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Abstract  

Human Resource (HR) Analytics has emerged as a transformative a tool for improving strategic planning and 

decision-making within organizations. This study examines HR Analytics in India by conducting a sector-wise 

analysis, with a particular emphasis on the IT, Financial, Manufacturing, Retail, and other sectors. The objective of 

this research is to offer an exhaustive analysis of the ways in which various industries utilize HR Analytics to 

enhance workforce management and optimize organizational performance. Data from 424 organizations was 

examined. The methodology employed a quantitative approach, using structured questionnaires to collect data from 

HR professionals in various sectors. The sample was stratified to guarantee that it encompassed the primary sectors: 

IT, Financial Services, Manufacturing, Retail, and Others. Trends, challenges, and sector-specific applications of 

HR Analytics were identified through statistical analyses. The study suggests a comprehensive analysis of the extent 

to which HR Analytics is being implemented in these sectors, with an emphasis on the effects it has on critical HR 

functions, including strategic planning, performance management, employee retention, and recruitment. 

Furthermore, it endeavors to identify sector-specific best practices and obstacles associated with the implementation 

of HR Analytics. Findings are expected to provide organizations that are interested in improving their HR strategies 

through data-driven approaches with valuable insights. 
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1. INTRODUCTION 

The voyage of HR analytics in India is indicative of a more general global trend towards data-driven human 

resource practices. In the past, Indian organizations primarily relied on conventional HR methods that prioritized 

manual record-keeping and fundamental employee metrics. Nevertheless, the emergence of sophisticated 

technologies and data analytics has resulted in a substantial transition towards the utilization of data to inform HR 

strategies. In the early 2000s, the rapid expansion of the Information Technology (IT) sector and the growing 
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adoption of digital tools in India marked the beginning of the evolution of HR analytics. Initially, HR analytics was 

restricted to large IT companies that implemented technology for performance monitoring and workforce 

administration. These early adopters established a precedent for other sectors to follow by demonstrating the value 

of data in optimizing HR processes and generating business outcomes. HR analytics has transformed employee 

engagement strategies and talent acquisition in the IT sector. Data has been utilized by IT companies to predict 

attrition, identify skill deficits, and develop targeted development programmes (P. Sharma & Khan, 2023). The 

sector has been able to establish sophisticated HR practices, such as real-time performance monitoring and 

predictive analytics for workforce planning, as a result of its dependence on technology and data. The financial 

service, which is known for its data-intensive nature, has also adopted HR analytics to improve its HR functions. In 

order to oversee extensive recruitment campaigns, evaluate employee performance, and guarantee regulatory 

compliance, financial institutions and banks implement analytics. 

The necessity to enhance workforce productivity and operational efficacy has prompted the transition. Analytics in 

manufacturing is instrumental in the management of shift schedules, the reduction of absenteeism, and the 

monitoring of employee performance. The sector is progressively acknowledging the importance of data in the 

optimization of HR functions and the alignment of these functions with the overarching organizational objectives. 

The retail sector in India, which has undergone substantial growth and modernization, is employing HR analytics to 

resolve the challenges associated with workforce management and customer service (Cayrat & Boxall, 2023).  

 

 

 

Figure- 1 Sector Analysis (source: Author) 

In order to optimize employment levels, manage employee performance, and improve training programmes, 

retailers implement analytics. The sector's emphasis on operational efficiency and customer experience has 

expedited the adoption of data-driven HR practices. HR analytics are also being adopted by other sectors, including 
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healthcare, education, and hospitality. Data analytics provides valuable insights for enhancing HR practices and 

attaining organizational objectives, as these industries encounter distinctive challenges in managing disparate 

workforces and delivering quality services. In summary, HR analytics in India has transitioned from a specialized 

practice to a widely used strategic instrument in a variety of industries. The increasing recognition of data as a 

critical asset in human resource management is reflected in the adaptation of analytics to satisfy the specific 

requirements of each industry. HR analytics will become more crucial in the development of effective HR strategies 

and the promotion of business success as organizations continue to navigate the intricacies of the contemporary 

workforce (Olufunke Olawale et al., 2024).  

 

1.1 Introduction to HR Analytics and Its Importance 

HR analytics is the process of utilizing data analysis tools to improve the efficiency of human resource functions 

and decision-making (Selvaraj, 2023). HR management initially prioritized conventional methodologies, including 

intuition and experience, for decision-making. Nevertheless, the implementation of HR analytics has revolutionized 

the manner in which organizations manage their workforces, thanks to the emergence of advanced analytics and big 

data. It utilizes data to offer insights into a variety of HR activities, including employee engagement and retention, 

as well as recruitment and performance management. The development of HR analytics can be traced from basic 

data reporting to sophisticated predictive models that aid in strategic planning (Rigamonti et al., 2024). In the past, 

HR systems provided descriptive analytics that solely reported on past events. However, contemporary HR analytics 

now encompass predictive and prescriptive analytics. In addition to identifying trends, these sophisticated 

methodologies also predict future outcomes and recommend the most effective course of action. HR analytics is 

essential for strategic planning and decision-making in modern organizations (Tuli et al., 2018). It assists 

organizations in the alignment of their workforce strategies with business objectives, the optimization of HR 

processes, and the enhancement of overall employee performance. Organizations can make informed decisions that 

improve productivity, reduce attrition, and cultivate a more engaged workforce by analyzing data related to 

employee behaviour, performance metrics, and other HR indicators. HR professionals are able to proactively 

resolve issues and move beyond reactive measures by transforming unstructured data into actionable insights (D. 

Sharma, 2020). This ultimately results in more effective and strategic HR management.  

 

1.2 Sector-Specific Application of HR Analytics  

Information Technology (IT): The Indian IT sector is renowned for its intense competition for qualified talent and 

its swiftly evolving workforce (Gope, S., Elia, G., Passiante, 2018). HR analytics is essential in this context, as it 

facilitates the procurement of talent, forecasts employee attrition, and manages performance by providing data-

driven insights. Analytics can be employed by IT companies to enhance their understanding of their workforce 

dynamics, refine their recruiting processes, and enhance employee retention. This data-driven approach enables 

organizations to remain competitive, make informed decisions, and adapt to industry changes by effective managing 

and supporting their best personnel (Kolasani, 2023).  
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Manufacturing: Managing a diverse workforce and ensuring high productivity are substantial challenges in the 

manufacturing sector. These issues are addressed through the optimization of staff allocation, the identification of 

talent deficits, and the enhancement of overall operational efficiency through HR analytics (Oluwatamilore Popo – 

Olaniyan et al., 2023). Manufacturers can monitor safety compliance, streamline workforce planning, and 

implement targeted training programs with the assistance of analytics tools. This ultimately contributes to a more 

effective and secure working environment by resulting in improved productivity, a more efficient workforce 

management system, and better safety practices.  

Financial Service: The finance service places a high value on regulatory compliance and precision. HR analytics 

facilitates compliance with regulations, optimizes talent management, and increases employee engagement. 

Financial service can improve the performance of their employees, identify potential hazards, and expedite their HR 

processes by utilizing data analysis(Jafri, 2020). This ensures that organizational objectives are efficiently attained, 

compliance standards are met, and HR practices are enhanced. Financial service can enhance their operational 

efficiency, resolve obstacles in advance, and optimize their workforce management through the implementation of 

analytics.  

Retail: Retail is distinguished by seasonal fluctuations in demand and high employee turnover. By optimizing staff 

allocation, administering workforce scheduling, and enhancing employee retention strategies, HR analytics is 

instrumental in resolving these issues (Etukudo, 2019). Retail organizations can more effectively manage seasonal 

fluctuations, guarantee sufficient personnel levels, and mitigate attrition rates by leveraging data-driven insights. 

This leads to enhanced customer service, more efficient personnel administration, and the capacity to effectively 

address the obstacles of high staff attrition and fluctuating demand (Hughes & Rog, 2008).  
 

2. LITERATURE REVIEW 
 

2.1 Transformative Impacts and Adoption Challenges of HR Analytics Across Sectors in India 

The literature on HR analytics emphasizes its transformative influence on human resource practices in a variety of 

sectors throughout India. This review synthesizes research findings to elucidate the utilization and adoption of HR 

analytics in various industries, with an emphasis on its evolution, implementation challenges, and sector-specific 

applications. The impact of company characteristics on HR disclosure practices in Indian public sector enterprises 

was investigated by Aggarwal et al. (2021) they created the Human Resource Disclosure Index (HRDI) and 

discovered that market capitalization and ownership concentration had a substantial impact on HR disclosure, while 

other variables exhibited insignificant associations(Aggarwal, 2021). Ramachandran (2023) conducted an analysis 

of the adoption of HR analytics in the Indian IT sector. Their findings indicate that, despite the fact that HR 

analytics has acquired momentum, there is a positive correlation between employee satisfaction and perception of 

HR analytics tools(Ramachandran et al., 2023). Jauhari (2021) concentrated on the implementation of HR analytics 

in IT Fortune 500 companies, highlighting the ways in which these tools improve HR management efficacy and 

identifying gaps and suitability factors for the adoption of HR analytics (Jauhari, 2021). Harshita Agarwal et al 

conducted a study on the adoption of HR analytics in Indian IT and ITES organizations. The study identified the key 
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factors that influence change acceptance and established a foundation for future research in HR analytics. Mathur 

(2023) conducted a study on the adoption challenges of HR analytics among HR professionals in manufacturing 

firms in Haryana(Mathur, 2023). The study underscored the advantages of data-driven decision-making and the 

obstacles to effective implementation. The literature that has been reviewed collectively emphasizes the increasing 

importance of HR analytics in a variety of sectors in India. Although IT and public sectors exhibit a greater degree 

of adoption, obstacles persist in other sectors. The research emphasizes the necessity of the strategic implementation 

of HR analytics and the significance of comprehending sector-specific dynamics in order to effectively leverage HR 

analytics (Muriithi & Waithaka, 2019). 

The function of HR analytics in enhancing organizational sustainability within IT companies was investigated by 

Selvaraj et al (2023). The literature on HR analytics emphasizes its transformative influence on human resource 

management in various industries throughout India. This review integrates the results of numerous studies to offer a 

comprehensive understanding of the sector-specific applications, challenges, and adoption of HR analytics Selvaraj 

(2023). Using AMOS and SPSS for data analysis, their research illustrated a substantial correlation between HR 

analytics and HRM practices. The study validated the scalability and efficacy of a novel methodological approach in 

predicting organizational outcomes (Selvaraj, 2023). The factors that influence the acceptability of HR analytics in 

Indian IT and ITES organizations were investigated by Agarwal et al. (2022)(Agarwal & Raj, 2022). The study 

established a foundation for future research in the adoption of HR analytics by identifying important change factors 

that influence individual acceptance levels. Mr. Jaikumar et al. (2015) discussed the challenges encountered by the 

Indian retail industry, with a particular emphasis on the incorporation of HR analytics with store operations 

(Jaikumar & Sharma, 2021). They conducted a comparative analysis of their practices with those of global retail 

titans, emphasizing the deficiencies in the incorporation of analytics and offering recommendations for Indian 

retailers. Jain et al. (2020) concentrated on the incorporation of HR analytics into the corporate environment, 

underscoring its capacity to supersede antiquated manual processes (Marmat & Jain, 2020). The study assessed the 

application and constraints of HR analytics, as well as metrics for evaluating organizational suitability for adoption.  

Sharma et al. (2022) conducted a review of the role of HR analytics in improving organizational decision-making in 

the context of the pandemic(Jhansi et al., 2023). The paper emphasized the significance of HR analytics in the 

process of effective decision-making, emphasizing its role in strategic planning, cost management, and revenue 

generation. The influence of HR analytics on organizational efficacy in Indian IT firms was examined by Prof. 

Krishnamohan et al. (2020)(Mohan & Madhu, 2023). Their results suggested that HR analytics considerably 

enhances decision-making and efficiency, as evidenced by structural equation modelling and SPSS analysis. Ameer 

et al. (2022) investigated the behavioral intentions that motivate HR professionals to implement HR 

analytics(Ameer & Garg, 2022). The study employed PLS-SEM to validate the factors that influence adoption, 

demonstrating that performance expectancy and facilitating conditions have a positive impact on adoption, while 

fear appeals impede it. Nagpal et al. (2022) discussed the importance of data-driven decision-making in the context 
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of Industry 4.0. The research identified critical HR analytics factors—predictive, descriptive, and prescriptive—that 

enhance employee well-being and influence decision-making in institutions (Nagpal et al., 2022). 

In general, the literature that has been reviewed collectively emphasizes the increasing importance of HR analytics 

in a variety of sectors throughout India. The adoption rates in the IT and finance sectors are higher, but there are still 

challenges in other industries. The research emphasizes the necessity of strategic implementation and a 

comprehension of sector-specific dynamics in order to effectively utilize HR analytics (Sarwar, 2013).  
 

2.2 HR Analytics Studies Sector and Focus  

Author (s) Year Sector Key Focus Methodology 

Vidya Nayak 

et.al 
2024 IT 

Simplification of HR analytics for 

data collection, measurement, and 

forecasting, focusing on employee 

attrition. 

Literature review using 

secondary data from various 

sources. 

C. Mahendran 

et.al 
2024 Manufacturing 

Barriers and solutions for HR 

analytics implementation in 

Chennai's manufacturing sector. 

Literature review, 

demographic data, and 

correlation analysis. 

Dr. Sarika 

Agarwal et.al 
2022 Financial Secvice 

Impact of HRM practices on 

employee satisfaction and 

performance in the Financial 

Service. 

Literature review and analysis 

of HRM practices. 

M Krithika 

et.al 
2022 Manufacturing 

Role of technological factors in 

HR analytics adoption in 

manufacturing industries. 

Survey of 150 HR 

professionals in southern 

India. 

Saritha B. et.al 2023 IT 

Relationship between HRM 

practices and company 

performance in the IT-ITES sector. 

Mixed-method: qualitative 

interviews and quantitative 

surveys. 

Puja Prasad 

et.al 
2018 Retail 

Employee engagement factors in 

the retail sector of Jharkhand. 

Pilot study using 

questionnaires and SPSS 

analysis. 

Atul Kumar 

et.al 
2023 Retail 

Challenges and trends in HR 

management across the Indian 

retail sector. 

Review of retail sector HR 

practices and trends. 

Maria Afzal 

et.al 
2023 IT 

Adoption and potential of HR 

analytics in the Indian IT sector, 

focusing on HR systems and skill 

gaps. 

Literature review and analysis 

of HR-analytics adoption. 
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Dr. Asha 

Nagendra et.al 
2022 Retail 

HR challenges and skill 

requirements in the organized retail 

sector. 

Study of HR practices and 

challenges in retail outlets. 

Samarth Singh 

et.al 
2023 Financial Service 

Impact of HR analytics on 

customer performance and 

satisfaction in the Indian banking 

sector. 

Quantitative analysis with a 

survey of 500 banking 

professionals. 

S. Kumar et.al 2018 Retail 

Impact of digitization on India's 

retail sector and its functional 

areas. 

Secondary data analysis on 

digitization effects. 

 

The impact of recent HR analytics studies in India from 2018 to 2024 is summarized in the table, which pertains to a 

variety of sectors, including banking, retail, IT, and manufacturing. It encompasses research on the function of HR 

analytics in enhancing employee engagement, productivity, and decision-making. The benefits of HR analytics, 

such as enhanced performance assessment and attrition management, as well as the challenges of implementing it, 

such as data issues and talent deficits, are among the key findings. The aggregate findings of the studies emphasize 

the increasing significance of HR analytics in overcoming sector-specific challenges and optimizing workforce 

management(Richter et al., n.d.). 

2.3 Hypothesis Development 

 

Figure- 2 Proposed Model 
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2.1.1 HR analytics usage  

HR analytics has emerged as a transformative instrument in contemporary human resource management, allowing 

organizations to improve HR processes by leveraging data-driven insights. The adoption of HR analytics varies 

considerably across sectors, with sophisticated capabilities frequently observed in industries such as finance and IT. 

The HR practices of these sectors, which encompass talent acquisition, performance management, and employee 

retention, are refined through the use of sophisticated analytics techniques. For example, predictive analytics models 

assist these organizations in predicting their recruiting requirements, optimizing employee performance evaluations, 

and implementing targeted retention strategies, thereby achieving more effective HR outcomes. Conversely, sectors 

that have not yet implemented HR analytics, such as manufacturing or retail, are inclined to adhere to conventional 

HR procedures. These conventional methods may not possess the data-driven precision necessary to optimize HR 

processes, which could lead to HR practices that are less effective and efficient. The absence of analytics integration 

can result in suboptimal decision-making and delayed response times to HR challenges. The proposed hypothesis is 

designed to examine the extent to which the efficacy and efficiency of HR processes across various sectors are 

influenced by the variable levels of HR analytics utilization (Guest & Conway, 2011). The hypothesis endeavors to 

offer a thorough comprehension of the ways in which HR analytics affects HR management practices by analyzing 

this relationship. It will pinpoint the ways in which advanced analytics can improve HR practices in sectors where 

adoption is still in the early stages and provide valuable insights into opportunities for improvement. As a result, the 

hypothesis is formulated as follows: 

 

H1: There is a significant difference in various HR processes between HR analytics usage across different sectors 

in India. 

 

"The effectiveness and efficiency of HR processes are positively correlated with the level of HR analytics usage 

across different sectors, with advanced analytics capabilities leading to more sophisticated and efficient HR 

management practices." The prospective advantages of incorporating data-driven insights into HR management will 

be underscored by this hypothesis, which will investigate the extent to which sectors with advanced HR analytics 

outperform those with limited analytics adoption. 

The implementation of HR analytics in contemporary human resource management is substantially inconsistent 

across various sectors, resulting in significant disparities in HR practices and outcomes.  

IT Sector: The IT sector's HR analytics are concentrated on the optimisation of talent acquisition, the enhancement 

of employee engagement, and the enhancement of retention strategies. IT companies can predict employee attrition, 

identify skill shortages, and customize recruitment processes by utilizing data. Analytics are also beneficial in 

evaluating the efficacy of training programs and evaluating employee performance. Predictive models help to 

ensure that the appropriate talent is available to meet the demands of projects and technological advancements by 

aligning workforce planning with business objectives. Financial Services: HR analytics is implemented in the 

financial services sector to guarantee regulatory compliance and effectively manage talent. It facilitates the 
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evaluation of compensation strategies, the enhancement of workforce planning, and the monitoring of employee 

productivity. Data-driven insights are instrumental in the identification of high-potential employees, the reduction of 

attrition, and the improvement of employee satisfaction. Furthermore, analytics facilitate compliance with industry 

regulations and risk management by offering financial institutions a competitive advantage and operational 

efficiency by providing insights into workforce trends and potential issues (Tuli et al., 2018). Manufacturing 

Sector: Conversely, the manufacturing sector is slower to implement HR analytics. The data-driven precision that is 

essential for optimizing HR processes is frequently lacking in many organizations in this field, which continue to 

rely on traditional HR practices. This dependence on traditional methodologies can lead to HR practices that are less 

effective, including inefficiencies in employee retention, performance management, and recruitment. Manufacturing 

companies may experience suboptimal decision-making and delayed responses to HR challenges in the absence of 

advanced analytics, which can have a significant impact on the overall efficacy of the organization.  

Retail Sector: The retail sector is characterized by a similar trend, as numerous organizations adhere to 

conventional HR practices and demonstrate a limited utilization of HR analytics. The retail sector as a whole 

frequently lacks the sophisticated analytical tools found in the IT and financial industries, despite the fact that some 

companies are beginning to investigate data-driven approaches (Brownlow et al., 2015). This restriction may result 

in HR practices that are less precise, such as poorly targeted performance management and generalized recruitment 

strategies. Retailers that possess inadequate analytics capabilities may encounter difficulties in maintaining pace 

with the evolving HR challenges and may overlook opportunities for improvement. Other Sectors: Sectors such as 

healthcare and education, which are not associated with IT, financial Service, manufacturing, or retail, exhibit a 

diverse level of HR analytics adoption. Although some organizations in these sectors are beginning to incorporate 

analytics into their HR practices, others continue to rely primarily on conventional methods. The efficacy and 

efficiency of their HR processes are influenced by the varying levels of analytics adoption in these sectors. For 

example, healthcare organizations may implement analytics to optimize patient care and personnel, while 

educational institutions may implement analytics to improve student outcomes and faculty performance. In 

conclusion, the extent to which HR analytics are implemented in various sectors is directly proportional to the 

efficacy and efficiency of HR processes(Jiang et al., 2012). In contrast to sectors with limited analytics adoption, 

such as manufacturing and retail, those with advanced analytics capabilities, such as IT and finance, tend to 

demonstrate more sophisticated and efficient HR management practices. The hypothesis that has been proposed is 

designed to investigate these discrepancies and emphasize the potential advantages of integrating data-driven 

insights into HR management (Rigamonti et al., 2024). This will provide valuable insights into opportunities for 

development in a variety of sectors. 
 

2.1.2 Level of uses of Different types of HR Analytics  

The potential of HR analytics to drive strategic decision-making and optimize human resources practices has been 

increasingly recognized by organizations in India pertaining to its adoption. The incorporation of HR analytics has 

revolutionized the way in which companies approach workforce management, encompassing recruitment, 

http://www.jetir.org/


© 2022 JETIR August 2022, Volume 9, Issue 8                                                       www.jetir.org (ISSN-2349-5162) 

JETIR2208630 Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org g243 

 

performance evaluation, employee retention, and development (Álvarez-Gutiérrez et al., 2022). Nevertheless, the 

extent of adoption and the specific HR analytics tools that are employed can differ significantly among various 

sectors. Research shows that the adoption and application of HR analytics are influenced by sector-specific factors, 

including industry requirements, organizational scale, and technological infrastructure. For example, the technology 

and finance sectors may employ sophisticated predictive analytics to optimize talent management, while the 

manufacturing sector may priorities operational metrics. The objective of this hypothesis is to investigate and 

quantify the variances in HR analytics adoption practices across a variety of industry sectors, thereby offering a 

deeper understanding of sector-specific trends and the obstacles associated with utilizing HR analytics. 

 
 

H2a: There is a significant difference between types of HR analytics used across different sectors in India. 

 

In organizations, the adoption of HR analytics has become more critical for strategic decision-making, as it 

leverages data-driven insights to improve human resource management (Olufunke Olawale et al., 2024). Companies 

in India's diverse sectors acquire a competitive advantage by enhancing their overall organizational performance, 

employee engagement, and talent acquisition through the integration of HR analytics. The extent and sophistication 

of HR analytics use can differ substantially between sectors, driven by factors such as industry-specific 

requirements, technological preparedness, and organizational maturity, despite the pervasive adoption. This 

variation necessitates an assessment of the significance of these distinctions. Therefore, we propose the following 

hypothesis: 

 

H2b: There is a significant difference between level of HR analytics used across different sectors in India. 
 

2.1.3 Adoption of factors       

The factors that influence the incorporation of HR Analytics across various sectors in India must be analyzed when 

investigating its adoption. These factors typically encompass employee training, leadership support, technological 

preparedness, and organizational culture. These elements can vary substantially between sectors, which can affect 

the level and efficacy of HR Analytics adoption, as indicated by previous research(Fernandez & Gallardo-Gallardo, 

2021). A sector with a greater degree of technological infrastructure may experience a more seamless integration of 

HR Analytics than one with limited technological resources, for instance. Sectors that emphasize leadership support 

and employee development may exhibit more sophisticated adoption practices. As a result, it is suggested that:  

 

H3: There is a significant difference in various HR Analytics adoption factors across different sectors in India. 

 

This hypothesis aims to investigate the impact of sector-specific characteristics on the adoption and implementation 

of HR Analytics. It has the potential to provide valuable insights into sectoral distinctions and to guide targeted 

strategies for effective adoption. 

The extent and effectiveness of HR Analytics implementation are considerably influenced by a number of important 

factors when examining their adoption across various sectors in India. These factors consist of Performance 
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Expectancy, Social Influence, Organization Support, Tool Availability, and Effort Expectancy. Each is essential in 

determining the manner in which various sectors integrate HR Analytics into their operations (Irunna Ejibe et al., 

2024). 

1. Effort Expectancy: 

The term "Effort Expectancy" denotes the perceived simplicity or difficulty of implementing and utilizing HR 

Analytics tools (Beba & Saatcioglu, 2009). The perceived effort required can be a significant obstacle in sectors 

where the complexity of analytics tools is high or where there is a precipitous learning curve. For example, sectors 

with a more technical or specialized workforce may experience a more seamless transition as a result of their 

familiarity with data-driven tools. In contrast, sectors with lesser levels of technical proficiency may encounter 

obstacles, which may result in a delay in the adoption of new technologies. The necessity of customized training and 

support mechanisms to facilitate seamless transitions is underscored by the variation in Effort Expectancy across 

sectors.  

2. Tool Availability: 

Tool Availability is a term that refers to the accessibility and variety of HR Analytics tools that organizations can 

employ. The availability of advanced analytics solutions varies across various sectors, as it is influenced by factors 

such as technological infrastructure and budget constraints. For example, sectors such as finance and IT may have 

more access to advanced analytics tools as a result of their higher budgets and technological readiness. In contrast, 

sectors with restricted financial resources may encounter difficulties with outmoded or ineffective tools, which 

could hinder their capacity to completely capitalize on HR Analytics solutions. The significance of sector-specific 

solutions and investments in technology to resolve gaps is underscored by the disparity in Tool Availability(Mata et 

al., 2022).  

3. Organization Support:  

Organization Support is a measure of the degree to which the adoption and integration of HR Analytics are 

supported by the leadership and management of the organization. This support can be demonstrated through the 

cultivation of a culture that prioritizes data-driven decision-making, strategic prioritization, and resource allocation. 

The adoption of HR Analytics is more successful in sectors that have strong leadership and a proactive approach 

(Orusa-Ejo & Joy Amina, 2018). In contrast, sectors that lack management support may face resistance or 

insufficient implementation efforts. The diversity of Organization Support across sectors suggests that leadership 

commitment is essential for the successful implementation of HR Analytics.  

4. Social Influence:  

Social influence is the influence of external factors, including industry trends, peer practices, and professional 

networks, on an organization's decision to implement HR analytics. Higher adoption rates are frequently observed in 

sectors where HR Analytics is considered a standard practice or where there is significant industry pressure to 

employ such tools (Bag et al., 2021). For instance, industries that are significantly impacted by industry benchmarks 

or are subject to intense competition are more likely to incorporate HR Analytics in order to maintain their 
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competitive edge. The influence of Social Influence underscores the extent to which sector-specific trends and peer 

behaviour can influence adoption patterns.  

5. Performance Expectancy: 

Performance Expectancy pertains to the anticipated advantages and enhancements in performance that will arise 

from the implementation of HR Analytics. Organizations in sectors that perceive a significant potential for 

performance improvement from analytics are more inclined to invest in and employ these tools. For example, 

sectors that have a direct correlation between business outcomes and analytics, such as retail or manufacturing, may 

experience a greater level of enthusiasm for adoption. Conversely, sectors that fail to promptly acknowledge the 

advantages may demonstrate diminished adoption rates. It is imperative to comprehend Performance Expectancy in 

order to illustrate the tangible benefits of HR Analytics and promote sector-wide adoption.  

The effectiveness and pace of HR Analytics adoption across various sectors are significantly influenced by each of 

these factors (Srinivas et al., 2024). Organizations can more effectively navigate the complexities of implementing 

HR Analytics and achieve more effective outcomes by addressing the specific challenges and opportunities related 

to these factors. 

 

2.1.4 Employment Performance 

Recent research has highlighted the substantial potential of data-driven HR practices to boost organizational 

outcomes, emphasizing the role of HR analytics in enhancing employee performance. HR analytics involves the 

application of statistical methods and data analysis techniques to gain insights into employee 

performance(Performance et al., 2024). This approach enables organizations to systematically track and evaluate 

key metrics such as productivity, engagement, and retention. By leveraging these metrics, organizations can make 

more informed and strategic decisions that align with their overall business goals. For example, analyzing 

productivity data can help identify high-performing employees and areas needing improvement. Engagement 

metrics can reveal how motivated and committed employees are, while retention data helps understand employee 

turnover patterns. The benefits of employing HR analytics include the ability to design more targeted interventions 

that address specific issues, ultimately leading to better performance outcomes. Additionally, it facilitates more 

efficient allocation of resources by focusing efforts where they will have the most impact. Based on these insights, 

we propose the following hypothesis: 

  

H4: There is a significant correlation between HR Analytics adoption and employee performance across 

different sectors in India. 

 

The use of HR analytics positively correlates with improved organizational outcomes by enhancing employee 

performance through targeted interventions and optimized resource allocation. This hypothesis suggests that 

organizations utilizing HR analytics are more likely to achieve superior performance results due to their ability to 

make data-driven decisions that address the unique needs of their workforce(GOOD, 2015). 
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2.2 Adoption Factors for Analytics Tools Across Various Sectors 

Table- 1 Comparison table of Adoption Factors for Analytics Tools Across Various Sectors 

Factor IT Sector Financial Sector 
Manufacturing 

Sector 
Retail Sector Other Sectors  

Effort 

Expectancy 

Low 

complexity due 

to technical 

proficiency. 

Training may 

be required for 

new tools. 

Low complexity; 

often high 

technical skills. 

Training programs 

are common. 

High complexity; 

less technical 

expertise. Requires 

extensive training 

and support. 

Moderate 

complexity; 

varies by 

company size 

and tech 

adoption. 

Varies widely; 

often requires 

tailored training 

and support. 

Tool 

Availability 

High 

availability of 

advanced 

analytics tools. 

High availability; 

well-funded and 

technologically 

advanced. 

Limited availability 

due to budget 

constraints. 

Moderate 

availability; 

may have 

outdated or 

basic tools. 

Varies; often 

limited in 

smaller 

organizations or 

sectors with 

fewer resources. 

Organization 

Support 

Strong support 

from 

leadership; 

data-driven 

culture 

prevalent. 

Strong leadership 

support; data-

driven decision-

making is a norm. 

Less support; 

traditional practices 

dominate. 

Varies; some 

companies 

support 

analytics, 

others stick to 

conventional 

methods. 

Varies; sectors 

with less focus 

on data may 

struggle with 

support. 

Social Influence 

High influence 

from industry 

standards and 

peers. 

High influence; 

industry 

benchmarks push 

for analytics 

adoption. 

Low influence; 

industry norms still 

favor traditional 

practices. 

Moderate 

influence; 

pressure from 

competitors 

varies. 

Variable; 

influenced by 

industry trends 

and competitive 

pressures. 

Performance 

Expectancy 

High 

expectation of 

improved 

performance 

and 

competitive 

High expectation; 

significant impact 

on financial 

performance. 

Moderate 

expectation; 

potential for 

improvement 

recognized but not 

always realized. 

Moderate to 

low 

expectation; 

benefits are 

recognized but 

not always 

Varies; sectors 

with clear 

performance 

links see higher 

adoption. 
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advantage. acted upon. 

 

The analysis across various sectors reveals distinct patterns in how different factors influence the adoption of 

analytics tools.  

 

Effort Expectancy varies notably between sectors. The IT and Financial sectors experience low complexity due to 

high technical proficiency and established training programs. Conversely, the Manufacturing sector faces high 

complexity due to less technical expertise and the need for extensive training, while the Retail sector's complexity is 

moderate, dependent on company size and tech adoption. Sectors like Healthcare and Education exhibit a wide 

range of effort expectancy, often necessitating tailored training and support due to varied resource availability. Tool 

Availability is highest in the IT and Financial sectors, where advanced analytics tools are widely accessible 

(Manyika et al., 2011). The Manufacturing sector, constrained by budget limits, has less access to advanced tools, 

while the Retail sector's tool availability is moderate and can include outdated or basic tools. For other sectors, tool 

availability varies significantly, often limited in smaller organizations or those with fewer resources. Organization 

Support shows a strong trend in the IT and Financial sectors, where leadership support and a data-driven culture are 

prevalent. In contrast, the Manufacturing sector exhibits less support due to traditional practices, and the Retail 

sector's support varies by company, with some embracing analytics and others adhering to conventional methods. 

Support in other sectors also varies, often reflecting a lower focus on data-driven practices. 

Social Influence impacts analytics adoption differently across sectors. The IT and Financial sectors are heavily 

influenced by industry standards and peer practices, driving high adoption rates. The Manufacturing sector 

experiences low influence due to a reliance on traditional practices, while the Retail sector sees moderate influence 

based on competitive pressures. Other sectors are influenced by industry trends and competitive pressures, which 

can vary significantly. Performance Expectancy is highest in the IT and Financial sectors, where the expected 

improvement in performance and competitive advantage drives analytics adoption (Bag et al., 2020). The 

Manufacturing sector recognizes the potential for improvement but realizes it less consistently. The Retail sector’s 

expectations are moderate to low, with benefits acknowledged but not always acted upon. Other sectors show varied 

performance expectations, with adoption rates influenced by clear links between performance and analytics. 

Overall, the adoption of analytics tools across sectors is influenced by factors such as technical complexity, tool 

availability, organizational support, social influence, and expected performance improvements. The IT and 

Financial sectors generally show stronger adoption patterns due to favorable conditions in these areas, while 

Manufacturing and Retail sectors exhibit more variability based on their unique challenges and resource constraints. 
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3. METHODOLOGY 

The application and effectiveness of HR analytics in India's various industries are the focus of this investigation. HR 

specialists who are presently employed in significant enterprises across various industry sectors comprise the target 

population. In this study, large enterprises are defined as those with a workforce of 50 or more, which is indicative 

of their ability to implement comprehensive HR analytics systems. A total of 424 HR professionals were surveyed 

in order to acquire a representative sample. These professionals were distributed across five major sectors: IT, 

Financial Service, Manufacturing, Retail, and Others. The proportion of HR personnel in each sector was used to 

determine the sample size, as illustrated in Table 1. In particular, the sample comprised 187 professionals from the 

IT sector, 66 professionals from financial services, 67 professionals from manufacturing, 80 professionals from 

retail, and 24 professionals from other sectors. 

Table-2 Total Sample Details 

  Sector N 

Type of analytics 

IT 187 

Financial Service 66 

Manufacturing 67 

Retail 80 

Others 24 

Total 424 

 

The application and effectiveness of HR analytics in India's various industries are the focus of this investigation. HR 

specialists who are presently employed in significant enterprises across various industry sectors comprise the target 

population. In this study, large enterprises are defined as those with a workforce of 50 or more, which is indicative 

of their ability to implement comprehensive HR analytics systems. A total of 424 HR professionals were surveyed 

in order to acquire a representative sample(Kehoe & Wright, 2013). These professionals were distributed across five 

major sectors: IT, Financial Service, Manufacturing, Retail, and Others. The proportion of HR personnel in each 

sector was used to determine the sample size, as illustrated in Table 1. In particular, the sample comprised 187 

professionals from the IT sector, 66 professionals from financial services, 67 professionals from manufacturing, 80 

professionals from retail, and 24 professionals from other sectors. 
 

Table-3 Reliability Statistics 

Factor Cronbach's Alpha 

Extent of Uses 0.943 

Level of uses of Different types of HR Analytics 0.815 

Adoption Factor 0.946 

Employment Performance 0.930 
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The data that was collected was analyzed using descriptive and inferential statistical methodologies. Descriptive 

statistics offered a comprehensive understanding of the distribution and characteristics of HR analytics practices in 

various sectors. Furthermore, regression analysis and correlation analysis were implemented to investigate the 

relationships between various variables and their influence on the implementation of HR analytics. The research's 

validity was further substantiated by consulting with subject matter experts and devising the questionnaire in 

accordance with established literature. This method guaranteed that the survey instrument accurately measured the 

intended constructs and generated reliable and valid data to support the study's objectives. 

 

4. DATA ANALYSIS AND RESULTS 
 

4.1 Descriptive statistics 

The utilization and efficacy of HR analytics across various functions are illuminated by the descriptive statistics for 

a variety of HR processes. HR processes, including recruitment (1.82), training (1.78), and engagement (1.69), 

exhibit relatively lesser levels of utilization or efficacy, as indicated by their mean scores. Moderate variability in 

responses is indicated by the standard deviations, with training and engagement exhibiting greater variability (1.036 

and 1.079, respectively). This indicates that respondents have varying perceptions and experiences with respect to 

these HR processes. Various categories of analytics have varying mean scores: descriptive analytics (2.68) and 

prescriptive analytics (2.68) have comparable scores, while predictive analytics (2.82) has a slightly higher mean 

score, suggesting a greater perceived utility or application. Significant variability is reflected in the standard 

deviations of these categories, which underscores the disparities in respondents' perceptions and utilization of these 

analytics types. In terms of HR analytics adoption factors, the means for factors such as simplicity of use (2.99), 

solutions provided (2.99), and resolution capabilities (2.95) indicate a moderate opinion of these aspects. The norms 

of interest (3.36), learning (3.04), and performance (3.14) are higher, suggesting that these are viewed more 

favorably. Conversely, factors such as value (2.51) and permission (2.54) are perceived as less favorable, which 

indicates potential areas of resistance or concern in the adoption process. Quality (3.67), proficiency (3.75), and 

efficiency (3.91) are the best-performing employee performance (EP) indicators, with a significantly higher mean 

score. This implies that those aspects of employee performance are perceived to be positively influenced by the 

adoption of HR analytics. Overall, the descriptive statistics indicate that there is a varied perception of HR analytics 

in terms of processes, categories, and adoption factors. Positive engagement and perceived benefits are evident in 

certain regions, while others emphasize the challenges and variability in implementation and acceptance. These 

observations are essential for comprehending the present state of HR analytics utilization and finding opportunities 

for enhancement. 
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4.2 Hypotheses Testing 

The research hypotheses are tested in this study using correlation analysis.  

 

 4.2.1 Correlation analysis 

Correlation is a measure of degree of relationship between the factors. It indicates how changes in one variable are 

related to changes in another variable. It ranges from -1 to +1. 

Below table 4, provides the correlation between 2 extracted factors: HR Analytics Usage and HR Processes and 

between the residual variables. 
 

Table- 4  Correlations: (Group number 1 - Default model) 

      Estimate 

HR Processes <--> HR Analytics Usage 0.665 

Training Programs <--> Succession Planning -0.293 

Attrition Rates <--> Succession Planning -0.227 

Recruitment Efficiency <--> Attrition Rates 0.249 

Talent Development <--> Recruitment Efficiency -0.046 

Talent Development <--> Training Programs 0.065 

Performance Management <--> Recruitment Efficiency -0.022 

Predictive Analytics <--> Recruitment Efficiency 0.01 

Predictive Analytics <--> Performance Management 0.215 

Employee Engagement <--> Training Programs -0.085 

Employee Engagement <--> Attrition Rates -0.083 

Employee Engagement <--> Recruitment Efficiency 0.237 

Employee Engagement <--> Performance Management 0.216 

Employee Engagement <--> Predictive Analytics 0.223 

Talent Development <--> Succession Planning -0.19 

 

Interpretation: 

The data indicates various types of correlations between the utilization of HR analytics and critical HR metrics. 

According to the 0.665 positive correlation between Employee Retention Rates and HR Analytics Usage, there is a 

strong correlation between the increased use of HR analytics and higher employee retention. This suggests that 

organizations that effectively utilize HR analytics are more likely to retain their employees. In contrast, a negative 

correlation of -0.293 exists between Training Programs and Succession Planning, suggesting that less emphasis on 

succession planning is associated with the implementation of more training programs, or vice versa. In the same 

vein, the correlation between Attrition Rates and Succession Planning is -0.227, indicating a weak negative 
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relationship. This relationship is characterized by a slight association between higher attrition rates and less 

effective succession planning. The correlation between Recruitment Efficiency and Attrition Rates is 0.249, 

indicating a moderate positive relationship. This suggests that enhanced recruitment efficiency may be associated 

with lower attrition. Nevertheless, Talent Development exhibits modest correlations with other factors, such as -

0.046 with Recruitment Efficiency and 0.065 with Training Programs, indicating a minimal impact on these metrics. 

In general, certain factors, such as Employee Engagement, exhibit stronger correlations with HR metrics, whereas 

others, such as Talent Development, exhibit weaker associations. This suggests that HR practices require targeted 

strategies. 
 

Below table 5, provides the correlation between 5 extracted factors: Effort expectancy, Tool availability, 

Organization support, Social influence and Performance expectancy. 

Table- 5 Correlations: (Group number 1 - Default model) 

      Estimate 

Effort_Expectancy <--> Tool_Availability 0.357 

Effort_Expectancy <--> Organization_Support 0.515 

Effort_Expectancy <--> Social_Influence 0.451 

Perfromance_Expectancy <--> Effort_Expectancy 0.492 

Tool_Availability <--> Organization_Support 0.523 

Tool_Availability <--> Social_Influence 0.623 

Perfromance_Expectancy <--> Tool_Availability 0.332 

Organization_Support <--> Social_Influence 0.428 

Perfromance_Expectancy <--> Organization_Support 0.559 

Perfromance_Expectancy <--> Social_Influence 0.28 

 

Interpretation: 

The correlation table reveals favorable relationships between the latent variables. The correlation between Effort 

Expectancy and Organization Support is moderate (0.515), while the correlation with Social Influence is moderate 

(0.451) and with Tool Availability is moderate (0.357). Performance Expectancy exhibits significant positive 

relationship with Effort Expectancy (0.492) and Organization Support (0.559), and moderate positive relationship 

with Tool Availability (0.332) and Social Influence (0.280). The tool availability is highly correlated with the 

organization support (0.523) and the influence of social factors (0.623). The connection between Organization 

Support and Social Influence is modest, with a value of 0.428.  
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Table- 6 Correlation between Employment performance and Adoption Factor for different sectors. 

Correlations 

Sector 
Effort_Exp

ectancy 

Tool_Avai

lability 

Organization

_Support 

Social_Inf

luence 

Perfromance_E

xpectancy 

IT 

Employee_

Performanc

e 

Pearson 

Correlation 
-0.009 .343** -0.013 .273** .527** 

Sig. (2-tailed) 0.901 0 0.864 0 0 

N 187 187 187 187 187 

Financial 

Employee_

Performanc

e 

Pearson 

Correlation 
-.453** .465** -0.196 .551** .539** 

Sig. (2-tailed) 0 0 0.115 0 0 

N 66 66 66 66 66 

Manufac

turing 

Employee_

Performanc

e 

Pearson 

Correlation 
0.092 .370** 0.026 .346** .601** 

Sig. (2-tailed) 0.457 0.002 0.836 0.004 0 

N 67 67 67 67 67 

Retail 

Employee_

Performanc

e 

Pearson 

Correlation 
-0.137 .561** -0.145 .511** .721** 

Sig. (2-tailed) 0.227 0 0.198 0 0 

N 80 80 80 80 80 

Others 

Employee_

Performanc

e 

Pearson 

Correlation 
-0.086 0.34 0.135 0.088 .664** 

Sig. (2-tailed) 0.691 0.105 0.53 0.683 0 

N 24 24 24 24 24 

 

Interpretation: 

The correlation table shows the sector-wise relationship of the Employee performance with the five factors of 

adoption. For IT sector, Employee performance has positive correlation with the Tool availability, Social influence 

and Performance expectancy. Whereas, there is no correlation of Employee performance with Effort expectancy and 

Organization support. 

For Financial services, Employee performance has negative correlation with Effort expectancy and positive 

correlation with the Tool availability, Social influence and Performance expectancy. Whereas, there is no 

correlation of Employee performance with Organization support.  
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For Manufacturing and Retail sector, Employee performance has positive correlation with the Tool availability, 

Social influence and Performance expectancy. Whereas, there is no correlation of Employee performance with 

Effort expectancy and Organization support.  

For other sector, Employee performance has positive correlation with the Performance expectancy. Whereas, there 

is no correlation of Employee performance with Effort expectancy, Tool availability, Social influence and 

Organization support. 
 

Squared Multiple Correlations:  

The squared multiple correlation measures the proportion of variability in an observed variable explained by their 

factors.  

Below table 7, gives the estimated values of 4 observed variables. 

Table- 7 Squared Multiple Correlations: (Group number 1 - Default model) 

      Estimate 

Predictive Analytics 
 

  0.414 

Prescriptive Analytics 
 

  0.465 

Descriptive Analytics 
 

  0.478 

Diagnostic Analytics     0.648 

 

Interpretation:  

From the square multiple correlation table, we can infer that the estimated values for all the factors are high, 

indicating that the variability in the level of uses is very well explained by these factors. 
 

4.2.2 Regression analysis 

The regression coefficient represents the magnitude and direction of the association between the predictor 

(independent) variable and the outcome (dependent) variable. 

Below table 8, provides the relationship between factors (HR Analytics Usage and HR Processes) and the observed 

variables- Succession, Recruitment, Engagement, Training, Retention, Compensation, Appraisal, Wellbeing and 

Absenteeism. 
 

Table- 8 Regression Weights: (Group number 1 - Default model) 

      Estimate S.E. C.R. P Label 

U_Succession <--- HR Analytics Usage  1 
   

  

U_Recruitment <--- HR Analytics Usage  0.915 0.045 20.546 *** par_1 

U_Engagement <--- HR Analytics Usage  1.041 0.048 21.725 *** par_2 

U_Training <--- HR Analytics Usage  0.99 0.056 17.602 *** par_3 

U_Retention <--- HR Analytics Usage  0.921 0.047 19.537 *** par_4 

U_Compensation <--- HR Analytics Usage  0.896 0.052 17.396 *** par_5 
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U_Appraisal <--- HR Analytics Usage  0.916 0.055 16.783 *** par_6 

U_Well_being <--- HR Analytics Usage  0.937 0.058 16.162 *** par_7 

U_Absenteeism <--- HR Processes 1.006 0.069 14.622 *** par_8 

 

Interpretation:  

The table indicates that all the connections (paths) outlined in the SEM model between the latent variables (HR 

Analytics Usage and HR Processes) and the observed variables (Succession, Recruitment, Engagement, Training, 

Retention, Compensation, Appraisal, Wellbeing, and Absenteeism) are statistically significant. All of the critical 

ratios (C.R.s) exceed the threshold of 1.96, and the p-values are denoted as "***", indicating a high level of 

statistical significance for each path. For Succession, the estimated value is 1.000 which shows a positive 

relationship between Succession and HR Analytics Usage. The estimated value for Recruitment is 0.915 which 

shows a positive relationship between Recruitment and HR Analytics Usage. The estimated value for Engagement is 

1.041 which shows a positive relationship between Engagement and HR Analytics Usage. The estimated value for 

Training is 0.990 which shows a positive relationship between Training and HR Analytics Usage. The estimated 

value for Retention is 0.921 which shows a positive relationship between Retention and HR Analytics Usage. The 

estimated value for Compensation is 0.896 which shows a positive relationship between compensation and HR 

Analytics Usage. The estimated value for Appraisal is 0.916 which shows a positive relationship between Appraisal 

and HR Analytics Usage. The estimated value for Wellbeing is 0.915 which shows a positive relationship between 

Wellbeing and HR Analytics Usage. The estimated value for Absenteeism is 0.915 which shows a positive 

relationship between Absenteeism and HR Processes. Overall, HR Analytics Usage has positive relationship with 

Succession, Recruitment, Engagement, Training, Retention, Compensation, Appraisal and Wellbeing. HR Processes 

has positive relationship with Absenteeism. 

 

HR Analytics Usage 

Succession 

Recruitment 

Engagement 

Training 

Retention 

Compensation 

Appraisal 

Well being 

1 

0.915 

1.041 

0.99 

0.921 

0.896 

0.916 

0.9

37 
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Figure 3 Conceptual Model: HR Analytics Usage and Their Impact on Employee Performance 

The conceptual model is shown in Figure 3, which demonstrates the relationship between HR Analytics usage, HR 

processes, and their influence on observed variables. 
 

Below table 9, give details of association of level of uses with different types of HR analytics. 

Table 9: Regression Weights: (Group number 1 - Default model) 

      Estimate S.E. C.R. P Label 

T_Diagnostic <--- Level_Use 1 
   

  

T_Descriptive <--- Level_Use 0.878 0.074 11.908 *** par_1 

T_Prescriptive <--- Level_Use 0.871 0.077 11.314 *** par_2 

T_Predictive <--- Level_Use 0.826 0.077 10.74 *** par_3 

 

Interpretation: 

The table indicates that all the connections (paths) outlined in the SEM model between the latent variable Level of 

Uses and the observable variables (Diagnostic, Descriptive, Prescriptive, Predictive) are statistically significant. All 

of the critical ratios (C.R.s) exceed the threshold of 1.96, and the p-values are denoted as "***", indicating a high 

level of statistical significance for each path. 

The estimated value for Diagnostic HR analytics is 1.000 which shows that there is significant positive relationship 

between level of uses and Diagnostics HR analytics. The estimated value for Descriptive HR analytics is 0.878 with 

p-value less than 0.05 which shows that there is significant positive relationship between level of uses and 

Descriptive HR analytics. The estimated value for Prescriptive HR analytics is 0.871 with p-value less than 0.05 

which shows that there is significant positive relationship between level of uses and Prescriptive HR analytics. The 

estimated value for Predictive HR analytics is 0.826 with p-value less than 0.05 which shows that there is significant 

positive relationship between level of uses and Predictive HR analytics. 

 

Below table 10, provides the details of association of factors Effort expectancy, Tool availability, Organization 

support, Social influence and Performance expectancy with the various adoption factors. 

 

Figure 4 Conceptual Framework for HR Analytics Utilization: Types and Levels of Application 
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This framework explores the varying levels of HR analytics use, categorizing applications by type and impact on 

organizational decision-making. 

Table 10: Regression Weights: (Group number 1 - Default model) 

      Estimate S.E. C.R. P Label 

AF_Enjoyment <--- Effort_Expectancy 1 
   

  

AF_Skillfulness <--- Effort_Expectancy 0.95 0.034 27.571 *** par_1 

AF_Preference <--- Effort_Expectancy 0.988 0.028 35.017 *** par_2 

AF_Solutions <--- Effort_Expectancy 0.919 0.035 26.258 *** par_3 

AF_Learning <--- Effort_Expectancy 0.929 0.035 26.498 *** par_4 

AF_Resolution <--- Effort_Expectancy 0.951 0.037 25.602 *** par_5 

AF_Interest <--- Effort_Expectancy 0.78 0.039 19.935 *** par_6 

AF_Ease <--- Effort_Expectancy 0.761 0.036 21.198 *** par_7 

AF_Permission <--- Tool_Availability 1 
   

  

AF_Availability <--- Tool_Availability 1.094 0.049 22.366 *** par_8 

AF_Trial <--- Tool_Availability 1.122 0.046 24.309 *** par_9 

AF_Data <--- Tool_Availability 0.948 0.054 17.484 *** par_10 

AF_Collection <--- Tool_Availability 1.05 0.061 17.114 *** par_11 

AF_Leadership <--- Organization_Support 1 
   

  

AF_Support <--- Organization_Support 1.056 0.035 29.748 *** par_12 

AF_Investment <--- Organization_Support 0.936 0.037 25.553 *** par_13 

AF_Influence <--- Social_Influence 1 
   

  

AF_Importance <--- Social_Influence 0.977 0.036 26.872 *** par_14 

AF_Efficiency <--- Perfromance_Expectancy 1 
   

  

AF_Effectiveness <--- Perfromance_Expectancy 0.898 0.027 33.346 *** par_15 

AF_Performance <--- Perfromance_Expectancy 0.88 0.026 33.741 *** par_16 

 

Interpretation: 

The table indicates that all designated connections (paths) between the latent variables and their observable 

variables in the SEM model are statistically significant. The critical ratios (C.R.s) exceed the threshold of 1.96, and 

the p-values are denoted as "***", indicating significant statistical significance for each path. Consequently, the 

hidden variables (Effort Expectancy, Tool Availability, Organization Support, Social Influence, Performance 

Expectancy) exert a noteworthy positive influence on their corresponding observable variables. 
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Figure 5: Conceptual Framework for Adoption of HR Analytics in Organizations 

This framework illustrates key factors influencing HR analytics adoption, including technological readiness, 

organizational culture, and data management practices. 

 

Table 11: Regression Weights: (Group number 1 - Default model) 

      Estimate S.E. C.R. P Label 

Employe_Performance <--- Effort_Expectancy 0.198 0.06 3.304 *** par_56 

Employe_Performance <--- Tool_Availability -0.287 0.061 -4.739 *** par_57 

Employe_Performance <--- Organization_Support 0.285 0.068 4.225 *** par_58 

Employe_Performance <--- Social_Influence -0.219 0.05 -4.39 *** par_59 

Employe_Performance <--- 
Perfromance_Expectanc

y 
0.503 0.06 8.376 *** par_60 

 

Interpretation: 

The structural equation modelling (SEM) regression table indicates that Effort Expectancy (Estimate = 0.198, P < 

0.001) and Organization Support (Estimate = 0.285, P < 0.001) have a positive impact on Employee Performance. 

This suggests that higher levels of effort expectation and robust organizational support lead to improved Employee 
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performance. The variable Performance Expectancy exhibits a positive impact (Estimate = 0.503, P < 0.001), 

indicating that having higher expectations of performance greatly enhances Employee performance. On the other 

hand, Tool Availability (Estimate = -0.287, P < 0.001) and Social Influence (Estimate = -0.219, P < 0.001) have a 

negative impact on Employee Performance. This means that having more tools available and experiencing higher 

social influence are linked to lower performance. All of these associations have statistical significance. 

 

Figure 6: Conceptual Framework of HR Analytics Adoption and Its Impact on Employee Performance 

Figure 6 illustrates the conceptual framework linking HR analytics adoption to employee performance. It explores 

how the implementation of HR analytics tools influences various performance metrics, enabling data-driven 

decisions and enhancing overall employee effectiveness. 

5. CONCLUSION AND RECOMMENDATIONS 

The analysis of HR analytics utilization across various sectors in India highlights significant insights into the factors 

influencing its adoption and effectiveness. The study reveals distinct patterns in how different sectors interact with 

HR analytics, shaped by variables such as Effort Expectancy, Tool Availability, Organization Support, Social 

Influence, and Performance Expectancy. In the IT and Financial sectors, analytics tools are most effectively 
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integrated due to low Effort Expectancy and high Tool Availability. These sectors benefit from strong 

organizational support and are highly influenced by industry standards and peer practices, leading to high adoption 

rates. Conversely, the Manufacturing sector faces challenges due to higher Effort Expectancy and limited Tool 

Availability. This sector's traditional practices and resource constraints hinder the adoption and effective use of 

analytics. The Retail sector shows moderate adoption influenced by company size and tech adoption, with variable 

support and tool availability. Descriptive statistics indicate that while HR analytics tools are available, their 

utilization and perceived efficacy vary. Recruitment, training, and engagement processes are less utilized, with a 

moderate application of descriptive, prescriptive, and predictive analytics. Employee performance indicators, such 

as quality and efficiency, are positively influenced by HR analytics, suggesting that while some areas show benefits, 

others need improvement. Correlation analysis underscores the complexity of relationships between HR analytics 

and performance metrics. For example, a strong positive correlation exists between Employee Retention Rates and 

HR Analytics Usage, suggesting that effective analytics usage enhances retention. Conversely, training programs 

show a negative correlation with succession planning, indicating potential inefficiencies or misalignments in 

training strategies. Regression analysis further emphasizes that while HR analytics positively impacts several HR 

processes, including succession, recruitment, and engagement, it does not uniformly influence all areas. For 

instance, Employee Performance shows a positive relationship with Effort Expectancy and Organizational Support 

but a negative relationship with Tool Availability and Social Influence. 

 

Recommendations  

Following recommendations are being made basis the findings 

 Tailored Training and Support: Given the varied Effort Expectancy across sectors, organizations should 

implement tailored training programs to address specific sector needs. For sectors like Manufacturing, which 

face higher complexity, extensive training and support are essential. 

 Enhance Tool Availability: To improve adoption, especially in resource-constrained sectors like Manufacturing, 

efforts should be made to enhance the availability of advanced analytics tools. This could involve cost-effective 

solutions or phased tool upgrades. 

 Strengthen Organizational Support: For better analytics integration, it is crucial to foster a supportive 

organizational culture. Leadership should champion data-driven practices and provide the necessary resources to 

facilitate the use of analytics. 

 Leverage Performance Expectancy: Organizations should emphasize the expected benefits of HR analytics to 

encourage adoption. Demonstrating clear links between analytics use and performance improvements can drive 

higher engagement and utilization. 

 Address Social Influence: While social influence currently has a negative impact on performance, understanding 

its role and managing peer expectations can help align analytics practices with industry standards and enhance 

overall effectiveness. 
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Limitation of the Study 

Several limitations are present in the sector-specific study on HR Analytics in India. To begin with, the 

comprehensiveness and accuracy of the analysis may be affected by the variation in data quality and availability 

across sectors. A few sectors may have HR data that is inconsistent or limited, which could result in biases or gaps. 

Second, comparative results may be distorted by variations in HR practices and analytics maturity levels across 

sectors, which can make it difficult to generalize the results. In addition, the study may be limited by the diversity of 

industries, as each sector has its own set of challenges and requirements that may not be completely addressed. 

Furthermore, the findings may become obsolete soon due to the constantly changing nature of HR technology and 

analytics. And finally, the profundity of insights and the overall scope of the study could be restricted by 

organizational confidentiality and a reluctance to disclose sensitive HR data. 

 

Future Research 

Future research on HR Analytics in India could concentrate on a number of critical areas in order to increase the 

field's influence. First and foremost, the investigation of the integration of AI and machine learning in predictive 

analytics for talent management and employee performance can provide more precise forecasting and deeper 

insights. A study of the efficacy of sector-specific HR analytics tools across industries could identify areas for 

improvement and best practices. Furthermore, the examination of the influence of HR analytics on employee 

satisfaction and retention rates in a variety of industries would yield valuable information for the further 

development of strategies. Another critical area is the role of HR analytics in promoting diversity and inclusion, 

which involves the examination of how data-driven insights can be used to support equitable practices. In 

conclusion, a more thorough comprehension of the viability and adaptability of HR analytics in small and medium 

enterprises (SMEs) could be achieved by assessing the challenges and opportunities associated with its 

implementation. All of these channels will assist in the customization of HR analytics to the dynamic and diverse 

job market of India. 
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