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Abstract: Image Processing is a vital segment of present day advancements since human depends such a great amount on the visual data 

than many other data. The big challenge to researchers, engineers and specialists is to rapidly separate the significant data from the raw 

image data.  Proposed strategy for vehicles statistic in complex urban movement scenes to determine insufficiencies of conventional 

checking strategies, which are profoundly computationally costly and turned out to be unsuccessful with expanding unpredictability in 

urban rush hour traffic situations. The special feature of the proposed system is it will give more accuracy in normal video and blurred 

video. This system first applies the de-convolution deblurring techniques on video frames improve the quality of the image and then 

vehicle counting process is invoked which apply background subtraction and segmentation technique to detect the vehicles. Test results 

of this system based on real-world urban traffic videos show that the accuracy rate of the proposed approach is very high.  
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I. INTRODUCTION 

 Video-based intelligent transportation systems (ITS) have as of late been collecting an expanded enthusiasm with the 

ascent brilliant urban development. Precise and effective vehicle tallying, which is a key strategy for activity stream estimation and a basic 

factor for ITS, may produce numerous advantages for drivers, governments and the condition. Utilizing activity stream data, drivers can 

keep away from movement blockage and invest less energy activity, governments can configuration better answers for urban and street 

movement, and the condition can profit by the diminished contamination discharges result from the advanced flag timing of urban 

movement lights.  Conventional tallying vehicle data is primarily gotten utilizing inductive circles, detached attractive sensors or 

microwave finders.  Contrasted and these conventional techniques, which are awkward  to keep up and can't recognize moderate or 

incidentally halted vehicles,  cameras of video-based vehicle tallying are anything but difficult to send and  keep up and give more data 

about vehicle movement. As a result, as of late video-based checking vehicle methods have been examined and utilized broadly. 

Conventional techniques for producing foundation models incorporate normal pixel powers, Gaussian mixture model (GMM), Bayesian 

strategies, kernel density estimation (KDE), Codebook et cetera. The least complex foundation display for frontal area division utilizes the 

normal pixel powers, and the single Gaussian model was presented in view of the presumption that the likelihood thickness capacity of 

every pixel is a Gaussian. In imaging science, Image preparing is any type of flag handling for which the information is a picture and the 

yield may be either a picture or set of qualities or parameters identified with the picture. Sometimes, the pictures might be undermined. 

Such debasements might be either because of movement obscure, commotion or camera miscues. Along these lines, a traditional research 

territory called Image Restoration came into reality. This alludes to the activity of taking a debased picture and evaluating a perfect unique 

picture by expelling bends. A portion of the strategies included are utilization of Inverse channels, Weiner filters, Iterative channels and 

Blind De-convolution. The procedure being executed here is Blind De-convolution. The calculation associated with this strategy is 

Evolutionary calculation. This exploration region is connected for therapeutic pictures. New applications incorporate HD/3D displays, 

mobile and compact gadgets which are advancing exploration zone in this perspective. 

 

II. RELATED WORK 

As of late, numerous new foundation demonstrating techniques, including visual background extractor (Vibe), pixel-based adaptive 

segmenter (PBAS) and self-balanced SENsitivity SEgmenter (Sub SENSE), have been proposed for fore front identification.  Branch and 

Droogenbroeck built up an example based technique that sets up a foundation show by conglomerating already watched values for every 

pixel area and refreshing the model utilizing the irregularity, as characterized in ViBe. PBAS, which presents a criticism plan to 

adaptively modify show parameters by evaluating foundation flow, is likewise an example based foundation show in light of Vibe. Image 

processing is regularly seen as subjectively controlling a picture to accomplish a tasteful standard or to help a favored reality.  

In any case, Image Processing is more precisely characterized as methods for interpretation between the human visual framework 

and computerized imaging gadgets. The human visual framework does not see the world in the same way as advanced locators, with show 

gadgets forcing extra commotion and data transmission confinements. Remarkable contrasts between the human and computerized 

locators will be appeared, alongside some fundamental handling ventures for accomplishing interpretation. In spite of the benefits of 

vision-based vehicle tallying, testing issues stay in vehicle identification and checking should be tackled for urban movement scenes. 

Precise recognition of moderate moving or briefly ceased vehicles, mostly or totally blocked and consolidated vehicles or impediments, 

and high computational burdens make one of a kind issues in complex urban activity conditions. With a specific end goal to address these 

difficulties, we present a video-based strategy that joins BS-based vehicle identification techniques on the virtual detection line (VDL) and 

TSI to expand the nature of vehicle checking without utilizing following methods or virtual circles. 

The VDL is effortlessly contaminated by undesirable flotsam and jetsam glide furthermore, can't be set intersection a path line and 

the vehicle blobs in the TSI may converge with each other. To deal with consolidating and impediment issues in the TSI, recognize 

inactive impediments among vehicles by various TSI. This approach requires putting away extensive quantities of TSI to do the 

correlation and manage impediment issue. The TSI in is constructed creating the frontal area vehicle based on foundation subtraction, and 

http://www.jetir.org/


© 2018 JETIR June 2018, Volume 5, Issue 6                                                            www.jetir.org  (ISSN-2349-5162)  
 

JETIR1806547 Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org 296 
 

BS-based vehicle recognition strategies and TSI are consolidated for checking vehicle. In any case, this strategy can't manage moderate 

moving or briefly ceased 

Image restoration is concerned about the reproduction or estimation of obscure parameters of the uncorrupted picture from an 

obscured and boisterous one. Basically, it endeavour’s to play out a task on the picture that is the converse of the defects in the picture 

development framework. During the time spent picture rebuilding, the qualities of the debased framework and the commotion are thought 

to be known from the earlier. In down to earth circumstances, in any case, one will most likely be unable to get this data straight forwardly 

from the picture arrangement process.  

Convolution is a scientific activity on two capacities f and g delivering a third capacity that is ordinarily a changed form of one of 

the two unique capacities, giving the zone cover between the two capacities as an element of the sum that one of the first capacities is 

deciphered. It has applications that incorporate likelihood, insights, PC vision, image and flag processing, electrical building and 

differential conditions. Keeping in mind the end goal to successfully include vehicles the urban activity situations, a self-versatile example 

accord foundation show with certainty estimations at every pixel is built on the virtual identification line. There are three key strides, to 

this technique; design of VDL settings and foundation initialization, rontal area location, and foundation refreshing. 

 

III. PROPOSED SYSTEM 

In order to viably include vehicles the urban movement conditions, a self-versatile example agreement foundation display with certainty 

estimations at every pixel is developed on the virtual identification line. There are three key strides, to this technique; arrangement of VDL 

settings and foundation initialization, frontal area location, and foundation refreshing. The situation of the VDL is essential for powerful 

vehicle checking. Right now, a few paths are utilized to keep running for vehicles into bearings, as represented. To check vehicles, we center 

on the quantities of vehicles on one-line or on various line. The VDL set apart in red is utilized to check vehicles on one-line, and the VDL 

arranged is designed for use in various line vehicles tallying. In the mean time we should consider the foundation initialization when the VDL 

is physically designed. The initialization foundation show in view of a few clean edges toward the start of the video is once in a while 

experienced in certifiable urban movement situations and first foundation model of the area that contains no frontal area objects is one of the 

troubles of BS-based vehicle recognition strategies. Be that as it may, one column of the picture without frontal area objects is anything but 

difficult to get. As a result, the VDL ought to be physically arranged at a minute when one line of the street in the edge contains no frontal area 

objects. 

 
Fig 1: System Architecture 

 

In this proposed system architecture, as soon as we are getting the video of the vehicles passing as an input, that video is needed to be 

deblurred (to get more clear view) for detecting the vehicles. The video can be deblurred by using the De-convolution method of image 

processing. This is an algorithm-based process used to reverse the effects of convolution on recorded data. The concept of de-convolution is 

widely used in the techniques of signal processing and image processing. Because these techniques are in turn widely used in many scientific 

and engineering disciplines, de-convolution finds many applications. In general, the object of de-convolution is to find the solution of a 

convolution equation of the form: f*g=h. usually, h is some recorded signal, and ƒ is some signal that we wish to recover, but has been 

convolved with some other signal g before we recorded it. The function g might represent the transfer function of an instrument or a driving 

force that was applied to a physical system. After deblurring the video, the number of the vehicles on the road is to be counted. Then, first this 

system will count the number of the assigned vehicles and then it will count the number of the unassigned vehicles separately. After this, the 

two numbers of the assigned and unassigned vehicles is to be added and by this way we will get the total number of the vehicles on the road. 
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Fig2:Flowchart to count the total number of vehicles 

 

There is a specific path for to get a deblurred video from the blurred video. First the blurred video is to be taken as an input. Then the blurred 

videos need to be converted to a series or a sequence of images. Now all of the blurred images have to be deblurred by using de-convolution 

method. The input is the tainted normal image and one of the numerous current de-convolution strategies is utilized to recover the genuine 

picture. Be that as it may, this reestablished picture is the estimation of the genuine picture and henceforth the meeting of de-convolution 

methods ought to give the rough and nearest gauge of the genuine picture. The visually impaired picture de-convolution on comparative idea 

gauge the genuine picture yet there are no or incomplete data about the reason for debasement work. The fractional data can be in the type of 

some limited help or non-antagonism of the picture, authored as physical properties of the picture. So also, this halfway data can likewise be as 

any measurable information, for example, entropy or likelihood dissemination capacity of the flag. The diverse optimality criteria alongside 

this incomplete data frame the solid ground in picture estimation. There are two types of de-convolution techniques. First is Non-Blind De-

convolution which refers to the de-convolution with explicit knowledge of the impulse response function used in the convolution. That is, the 

point spread function is known in advance in this technique. Other one is Blind De-convolution, which is a de-convolution technique that 

permits recovery of the target scene from a single or set of "blurred" images in the presence of a poorly determined or unknown point spread 

function (PSF). 

 

After this de-convolution process, there is set of possible estimated image obtained from each generation at the end. The best image is sort out 

by adopting fusion method pseudo-wigner distribution. This process is actually image restoration. Once this process is done, all of the clear 

images of the generated deblurred sequence have to be combined to a video. Hence we can get a deblurred video from a blurred video. From 

this deblurred video, vehicle detection and counting the vehicles number is to be done. 
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Pseudo code to count the total number of  vehicles 

 
 

IV.  RESULT AND ANALYSIS 

In this section, the results of our experiments are presented and discussed. We start with video as input if the video consist of noise to remove 

that noise we use kalman filter algorithm, after removing the noise the next step is to detect the vehicles. We use virtual line to detect the 

vehicles, whenever the vehicle crosses the virtual line it detects the vehicle and counts the number of vehicle. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig 3: Snapshot of Virtual line of video 
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Fig 4: Snapshot of Foreground mask 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig 5: Snapshot of Video Crossing the Virtual line 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig 6: Snapshot of Vehicle Detection 
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Fig 7: Snapshot to show the total number of vehicle detected 

 

Fig 8 :Graphical representation top show the experimental result of videos actual number of vehicles and counted number of 

vehicles. 

 

 
 

 

V. CONCLUSION 

In this paper, a period spatial closer view images is proposed for vehicle tallying in complex urban rush hour gridlock scenes to determine 

insufficiencies in customary tallying strategies that are computationally costly and disappointment inclined in complex urban movement 

situations. A self-versatile example accord foundation show with certainty estimation at every pixel area is developed just on the virtual 

discovery line of the video outlines. A period spatial forefront picture is stacked after some time in view of the forefront controlled by the 

virtual location line. After occlusioncases are assessed in light of the convexity of associated segments got, the quantity of associated parts in 

the foreground time-spatial image (FTSI) is tallied to get the quantity of vehicles. The recognition exactness examinations performed showed 

that the proposed technique accomplishes better execution by both subjective and quantitative measures contrasted and other TSI techniques 

recommended in the writing. Test comes about utilizing genuine urban activity recordings demonstrate that the exactness the proposed 

approach is above 90% and that it performs superior to other best in class strategies. 
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