will contain details of latitude and longitude of locations. It shows in location in x axis and y axis. Using the dataset, we will be finding 

out the NEAREST GROUP QUERY it means we are going to fetch the location that the user satisfies all the multiples queries. Using 

classification algorithm K NEAREST NEIGHBOUR algorithm to cluster the nearest point or location of the attributes. To find out the nearest 

group query we use the EUCLIDEAN DISTANCE formula by using an existing algorithm. 

 

II. RELATED WORKS 

                Support of highly performance queries on large volumes of spatial data becomes increasingly important in many application domains, 

including geospatial problems in numerous fields, location based services, and emerging scientific applications. The emergence of massive 

spatial data is the proliferation of cost effective and ubiquitous positioning technologies, development of highly resolution imaging 

technologies, and contribution from an oversized number of community users [1]. 

             Data Classification is the conscious and leads to allocate the level of sensitivity to the information because it is being created, amended, 

enhanced, stored, or transmitted. The classification of any property should be determined by the extent to the information which is controlled 

and secured and it's additionally supported its value in terms of worth as a business asset. The classification of all property is indispensable if 

a corporation is to differentiate between the little value, and which is very sensitive and confidential. When the information is stored whether 

it is received, created or amended it should be classified at an appropriate sensitivity level. Systems must be used to catch keywords and terms 

used in classification [2]. 

           A distance can find the objects within a certain distance of a given object. In general the spatial attributes are classified into three major 

relations they are distance relation, direction relation and topological relation. Topological relation is always non spatial data, so it can require 

spatial mapping to convert non spatial to spatial data [3]. 

          The recent explosion is the amount of spatial data that requires the specialized systems to handle the massive spatial data. In this paper, 

we discuss the features and components they should be supported during the system to handle the big spatial data. We review the recent ad 

that the planet of massive spatial data requires these four components, namely, language, indexing, query processing, and visualization [4]. 

         Spatial Association rules are implications of a single set of data by others. For e.g. in Rajasthan the average income for a person living 

near rural is Rs.15, 000. It discovers uncovering relationships from spatially related dataset and won't describe the patterns of the database. It’s 

used to find the occurrence of an event Y in the neighbourhoods of another event X in spatiotemporal data [5]. 

        Spatial data mining is the technique to seek out the knowledge from huge geospatial dataset for extracting unknown, necessary spatial 

relationships, trends or patterns, not stored explicitly in spatial databases [6]. 

       A new algorithm is developed for achieving the efficient classification of knowledge with non a-priori information available about the 

amount of groups. A performance index is defined the minimising it results in appropriate clustering of the given data. Examples are given to 

illustrate the procedure, whose convergence is guaranteed. The proposed method, which is not based towards the clusters of any particular 

shape or size, is compared with the two other clustering techniques [7]. 
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III. OBJECTIVES OF THE STUDY 

 

       The present study has framed the following objectives. They are 

1. The Dataset is collected based on Coimbatore location. 

2. The EUCLIDEAN DISTANCE formula is applied on existing feature algorithms to find the nearest location. 

 

 

 

IV. METHODOLOGY 

 

 

 

The following Algorithms are used: 

● KNN algorithm (k nearest neighbour)  

● Clarans algorithm (existing) 

● ProMISH algorithm (machine learning) 

Here we use the geo-spatial data that contains information about specific locations on earth’s surface. As input, the Coimbatore city data base 

was taken with the following attributes in it, category, place with their dimensions (i.e.) latitude and longitude .Then based on the users 

requirement we perform multiple queries to the database, the clustered data are formed. Next, we experimented with a couple of data mining 

algorithms namely existing algorithm (Clarans) and machine algorithm (ProMISH). To find the nearest group query by using Existing 

algorithm. We have collected data based on Coimbatore location. 
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IV.1.  EUCLIDEAN DISTANCE 

                The EUCLIDEAN DISTANCE formula is applied on existing feature algorithms to find the nearest location. Beyond its application 

to distance comparison, squared Euclidean distance is of central importance in statistics, where it is used in the method of least squares, a 

standard method of fitting statistical estimates to data by minimizing the average of the squared distances between observed and estimated 

values [10]. The addition of squared distances to each other, as is done in least squares fitting, corresponds to an operation on (unsquared) 

distances called Pythagorean addition [11]. In cluster analysis, squared distances can be used to strengthen the effect of longer distances [9]. 

Squared Euclidean distance does not form a metric space, as it does not satisfy the triangle inequality 

EUCLIDEAN DISTANCE is computed using the following formula 

D (p, q) =√ (p1-q1)2 + (p2 –q2)2+…+ (pn –qn) 2 

The primary objective of the study is to find out the nearest distance by using spatial dataset and multiple queries. Initially the set of Data 

points, containing the keyword information of the query object and the query keyword should be given by the User. By Group Nearest query, 

each nearest point matches at least one of the query keywords of the User. Next, the user wants to rank the selected locations with respect to 

the sum of distances to nearest interested facilities. As a result, the best location can be obtained from the minimized summed Distance 

calculation. Clustering Large Applications based upon Randomized Search. 

 

IV.2.  CLARANS ALGORITHM 

           CLARANS are also called as existing algorithms. In CLARANS, the process of finding k medoids from n objects is viewed abstractly 

as searching through a certain graph. In the graph, a node is represented by a set of k objects as selected medoids. Two nodes are neighbours 

if their sets differ by only one object. In each iteration, CLARANS considers a set of randomly chosen neighbour nodes as candidate of new 

medoids. We will move to the neighbour node if the neighbour is a better choice for medoids. Otherwise, a local optima is discovered. The 

entire process is repeated multiple times to find better [8]. 

 

IV.3. TOOLS AND TECHNIQUES 

             Frameworks have become increasingly popular, through them reuse of design as well as code is achieved for object oriented systems. 

One relatively new framework is the .NET framework from Microsoft. The .NET framework is part of the larger .NET space. It includes the 

Common Language Runtime, a large number of partially interfaced, partially class-based frameworks packed into assemblies, and a number 

of tools. .NET is an open platform for enterprise and web development and it is not bound to a particular programming language. This paper 

starts with a description of the concept of frameworks. Next we try to cover some of the pieces of .NET framework but due to the extensive 

size of the .NET not all parts can be covered. The framework perspective of .NET is analysed and we try to focus on the Object Oriented 

aspects while still covering enough technical parts to let the reader learn about .NET features. We are not trying to paint the .NET features as 

unique and the only choice on the market, nor do we try to compare .NET as a whole with its competitors. However we can conclude that 

the .NET framework has advantages over many other frameworks we encountered in the past [12].   

 

IV.4. DATASET 
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The dataset is named as SPATIAL DATASET enumerated with various locations of the nearest places. The dataset consists of attributes such 

as FEATURE, CATEGORY, PLACE, LATITUDE, LONGITUDE and INDEX. The feature gives information about the place name ,the 

category attribute gives information about what kind of the place, the place attribute gives information about the location of the selected place , 

the latitude and longitude gives the exact geographical location of the selected place. 

 

V. RESULT 

 

 (Clarans algorithm result) 

The above dataset is classified by an existing algorithm to find out the Euclidean distance. Select multiple features in the input query with three 

nearest features and click search to list the nearest group query location of features. By Group Nearest query, each nearest point matches at 

least one of the query keywords of the User. Next, the user wants to rank the selected locations with respect to the sum of distances to nearest 

interested facilities.  As a result, the best location can be obtained from the minimized summed Distance calculation. 

 

VI. CONCLUSION 

                Different methods of data mining in spatial databases have been outlined in this paper, which has shown that these methods have 

been developed by two very separate algorithms: Existing algorithm and Machine Learning algorithm. In this project is to find out the nearest 

group query by using spatial dataset location of multiple queries by using .net tool. By using an existing algorithm the Euclidean distance was 

found. The Euclidean distance field was used to provide additional spatially relevant predictors to the environment commonly used for 

mapping. By using an existing algorithm we found out the nearest group query point in the spatial dataset. 
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