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Abstract: 

Deep learning technologies have been very beneficial to artificial intelligence in the last few years, especially 
in the fields of object recognition  ,pattern recognition, and image processing .Currently presented artificial 

neural networks and optimization strategies have been effectively used to develop large-scale deep learning 

neural networks with better performance and wider network widths. Network design, training methods, and 

training data sets are only a few examples of the components that are assisting in enhancing network 

performance as a result of the current techniques for deep learning. In the domains of detecting objects and 

picture segmentation, this study provides a comprehensive examination of different popular networks along 

with an overview and comparison with current deep learning models. Most of the algorithms cited in the 

current research are well-established and effectively used in both academia and industry  .In addition to the 

developments in deep learning techniques and algorithms, the production of huge data sets and the tools 

needed to enable them have also been studied and shown recently. Image categorization is a classic problem 

in the fields of computer vision, machine learning  ,and image processing. The process of classifying 

photographs is complex and dependent on multiple elements. In this work, we study photo classification 

using deep learning .Computer vision research, picture classification methods, and deep neural networks are 

discussed. This article describes the construction of a convolutional neural network (CNN) including its 

various designs. 

 

Keywords: Computer Vision, Deep Learning ,Image classification, object  detection, 

convolutional neural network. 

1.Introduction: 

A large image database with 12 subtrees, 5247 synsets, and 3.2 million total photos is provided by the Image 
Net project [2-8].This storage would grow after it was made public. Over a million of the photos have an 

annotation describing the object in the picture and a clear category tag; when errors are found, the tags and 

annotations are updated or fixed.[15-24] 

Because of its massive data volume and extensive labeling, Image Net has almost become the industry 

standard for image processing in deep learning, particularly computer vision. 

The ILSVRC is a competition for recognition. The most impressive achievement at first glance is   the 

work done in 2012 by Krizhevsky et al. [26-32]. They offer a very practical and effective network 

architecture that has a significant impact on additional research. In honor of Yann LeCun, who created the 
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LeNet5network,theresearchers named this network AlexNet [34]. They provide a number of efficient 

optimization techniques, such as Dropout, ReLU (Rectified Linear Unit), and LRN (Local Response 

Normalization).Other follow-up networks, such as Res Net[35-37], Goo Le Net [38-42], were proposed as a 

foundation for the Alex Net. They expand the range and profundity of the 

 

The ILSVRC is a competition for recognition. The most impressive achievement at first glance is the work 
done in 2012 by Krizhevsky et al. [42-50]. They offer a very practical and effective network architecture that 

has a significant impact on additional research. In honor of Yann LeCun, who created the LeNet 5 network, 

the researchers named this network .[51-54] 

 

2.Literature Survey: 

[1-5] In the Journal of Pattern Recognition and Artificial Intelligence ,Abhinav and Agrawal(2019) offer a 

thorough analysis of deep learning methods for image recognition. They discuss some deep learning models, 

showing how they have developed over time. This survey is a great resource for learning about the state-of-

the-art in image recognition since it provides a thorough review of various architectures and their uses. The 

paper's extensives cope and depth of technical information may be too much for novice readers to handle. 

[6-9] Deep learning methods for object detection are reviewed by Chen and Gupta (2020) in the                

Journal of Visual Communication and Image Representation. They talk about advancements and difficulties 

in this area, emphasizing techniques such as R-CNN, YOLO, and SSD. The review is comprehensive, 

including both theoretical and practical applications, which is beneficial. This  aids in comprehending the 

advantages and disadvantages of different strategies. Since the area is developing so swiftly, several of the 

reviewed methods might not last long. 

[10-14] In their paper on an Xiv ,Simonyan and Zisserman(2014)describe very deep convolutional networks 

for large-scale image recognition. The design of deep networks has been greatly impacted by their work on 

VGG networks .The VGG model has been a benchmark in the area because to its simplicity and efficiency, 

which has helped to develop image recognition in a number of ways. A drawback for real-world applications 

may be the deep architecture's hide memory and computational expenses. 

 

 [15-19] Rich feature hierarchies precise object detection and semantic segmentation are presented        by 

Girshick et al. (2014) in the IEEE Conference on Computer Vision and Pattern Recognition Proceedings. 

They suggest using the R-CNN approach, which blends CNNs with region suggestions. R-CNN uses deep 

learning to extract features, which dramatically increases the accuracy of object detection. Because each 

region proposal must be processed independently ,the method is sluggish and computationally expensive. 

 [20-25] Faster R-CNN, a technique for real-time object detection with region proposal networks, is 

introduced by Ren et al. (2015) in Advances in Neural Information Processing Systems. By combining object 

detection with the region proposal network, this technique increases accuracy and speed .FasterR-

CNNperformsalmostinrealtimewhilepreservingahighlevelofdetection precision. Even with these 

advancements, the model can still be difficult to apply in real-time and demands a lot of processing power. 

 

[26-31] You Only Look Once (YOLO), a unified, real-time object detection system, is proposed by Redmon 
et al. and published in the IEEE Conference on Computer Vision and Pattern Recognition Proceedings. 

Object detection is reformulated as a single regression problem by YOLO. YOLO can detect objects in real 

time and is incredibly quick and efficient. The model can have trouble picking up on minute. 
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[32-35] Mask R-CNN, an instance segmentation extension of Faster R-CNN, is introduced by He et al. 

(2017intheProceedingsoftheIEEEInternationalConferenceonComputerVision.Inorder to forecast 

segmentation masks on each Region of Interest (RoI), Mask R-CNN adds a branch. 

The technique can handle both object identification and segmentation at the same time and has very good 

segmentation accuracy for instances. Mask R-CNN is a computationally demanding model that needs a lot 

of resources to train and infer. 

[36-39] Segnetis a deep convolutional encoder-decoder architecture intended for image segmentation as 

presented by Badrinarayanan et al. Because of its encoder-decoder architecture, which aids in maintaining 

boundary information vital for segmentation activities, Segnet has an efficient memory consumption policy. 

Compared to previous segmentation models, it also offers a more plain and easy-to-understand approach: 

[40] Deep Lab ,which uses fully connected Conditional Random Fields(CRFs)and atrous convolution for 

semantic picture segmentation, is presented by Chen et al. Dense feature extraction is made possible by 

atrous convolution, which lowers processing costs, while CRFs enhancing segmentation accuracy by 

sharpening borders. Deep Lab models have demonstrated outstanding results on multiple segmentation 

benchmarks. The model may become computationally demanding due to the usage of CRFs and atrous 

convolution, requiring a large investment of resources for both training and inference. 

[42-43] In order to improve the efficacy of atrous convolution for semantic image segmentation, Chenet al. 

,investigate its use. The method enhances feature extraction on several dimensions, enabling more precise 

segmentation outcomes and improved context aggregation: Atrous convolution rate implementation and 

tuning can be challenging, requiring careful selection to strike a compromise between computational 

efficiency and performance. 

[44-45] In order to distinguish between distinct instances inside an image, Dai et al. suggest instance-

sensitive fully convolutional networks (FCNs) for instance segmentation. technique 

enhancesthequalityofinstancesegmentationbydirectlyintegratinginstancesensitivityintothe network. Scenes 

with a high object density may be difficult for it to identify between instances because of the increased 

computational demands. 

3.Proposed Methodology: 

 
The architecture of the system will be described in the suggested approach, with special attention to the deep 

learning methods that will be applied for object and picture detection. It will go over how to choose 

appropriate deep learning models, including recurrent neural networks (RNNs) or convolutional neural 

networks(CNNs),as well as cutting-edge methods, like YOLO or Faster  

R- CNN. In order to ensure an original approach, the technique will also cover the preprocessing, model 

evaluation, and training data-gathering strategies, as shown in Figure 1. System Setup :This section will 

outline the suggested system's step-by-step implementation procedure. It will go over the needed hardware 

and software, as well as the libraries and programming languages. There will be thorough descriptions of the 

steps involved in data preprocessing, model training, and fine-tuning, emphasizing any adjustments or 

customizations done. 
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4.Algorithm: 

 

                                              Fig: Image classification  figure 

 

 

1. Initialize: Initialize CNN model FFF with random weights. 
2. Split Data: Divide dataset DDD into training set D train D_{train}D train and validation set D val 

D_{val}D val. 

3. Training Loop: For each epoch ttt  from 1to TTT: 

4. a. Shuffle: Randomly shuffle D train D_{train}D train. 

5. b. Mini-Batch Loop: For each mini-batch B⊂D train B \subset D_{train}B⊂D train: 

6. i. Extract: Extract images XXX and labels yyy from BBB. 

7. ii. Forward Pass: Compute predictions y^=F(X)\hat{y}= F(X)y^=F(X). 
8. iii .Compute Loss: Calculate loss L=Loss(y,y^)L = \text{Loss}(y,\hat{y})L=Loss(y,y^). 

9.          iv. Update Weights: Perform back propagation and update weights using the        

optimizer. 

10. Validate: Evaluate model on D val D_{val} D val and save the trained mode l FFF epochs. 
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                                                                    Fig: procedure of image classification 

Initialize: First, initial random weights are assigned to the CNN model FFF. By establishing the model's 
architecture and initializing its parameters, this stage gets the model ready for training. Split Data: The 

DDD dataset is separated into two subsets: D val D_{val}Dval, which is the validation set, and D train 

D_{train}D train, which is the training set. The model is trained on the training set and its performance is 

assessed on the validation set .Training Loop: A set number 
 

of TTT epochs are iterated through during the training process. One complete run through the training 
dataset is represented by each epoch. Shuffle: To guarantee that the mini-batches are randomly sampled and 

aid in improved generalization ,the training dataset D train D_{train}D train is shuffled at the start of each 

epoch .Mini-Batch Loop :Smaller mini-batches BBB are created from the training dataset. 
 

 

5.Results&Discussion: 
 

Deep learning methods have shown impressive results for both image recognition and classification on a 

range of criteria. On benchmark datasets like ImageNet, models like VGG16, Res Net, and InceptionV3 have 

demonstrated their capacity to reliably recognize and categorize a wide range of images with high accuracy 

rates that frequently above 90%. Additionally, these models consistently exhibit excellent recall and precision 

values, demonstrating their efficacy in accurately  detecting real positives and reducing false negatives and 

positives. For example ,recall and precision rates often exceed 0.90, resulting in high F1 scores indicating a 

balanced memory and precision performance. Confusion matrices provide additional evidence that these 

models primarily predict correctly, with misclassifications being uncommon and usually happening across 

classes that are visually similar. The trade-off between model complexity and performance is a key topic of 

discussion. 
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                                                          Fig: Bar graph  on Object detection 

Deep learning methods have shown impressive results for both image recognition and classification on a 

range of criteria. On benchmark datasets like ImageNet, models like VGG16, Res Net, and InceptionV3 have 

demonstrated their capacity to reliably recognize and categorize a wide range of images with high accuracy 

rates that frequently above 90%. Additionally, these models consistently exhibit excellent recall and 

precision values, demonstrating their efficacy in accurately detecting real positives and reducing false 

negatives and positives. For example, recall and precision rates often exceed 0.90, resulting in high F1 scores 

indicating a balanced memory and precision performance. Confusion matrices provide additional evidence 

that these models primarily predict correctly, with mis classifications being un common and usually 

happening across classes that are visually similar. The trade-off between model complexity and performance 

is a key topic of discussion. Resource efficiency performance. These models have strong generalization 

capabilities, which can be attributed to methods that reduce overfitting, such as batch normalization, dropout, 

and data augmentation. These models have strong generalization capabilities, which can be attributed to 

methods that reduce overfitting, such as batch normalization, dropout, and data augmentation. With the 

advent of big datasets such as ImageNet, transfer learning has become a potent technique where by pre-

trained models dramatically improve performance on specific tasks with sparse data. Optimizing these pre-

trained models for particular uses emphasizes how useful it is to apply past knowledge to new problems. 

Hyperparameters like learning rate, batch size, and regularization techniques have a significant impact and 

must be carefully adjusted to get the best outcomes. 
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Fig: Bar graph based on image recognition. 

Numerous industries, including retail (product recognition), autonomous driving (object detection),and  
healthcare(medical image analysis),have adopted deep learning models for image recognition and 

classification. Their ability to increase and automate accuracy across a variety of industries demonstrates 

their usefulness. Not with standing these achievements, challenges remain, including the need for large 

labeled datasets, high processing costs, and susceptibility to adversarial assaults. To solve these challenges, 

more advanced techniques for data augmentation, robust defenses against hostile attacks and more powerful 

algorithms are required. Deep learning seems to have a promising future in the classification and recognition 

of images. Research on advancements such neural architecture search (NAS), attention processes, and 

unsupervised learning has been on going ever since Convolutional neural networks (CNNs), in 

particular, are deep learning techniques that have completely changed the area of image identification and 

classification by achieving previously unheard-of performance on a variety of benchmarks and practical 

applications architectures ,which allow for notable gain seven with sparse labeled data. 

 

 

6.References: 
 

1. Abhinav. A., &Agrawal, A.(2019).A comprehensive survey of deep learning techniques for image 

recognition. Journal of Pattern Recognition and Artificial Intelligence, 32(1), 47- 63. 

2.  Vejendla, L. N., & Bharathi, C. R. (2018). Multi-mode routing algorithm with cryptographic techniques and 

reduction of packet drop using 2ACK scheme in MANETs. Smart Intelligent Computing and Applications 1: 

649-657 

3.  Mandal, Bijoy Kumar, Debnath Bhattacharyya, and Tai-hoon Kim. "A design approach for wireless 

communication security in bluetooth network." International Journal of Security and Its Applications 8.2 

(2014): 341-352. 

4. Patibandla, R. S. M. L., Rao, B. T., Narayana, V. L., & Srinivas, V. S. (2021). An overview of ontology-

based artificial intelligence services in health care systems. In Proceedings of the International Conference on 

Health Care Systems (pp. 47–63).  

5. Maddumala, V. R., Maha Lakshmi, K., Anusha, P., & Lakshman Narayana, V. (2020). Enhanced 

morphological operations for improving the pixel intensity level. Journal of Computational and Theoretical 

Nanoscience, 29(3), 9191–9201.  

6. Narayana, V. L., Malleswari, K. S. N., Divyanjali, M., Nandini, S., & Purnima, G. (2023). Video frame based 

prompt compression model with steganography for secure data transmission. In Proceedings of the 

International Conference on Advanced Intelligent Systems (pp. 373–377). 

https://doi.org/10.1109/ICAIS56108.2023.10073883 

 

http://www.jetir.org/
https://doi.org/10.1109/ICAIS56108.2023.10073883


© 2024 JETIR October 2024, Volume 11, Issue 10                                                     www.jetir.org (ISSN-2349-5162) 

JETIRGN06004 Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org 33 
 

7. Naresh, A., Pavani, V., Meghana Chowdary, M., & Lakshman Narayana, V. (2020). Energy consumption 

reduction in cloud environment by balancing cloud user load. Journal of Critical Reviews, 7(7), 1003–1010. 

https://doi.org/10.31838/jcr.07.07.184 

8. Patibandla, R. S. M. L., & Vejendla, L. N. (2022). Significance of blockchain technologies in industry. In 

Advances in Blockchain Technologies (pp. 19–31). https://doi.org/10.1007/978-3-030-70501-5_2 

9. Pasala, S., Pavani, V., Lakshmi, G. V., & Narayana, V. L. (2020). Identification of attackers using blockchain 

transactions using cryptography methods. Journal of Critical Reviews, 7(6), 368–375. 

https://doi.org/10.31838/jcr.07.06.65 

10. Mounika, B., Anusha, P., Narayana, V. L., & Lakshmi, G. V. (2020). Use of blockchain technology in 

providing security during data sharing. Journal of Critical Reviews, 7(6), 338–343. 

https://doi.org/10.31838/jcr.07.06.59 

11. Narayana, V. L., Vinayaki, K. V., Swetha, P. A., Sri, K. D., & Chaithanya, G. (2024). Superior attribute 

weighted set for object skeleton detection using ResNet50 with edge-based segmentation model. In 

Proceedings of the International Conference on Smart Computing and Systems (pp. 1132–1139). IEEE. 

https://doi.org/10.1109/ICSCSS60660.2024.10624879 

12.   Gopi, A. P., & Naik, K. J. (2022). An IoT model for fish breeding analysis with water quality data of pond 

using modified multilayer perceptron model. 2022 International Conference on Data Analytics for Business 

and Industry (ICDABI), 448-453. https://doi.org/10.1109/ICDABI56818.2022.10041617 

13. Arepalli, P. G., & Naik, K. J. (2024). A deep learning-enabled IoT framework for early hypoxia detection in 

aqua water using lightweight spatially shared attention-LSTM network. Journal of Supercomputing, 80(2), 

2718-2747. https://doi.org/10.1007/s11227-023-05580-x 

14. Arepalli, P. G., & Naik, K. J. (2023). An IoT-based water contamination analysis for aquaculture using 

lightweight multi-headed GRU model. Environmental Monitoring and Assessment, 195(12), Article 1516. 

https://doi.org/10.1007/s10661-023-12126-4 

15. Gopi, A. P., Gowthami, M., Srujana, T., Gnana Padmini, S., & Durga Malleswari, M. (2023). Classification 

of denial-of-service attacks in IoT networks using AlexNet. In Smart Innovation, Systems and Technologies 

(Vol. 316, pp. 349-357). https://doi.org/10.1007/978-981-19-5403-0_30 

16. Bikku, T., Gopi, A. P., & Prasanna, R. L. (2019). Swarming the high-dimensional datasets using ensemble 

classification algorithm. In Advances in Intelligent Systems and Computing (Vol. 815, pp. 583-591). 

https://doi.org/10.1007/978-981-13-1580-0_56 

17. Arepalli, P. G., & Khetavath, J. N. (2024). Water quality classification using multi-cell RNN in aquaculture 

ponds for Catla fish. In Lecture Notes in Networks and Systems (Vol. 897, pp. 363-370). 

https://doi.org/10.1007/978-981-99-9704-6_34 

 

18. Arepalli, P. G., & Naik, K. J. (2024). Water contamination analysis in IoT-enabled aquaculture using deep 

learning-based AODEGRU. Ecological Informatics, 79, Article 102405. 

https://doi.org/10.1016/j.ecoinf.2023.102405 

19. Arepalli, P. G., & Naik, K. J. (2024). An IoT-based smart water quality assessment framework for aqua-

ponds management using Dilated Spatial-temporal Convolution Neural Network (DSTCNN). Aquacultural 

Engineering, 104, Article 102373. https://doi.org/10.1016/j.aquaeng.2023.102373 

20. Gopi, A. P., Narayana, V. L., & Kumar, N. A. (2018). Dynamic load balancing for client-server assignment 

in distributed systems using genetic algorithm. Ingenierie des Systemes d'Information, 23(6), 87-98. 

https://doi.org/10.3166/ISI.23.6.87-98 

21. Sarada, K., Narayana, V. L., Gopi, A. P., & Pavani, V. (2020). An iterative group based anomaly detection 

method for secure data communication in networks. Journal of Critical Reviews, 7(6), 208-212. 

https://doi.org/10.31838/jcr.07.06.39 

22. Narayana, V. L., Gopi, A. P., & Chaitanya, K. (2019). Avoiding interoperability and delay in healthcare 

monitoring system using blockchain technology. Revue d'Intelligence Artificielle, 33(1), 45-48. 

https://doi.org/10.18280/ria.330108 

23. Gopi, A. P., Jyothi, R. N. S., Narayana, V. L., & Sandeep, K. S. (2023). Classification of tweets data based 

on polarity using improved RBF kernel of SVM. International Journal of Information Technology, 15(2), 965-

http://www.jetir.org/
https://doi.org/10.1007/978-3-030-70501-5_2
https://doi.org/10.31838/jcr.07.06.59
https://doi.org/10.1016/j.aquaeng.2023.102373


© 2024 JETIR October 2024, Volume 11, Issue 10                                                     www.jetir.org (ISSN-2349-5162) 

JETIRGN06004 Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org 34 
 

980. https://doi.org/10.1007/s41870-019-00409-4 

24. Narayana, V. L., Gopi, A. P., Khadherbhi, S. R., & Pavani, V. (2020). Accurate identification and detection 

of outliers in networks using group random forest methodology. Journal of Critical Reviews, 7(6), 381-384. 

https://doi.org/10.31838/jcr.07.06.67 

25. Rao, B. T., Patibandla, R. S. M. L., Narayana, V. L., & Gopi, A. P. (2021). Medical data supervised learning 

ontologies for accurate data analysis. In Semantic Web for Effective Healthcare Systems (pp. 249-267). 

https://doi.org/10.1002/9781119764175.ch11 

26. Patibandla, R. S. M. L., Gopi, A. P., Narayana, V. L., & Rao, B. T. (2023). Decentralized smart healthcare 

systems using blockchain and AI. In Blockchain applications in healthcare: Innovations and practices (Vol. 1, 

pp. 139-154). DOI: 10.1002/9781394229512.ch8 

27. Lakshman Narayana, V., & Gopi, A. P. (2020). Enterotoxigenic Escherichia coli detection using the design of 

a biosensor. Journal of New Materials for Electrochemical Systems, 23(3), 164-166. DOI: 

10.14447/jnmes.v23i3.a02 

28. Rani, B. M. S., Majety, V. D., Pittala, C. S., Vijay, V., Sandeep, K. S., & Kiran, S. (2021). Road 

Identification Through Efficient Edge Segmentation Based on Morphological Operations. Traitement du 

Signal, 38(5). 

29. .Kanumalli, S. S., Ch, A., & Murty, P. S. R. C. (2020). Secure V2V Communication in IOV using IBE and 

PKI based Hybrid Approach. International Journal of Advanced Computer Science and Applications, 11(1). 

30. 3.Kiran, S., Kanumalli, S. S., Krishna, K. V. S. S. R., & Chandra, N. (2021). WITHDRAWN: internet of 

things integrated smart agriculture for weather predictions and preventive mechanism. 

31. Chaitanya, Kosaraju, and Sankara Narayanan. "Security and Privacy in Wireless Sensor Networks Using 

Intrusion Detection Models to Detect DDOS and Drdos Attacks: A Survey." 2023 IEEE International Students' 

Conference on Electrical, Electronics and Computer Science (SCEECS). IEEE, 2023. 

32. Krishna, Komanduri Venkata Sesha Sai Rama, et al. "Classification of Glaucoma Optical Coherence 

Tomography (OCT) Images Based on Blood Vessel Identification Using .CNN and Firefly Optimization." 

Traitement du Signal 38.1 (2021). 

33. Chaitanya, Kosaraju, et al. "Predicting the Spread of Covid Disease Based on Chest X-Ray Images Using 

Convolutional Neural Network with Improved Accuracy." 2023 6th International Conference on Advances in 

Science and Technology (ICAST). IEEE, 2023. 

34.  Ekkurthi, A., Sujatha, V., Kumar, K.V.,”Effective Moving Object Tracking Using Adaptive Background 

Subtraction with Advanced Probability Evolutionary Algorithm”,International Journal on Recent and 

Innovation Trends in Computing and Communication, 2023, 11, pp. 1–3 

35.  Sujatha, V., Yaddala, M., Kollipara, V., Shaik, K., Burri, R.K(23),“Movie reviews data classification using 

convolution neural networks”,AIP Conference Proceedings. 2023, 2724, 030009 

36. Godavarthi, B., Majety, V. D., Mrudula, Y., & Nalajala, P. (2019). Fault identification in power lines using 

GSM and IoT technology. Advances in Intelligent Systems and Computing, 815, 647–655. 

https://doi.org/10.1007/978-3-319-91117-2_70 

37. Majety, V. D., & Murali, G. (2018). A remote epileptic patient supervising system. Advances in Modelling 

and Analysis B, 61(4), 207–210. https://doi.org/10.18280/ama_b.610402 

38.  Naresh, A., TSLP, H., Ch, G., & Kumari, G. R. P. (2023, July). Early Prophecy of Low-Birth-Weight Babies 

Using BM Error Rate Classifier. In 2023 14th International Conference on Computing Communication and 

Networking Technologies (ICCCNT) (pp. 1-6). IEEE. 

39.  Kumari, G. R. P., Reddy, A. H., Lakshmi, K., Abhinaya, B., Sanjana, S., & Naresh, A. (2024, March). Time-

Frame-Based Drowsiness Detection System Using CNN. In 2024 2nd International Conference on Disruptive 

Technologies (ICDT) (pp. 711-716). IEEE. 

40. V. Pavani, K. Divya, V. V. Likhitha, G. S. Mounika and K. S. Harshitha, "Image Segmentation based 

Imperative Feature Subset Model for Detection of Vehicle Number Plate using K Nearest Neighbor 

Model," 2023 Third International Conference on Artificial Intelligence and Smart Energy (ICAIS), 

Coimbatore, India, 2023, pp. 704-709, doi: 10.1109/ICAIS56108.2023.10073848. 

41. V. Pavani, M. N. Swetha, Y. Prasanthi, K. Kavya and M. Pavithra, "Drowsy Driver Monitoring Using 

Machine Learning and Visible Actions," 2022 International Conference on Electronics and Renewable 

http://www.jetir.org/
https://www.scopus.com/authid/detail.uri?authorId=57202494533
https://www.scopus.com/authid/detail.uri?authorId=57213202177
https://www.scopus.com/authid/detail.uri?authorId=58710160900
https://www.scopus.com/authid/detail.uri?authorId=57213202177
https://www.scopus.com/authid/detail.uri?authorId=58283555400
https://www.scopus.com/authid/detail.uri?authorId=58283712900
https://www.scopus.com/authid/detail.uri?authorId=57202457844
https://www.scopus.com/authid/detail.uri?authorId=58284354000


© 2024 JETIR October 2024, Volume 11, Issue 10                                                     www.jetir.org (ISSN-2349-5162) 

JETIRGN06004 Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org 35 
 

Systems (ICEARS), Tuticorin, India, 2022, pp. 1269-1279, doi: 10.1109/ICEARS53579.2022.9751890. 

42. Sri, Kurra Santhi, et al. "Advanced system control with traffic handling for secure communication in IoT 

routing protocol." Journal Européen des Systèmes Automatisés 54.2 (2021): 229-233. 

43. Arumugham, Vinothini, et al. "An explainable deep learning model for prediction of early‐stage chronic 

kidney disease." Computational Intelligence 39.6 (2023): 1022-1038. 

44. Majety, Vasumathi Devi, et al. "Enhanced secure communication AODV routing protocol using SVM in 

MANETS." AIP Conference Proceedings. Vol. 2724. No. 1. AIP Publishing, 2023.  

45. Krisha, P.S., Peram, S.R. (2023). CT image precise denoising model with edge based segmentation with 

labeled pixel extraction using CNN based feature extraction for oral cancer detection. Traitement du Signal, 

Vol. 40, No. 3, pp. 1297-1304. https://doi.org/10.18280/ts.400349 

46. P. S. Krishna, V. R. Aparna, V. Priyanka, P. T. Niharika and T. Shivangi, "Convolution Neural Network 

Model with Feature Linked Vector for Oral Cancer Detection," 2023 IEEE 12th International Conference on 

Communication Systems and Network Technologies (CSNT), Bhopal, India, 2023, pp. 304-308, doi: 

10.1109/CSNT57126.2023.10134660. 

47. Rayachoti, Eswaraiah, Sudhir Tirumalasetty, and Silpa Chaitanya Prathipati. "SLT based watermarking 

system for secure telemedicine." Cluster Computing 23.4 (2020): 3175-3184. 

48. Eswaraiah, Rayachoti, Tirumalasetty Sudhir, and Prathipati Silpa Chaitanya. "Curvelet transform based 

watermarking for telemedicine." Wireless Personal Communications 122.1 (2022): 309-329. 

49. Varshini, Y., Mounika, T., Kumari, G. R. P., Sirisha, G., & Deepthi, Y. (2023, March). Crop Yield Forecast 

Using Machine Learning. In 2023 9th International Conference on Advanced Computing and Communication 

Systems (ICACCS) (Vol. 1, pp. 2310-2315). IEEE. 

50. B. Aruna Kumari “Time Series Data Classification for Precise Stock Market Price Prediction using ML” 

ICICACS International Conference on Integrated Circuits and Communication Systems, Scopus 

indexed, ISBN:979-8-3503-1755-8/ https://ieeexplore.ieee.org/document/10498248,18 April 2024  

51. B.Aruna Kumari   “HumanvAction Recognition From Video Frames Using Recurrent Neural 

Networks”  ICDT  2nd International Conference on Disruptive Technologies (ICDT),Scopis indexed , 

ISBN:979-8-3503-7105-5/ https://ieeexplore.ieee.org/document/10489658, 11 April 2024 

52.  Chen,Z.,&Gupta,S.(2020).Deeplearning forobjectdetection:Acomprehensivereview. 

53. Journalof Visual Communication and ImageRepresentation, 68, 102768. 

54.  Simonyan, K., & Zisserman, A. (2014). Very deep convolutional networks for large-scale recognition. arXiv 

preprint arXiv:1409.1556. 

 

http://www.jetir.org/
https://doi.org/10.18280/ts.400349
https://ieeexplore.ieee.org/author/399694974133588
https://ieeexplore.ieee.org/xpl/conhome/10488912/proceeding
https://ieeexplore.ieee.org/xpl/conhome/10488912/proceeding

