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ABSTRACT: Artificial intelligence (AI), which has gained popularity and been incorporated into every industry, has produced 

benefits that have boosted production and helped us solve challenging problems. Deep learning (DL) is a branch of AI that was 

created to simulate the human brain. It allows a computer to carry out tasks that people would naturally do. It is a technology that is 

frequently employed to arrange unsupervised or unlabeled data and discover patterns within them. The healthcare sector is unique 

compared to other sectors. People expect the highest caliber of care and services in this high-priority sector, regardless of their ability 

to pay for them. Typically, a medical professional is responsible for interpreting medical data. Because of its subjectivity, the 

complexity of the disease itself, and the wide range of possible interpretations, a human expert's ability to provide a medical diagnosis 

is severely constrained. As a result of DL's use in medical drug development, medical imaging, genome synthesis, disease detection, 

and other areas, the field of medical science has been significantly impacted and it is now offering innovative solutions with high 

precision for medical diagnostics and is seen as a crucial technique for upcoming applications in the healthcare industry. The 

processing and type of data used in the models have substantially accelerated the progress of DL in this industry. The success rate of a 

DL model can be significantly impacted by concentrating on the type of data—preexisting or curated—in a dataset. DL is employed to 

identify conditions such as skin blemishes, neurological disorders, and chronic illnesses. It also discusses various deep learning 

techniques and their diagnosing methods to understand how DL is used in disease diagnosis and how it has evolved into one of the 

most effective methods for disease diagnosis. We provide some future research topics that could be used to guide additional studies 

based on the summary.   
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I. INTRODUCTION: 

    Medical professionals may have misdiagnosed a patient, which could have an impact on the treatment's outcome. When a diagnosis 

is made incorrectly, the patient may receive the wrong treatment and not receive the necessary care. Experts frequently make 

symptoms because they become preoccupied with features that seem important at the time. The environment in which a patient is 

diagnosed as well as the diagnostic tools themselves can lead to inaccurate diagnoses. These factors collectively could have a serious 

negative effect on the patient's health, raise overall medical costs, and result in mental suffering. The engine that helps advance the 

development of medical care quality is deep learning. AI is astonishingly applied in both academia and industry to enhance 

"intelligent medicine," with the capacity to generate precise predictions from many sources of information. Deep learning algorithms 

can be used for the analysis of medical data and help diagnose a variety of medical issues. Frameworks that use deep learning generate 

reliable diagnosis findings using patient information such as side effects, lab results, and some significant qualities. The machine will 

decide which data will be used as a training and trained dataset for later use based on how accurate the results were. Doctors are 

currently gathering all the patient’s data and administering medications to patients. Due to a few factors, this circumstance consumes a 

significant amount of time. 

   We can enhance the accuracy, speed, reliability, and performance of the diagnosis on the current system by using deep learning 

classification algorithms for a specific illness. Deep learning is suitable for automated decision-making based on a variety of learning 

techniques, separating simple samples from realistic data, and making precise and accurate judgments. However, there are some 

significant problems with medical data, including the fact that most medical information has a large number of dimensions, which 

makes it difficult for rule-based heuristics to work and causes challenges with regularly changing information for medical 

applications. This paper's main goal is to provide a succinct and straightforward discussion of the applications of deep learning in 
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medical diagnostics. What justifies its significance? It was noted that several logical papers describe various deep learning 

applications in excruciating depth. Uncertainty surrounds the number of studies that provide a succinct overview of deep learning's use 

in medical diagnostics. For academics outside of this field, the logical terminology used in deep learning can be confusing. This 

comprehensive study provides a straightforward approach to dealing with deep learning applications in medical diagnosis, and it can 

contribute to the existing body of work on this topic. 

 

 
 

II. EVOLUTION OF DEEP LEARNING: 

   Due to the expansion of high-performance computing resources, deep learning approaches that use these networks have gained 

popularity. Due to its capacity to analyze a huge number of features while working with unstructured data, deep learning gets greater 

power and flexibility. Perceptrons were used in the neural layers of the first generation of artificial neural networks (ANN), which had 

a restricted computational capacity. The error was backpropagated and the error rate was computed for the second generation. The 

backpropogation constraint was overcome by the restricted Boltzmann machine, making learning simpler. Other networks eventually 

evolve after that.  The performance of typical machine learning algorithms stabilizes after they reach the training data threshold, 

whereas the performance of deep learning algorithms improves as the amount of data increases. Deep learning is now utilized in 

numerous applications, including Google's speech and picture recognition, Netflix and Amazon's recommendation engines, Apple's 

Siri, chatbots, automatic email and text answers, and more. Several applications, including chatbots, automatic email and text answers, 

Apple's Siri, Netflix, and Amazon recommendation engines, and speech and picture recognition by Google, use deep learning.                                                                                                 

                                   

 
 

Fig. 1 Evolution  of  Deep Learning 

 

 1. DEEP LEARNING METHODS: 

   In the section that follows, some potent methods that can be used with deep learning algorithms to shorten training times and 

improve models are discussed.  

Backpropagation: The backpropagation can be used to determine the gradient of the function for each iteration of an optimization 

problem when utilizing a gradient-based approach. 

Stochastic Gradient Descent: Using the convex function in gradient descent algorithms ensures that the search for the best minimum 

is successful without becoming stuck at a local minimum. It may reach the optimum value in many ways and according to different 

paths depending on the function values, learning rate, or step size.  

Learning Rate Decay: Modifying the stochastic gradient descent algorithms' learning rate improves performance and cuts down on 

training time. The generally utilized strategy is to gradually lower the learning rate, which allows for significant changes at the start 

and moderate learning rate reductions during the training phase. This makes it possible to adjust the weights later.  

Dropout: Using the dropout method, the overfitting issue in deep neural networks can be solved. During training, this technique is 

used by randomly removing units and their connections. Dropout provides a powerful regularization technique to lower overfitting and 

enhance generalization error. In computer vision, computational biology, document classification, and speech recognition, dropout 

improves performance on supervised learning tasks.  

Max-Pooling: In max-pooling, a filter is predefined and applied across the input's non-overlapping subregions, with the maximum 

value in the window serving as the output. With max-pooling, dimensionality can be decreased as well as the computing cost of 

learning numerous parameters. 

Batch Normalization: By minimizing covariate shifts, batch normalization speeds up deep neural networks. When the weights are 

changed throughout the training, it normalizes the inputs to each mini-batch for a layer. The training epochs are shortened and learning 
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is stabilized via normalization. By normalizing the output from the preceding activation layer, one can boost the stability of a neural 

network. 

Transfer learning: A model that has been trained for one task is used for another task that is linked to it. The information gained 

from addressing one problem can be passed on to another network that will be trained on a related challenge. This enables the solution 

of the second issue with quick progress and improved performance. 

 

III. LITERATURE SURVEY: 

   Vadlamudi, S. (2021) introduced an overview from a computer-supported diagnostic framework viewpoint in medication. The 

article covers the inside and out work process of various frameworks and their set of experiences. The paper also addresses 

applications in the medical area from the datatype point of view, including tabular, imaging, sound, and signal sorts of information. 

The author found that deep learning such as CNNs, RNNs and Generative Adversarial Networks (GANs) are commonly used for 

medical diagnosis. CNNs are most commonly used for image-based medical diagnosis, while RNNs and GANs are used for sequential 

data such as Electronic Health Records (EHRs) and time-series data. The authors reviewed the use of deep learning algorithms for 

various medical applications such as disease diagnosis, medical imaging, drug discovery, and personalized medicine. They found that 

deep learning algorithms have shown promising results in detecting various abnormalities and diseases such as lung cancer, skin 

lesions, and cardiovascular disease. The authors highlighted the importance of transfer learning in medical diagnosis, which involves 

using pre-trained deep learning models on large datasets to improve the performance of models on smaller datasets. They found that 

transfer learning has been successfully applied in medical diagnosis, especially in the absence of large annotated datasets. The authors 

emphasized the importance of explainable AI in medical diagnosis, which aims to provide insights into the decision-making process of 

deep learning models. They reviewed several methods such as Grad-CAM, LIME, and SHAP that have been used to interpret the 

predictions of deep learning models medical diagnosis. 

   Caballe, N. C., (2020) detailed the advantages and restrictions of utilizing distinctive ML techniques in medical diagnosis. The paper 

covers classification, relapse, and grouping methods. However, it does exclude a summarization of literature and a top to bottom 

analysis of reviewed articles. Jiang et al. (2017) overviewed research articles in healthcare from an AI point of view.  In addition to 

ML, the paper additionally covers natural language processing strategies applied in healthcare. The paper covers just three medical 

areas: cancer, neurology, and cardiology. 

   Schaefer et al.  (2020) introduced an outline of the use of ML in rare diseases. It covers articles in healthcare-related to diagnosis, 

prediction, and treatment. None of the articles sums up the current work. Additionally, they cover a couple of medical spaces and 

don’t give a top to bottom analysis of reviewed articles. One more methodology in which researchers used the data mining alongside 

non-wearable sensor equipment is likewise proposed to explain the difference between on and off medicine states (Tucker et al., 

2015). 

   Rajpurkar et al. (2017) conducted a survey on the use of deep learning algorithms for medical image analysis. The author reviewed 

over 3000 papers published between 2012 and 2016 and summarized that Convolutional Neural Networks are the most commonly 

used deep learning models for medical image analysis. Other deep learning models such as Recurrent Neural Networks (RNNs) and 

Deep Belief Networks (DBNs) have also been used but to a lesser extent. The authors reviewed the use of deep learning algorithms in 

various medical imaging modalities such as Computed Tomography (CT), Magnetic Resonance Imaging (MRI), and X-ray imaging. 

They found that deep learning algorithms have shown promising results in detecting various abnormalities and diseases such as breast 

cancer, lung cancer, and brain tumors. The author reviewed the use of deep learning medical Imaging Modalities: The authors 

reviewed the use of deep learning algorithms in various medical imaging modalities such as Computed Tomography (CT), Magnetic 

Resonance Imaging (MRI), and X-ray imaging. They found that deep learning algorithms have shown promising results in detecting 

various abnormalities and diseases such as lung nodules, breast cancer, and brain tumors. The authors highlighted the importance of 

transfer learning in medical image analysis, which involves using pre-trained deep learning models on large datasets to improve the 

performance of models on smaller datasets. They found that transfer learning has been successfully applied in medical image analysis, 

especially in the absence of large annotated datasets. The authors highlighted the importance of transfer learning in medical image 

analysis, which involves using pre-trained deep learning models on large datasets to improve the performance of models on smaller 

datasets. They found that transfer learning has been successfully applied in medical image analysis, especially in the absence of large 

annotated datasets. 

 

IV. METHODOLOGY: 

 
1. The Advantages of Deep Learning Over Machine Learning: 

   Image processing and image translation are essential for accurate disease diagnosis. For instance, we are currently receiving 

radiological images with a significantly greater resolution since image processing systems have advanced significantly over the last 

few years. Yet, the advantages of automated picture handling are only now beginning to be realized. Yet, typical machine learning 

methods for image processing mainly rely on expert-enabled features, making them unique among other machine learning applications 

in computer vision. For instance, lung tumor identification necessitates the separation of structural characteristics. Tradit ional learning 

techniques are unreliable because there is such a wide variation in patient information. Machine learning has advanced in the most 

recent years because of its ability to navigate through enormous and complex amounts of data. Deep learning now has a significant 

edge across all industries, particularly in medical diagnostics. Thus, by 2025, it alone will receive growing amounts of funding for 

medical diagnostics compared to what the entire research sector spent in 2016. The supervised machine learning strategy is the best. 

The deep neural network models used in this research are a type of neural network. The phrase "deep learning" implies the application 

of a deep neural network model. The neuron is the basic computational unit of a neural network. It is an idea inspired by the study of 

http://www.jetir.org/


© 2023 JETIR March 2023, Volume 10, Issue 3                                                              www.jetir.org (ISSN-2349-5162) 

JETIR2303119 Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org b168 
 

the human mind and uses weights to directly join different signals as information sources before passing the combined signals via 

nonlinear operations to produce output signals. Deep learning is more likely than machine learning techniques to understand medical 

patterns since its model is based on the actual human anatomy. 

 

2. Deep Learning Algorithms Used in Medical Diagnosis: 

 

2.1.  Artificial Neural Network (ANN): 

   The structure of the human mind, which uses neurons to analyze data, served as an inspiration for ANN. Fig. 2 shows the ANN's 

fundamental design in action. Large-scale signal processing, complex numerical problems, and even parallel calculations can all be 

handled by ANN. 

 

 

Fig. 2. Structure of an Artificial Neural Network 

 

   Because it might be difficult to identify the signs of a urinary tract infection (UTI), a model was developed using artificial neural 

networks (ANN) to enhance symptomatic comprehension of UTI. By using data from clinically available sources, this paradigm could 

describe cystitis and urethritis. Additionally, it showed that using DL algorithms can assist avoid using intrusive and expensive 

procedures. 

    Another challenging task in diagnosis is determining the presence of pediatric traumatic brain injury (TBI). The adaptability of 

using ANN in this situation was utilized for moderate to the serious prediction of TBI. This study demonstrates how the head injury 

system and clinical data may be used as inputs to create a trustworthy deep-learning model for the diagnosis of TBI injury. Although 

diarrhea is one of the leading causes of death worldwide, it can be predicted by a model, which helps reduce the incidence of diarrhea. 

The suggested method relies on ANN and has the propensity to be effective in preventing diarrhea. 

 

2.2. Deep Artificial Neural Network (DNN): 

   The deep ANN model is displayed in Fig 3. This model learns through various levels of representation to identify intricate 

relationships between the data.  

 

 
Fig. 3. Structure of Deep Artificial Neural Network 

 

With a deep ANN, "Deep" refers to successive levels of representation. The classification of healthy and ill glaucoma patients using 

various DL models has been done by analysts. According to the results of this investigation, Deep FeedForward Neural Networks 

(FNN) can be used to detect glaucoma early on. 

   Prioritizing between patients who are seriously ill and stable people is crucial for emergency rooms. To choose between the two, a 

deep learning (DL) based model can be developed to predict the critical care result. In the event of an emergency, the model can better 

increase resource allocation by utilizing clinical and demographic data. As compared to the conventional methods of handling 

emergencies and used for patient prioritization, this approach can achieve superior performance. Early malfunction prediction, can 

also reduce the likelihood of unfavorable outcomes. 

 

2.3. Bayesian Classifier (BC): 

   BC uses predictive modeling techniques to describe factors and restrictive circumstances with one another. Two important varieties 

of BC are Tree Augmented Naive Bayes and Naive Bayes (NB). It is difficult to diagnose any condition that affects the cardiovascular 
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system. A framework has been developed to aid physicians in reducing errors in the identification of cardiovascular infections in this 

particular situation. Compared to Support Vector Machine (SVM) techniques, this framework, which is built on BC, performs better. 

 

2.4. Classification and Regression Tree (CART): 

   The CART technique is capable of processing complex data with outputs that include nominal and constant properties. It might be 

used to handle multivariate datasets and prevent overfitting. Accurate classification can also be improved by it. A variety of kinds of 

erythematous-squamous diseases were characterized using CART (ESD). When the study's results were contrasted with those of other 

best-in-class approaches, the model displayed a stunning level of CART precision. Likewise, other DL models for the early detection 

of chronic kidney infections were examined. Predictive analytics and DL were combined by the author to determine useful indicators. 

From his investigation, they determined that 30 percent of the 24 indicators were helpful in the prediction process. They concluded 

that predictive analysis, coupled with DL techniques, could be useful in diagnosis. 
 

2.5. Convolution Neural Network (CNN): 

   In particular, CNN, a DL model, is designed to function with image categorization. It is capable of processing fuzzy images as well 

as tiny datasets, overfitting, and handwriting recognition. 

   According to medical diagnoses, pneumonia is one of the leading causes of death in children. Hence, a model that detects 

pneumonia in X-rays using image processing techniques and CNN may be helpful. In another study, researchers used the CNN model 

to suggest pneumonia as a possible diagnosis. To obtain a large amount of training data and increase accuracy, they used data 

augmentation techniques rather than transfer learning.  According to them, this tactic achieved crucial accuracy. 

   Esophageal cancer's prognosis is extremely complicated, making an early diagnosis crucial. As a result, several models that have 

CNN's capacity have shown amazing outcomes in diagnosing it. They used endoscopic images as an input to the model and were able 

to diagnose cancer at an early stage with nearly perfect accuracy. A CNN-based model for the analysis of Alzheimer's disease can also 

be crucial. Alzheimer's disease could be classified into multiple classes using the suggested methodology. This model may aid in the 

early diagnosis of the disease known as Alzheimer's and may also help patients avoid hazards to their brain tissues. 

   A methodology for early diagnosis of the acromegaly condition was also put forth by Donepudi et al. The proposed model employs 

the CNN methodology and has shown astounding outcomes with great affectability and high accuracy. Finding nail problems can be 

difficult, according to the report. Hence, a CNN-based model that could assess nail disorders was suggested. The suggested approach 

was able to distinguish between thirteen distinct nail infections using nail pictures.  

 

 
Fig. 4 Convolution Neural Network Structure 

 

2.6. Deep Convolution Neural Network (Deep CNN): 

   At each layer of a deeper network, the network learns new examples of the images in the dataset. It increases its applicability in 

medical imaging as a result. Periodontitis is a common dental condition that develops as a result of inadequate dental hygiene. To 

detect periodontal bone loss, experts used deep CNN on dental radiographs. Because diagnosing periodontitis is so difficult, specialists 

believe that DL-based models, as opposed to more conventional techniques, could reduce the amount of work required.  

   Another study was conducted to develop a cutting-edge method for diagnosing bone disintegration in people with rheumatoid joint 

inflammation. The process involving deep CNN could distinguish very subtle changes, making it potentially useful to radiologists in 

identifying alterations in radiographs. 

                                                

2.7. Recurrent Neural Network (RNN) / LSTM: 

   An extensively used deep learning method for language processing, such as in machine translation models. It uses sequential data or 

time series data. They are implemented into well-known programs like Siri, voice search, and Google Translate. These deep learning 

algorithms are frequently employed for ordinal or temporal issues, such as language translation, natural language processing (NLP), 

speech recognition, and image captioning. Recurrent neural networks learn using training data. Their "memory," which allows them to 

use data from earlier inputs to affect the current input and output, sets them apart from other systems. Recurrent neural networks' 

outputs depend on the previous items in the sequence, in contrast to standard deep neural networks' assumption that inputs and outputs 

are mutually exclusive. Unidirectional recurrent neural networks are unable to anticipate future occurrences, even if they would be 

useful in predicting how a series will turn out. 

    Long Short-Term Memory units (LSTMs), which are recurrent neural network cells, are arranged in at least two stacks. RNNs can 

be used to diagnose diseases by developing disease-specific language models, such as illness symptoms or patient medical data. 
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Alzheimer's disease, Parkinson's disease, and Crohn's disease, among other conditions, are examples of disorders for which RNNs can 

be utilized to create disease prediction models. 

 

 
Fig.5 Recurrent Neural Network Structure 

 

2.8. Generative Adversarial Networks (GANs):  

   A generative adversarial network, often known as a GAN, is a deep neural network framework that can learn from a collection of 

training data and produce new data that shares the same properties as the training data. Two neural networks—the generator and the 

discriminator—that compete with one another make up generative adversarial networks. The discriminator is trained to discriminate 

between the generator's fabricated data and actual examples, while the generator is trained to create false data. The generator is 

penalized if the phony data it generates is so obviously implausible that the discriminator can quickly identify it as such, such as an 

image that is not a face. The generator gets better at producing examples that are more believable over time. 

   It has an extensive approach to deep learning that can be used to forecast disease development and diagnose diseases. Two neural 

networks make up the GAN: one creates samples, while the other, the discriminator, assesses them. Medical pictures such as X-rays, 

CT scans, and magnetic resonance imaging (MRI) scans can be utilized with GAN to identify diseases. For challenges involving 

disease prediction, GAN creates a model of the beginning of disease using patient medical records and disease signs. Leukemia and 

myocardial infarction is  a couple of examples of conditions where GAN can be utilized to create disease prediction models (heart 

disease). 

 

 
 

Fig. 6 Generative Adversarial Networks structure 

2.9. Decision Tree (DT): 

   A prediction method called a decision tree uses observations to infer ends (in leaves) (in branches). Even though the traditional 

structure of DT cannot handle gaps in functionality or even weaknesses, it can nevertheless function with the aid of some additions. 

Thyroid disease treatment is an extremely difficult process. The efficacy of DL techniques for thyroid analysis and order was 

evaluated. For medical data, DT reported a precision of 97.35 percent. The most successful approach was found to be DT by the 

authors after comparing the findings and other DL algorithms. 

 

 
 

Fig. 7 Decision Tree 
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Table 1: various deep learning algorithms used in medical Diagnosis 

 

Deep Learning 

 Algorithms 

Features in Medical Diagnosis 

Naïve Bayes -Probability-based examination and sickness diagnosis 

-Making use of the class limiting probability. 

-Finds the disease with a higher bias and then provides 

the effects of the sickness that the species is likely to 

have. 

Support Vector Machine 

(SVM) 

SVM technique produces precise results and is based 

on specific illnesses. 

Decision Tree -Complexity grows 

-Time consuming method 

Clustering Algorithm -Changes clusters simultaneously based on symptoms 

-It does not provide an accurate answer for the number 

of illnesses. 

Logistic Regression -Recursive process 

-Time consuming  procedure 

Back propogation -predetermined hidden units 

-Time becomes more complicated 

 

 

3. Deep Learning Applications in Medical Diagnosis: 

   All things considered, symptoms are frequently very difficult to diagnose, even by the best medical professionals, yet diagnostic 

errors are acknowledged as the most frequent and harmful medical mistakes. The specialists in the field think that artificial 

intelligence (AI) and deep learning (DL), in particular, can help this dangerous situation. The top deep learning applications for 

diagnosing medical conditions are presented in this area.    

                                                                                                                                                                          

 

3.1 Breast Cancer Diagnosis: 

   The World Health Organization (WHO) reports that the most common oncology disease among women and the one that causes the 

greatest number of fatalities each year is breast cancer. To preserve lives, many nations have implemented screening programs 

designed to detect breast cancer in its earliest stages. From one nation to the next, these programs are different. For instance, every one 

to two years, American women get mammograms, which are breast X-rays, and every image is examined by a specialist radiologist. 

Yet, two radiologists review the x-rays during the once every three years screening of British women. Although neither method is very 

good, the twofold analysis used by British radiologists exhibits greater precision. DeepMind, Google's artificial intelligence division, 

unveiled a deep learning model at the beginning of 2020 that purportedly increased a regular radiologist's results by 11.5 percent while 

eliminating the need for a second analysis. Another recent study conducted by university clinics in Korea found that deep learning was 

more effective than radiologists at detecting breast cancer in its early stages, especially when treating breasts with excess fat. These 

investigations, nevertheless, are still in their early stages, and more clinical trials are needed. Models can step in, for now, to 

automatically offer an expert opinion as an extra step.  

                                                                                              

 

3.2 Early Melanoma Diagnosis: 

 

Skin diseases are the most prevalent threat in the world, affecting 20 percent of people by the age of 70, while skin infections are the 

fourth most hazardous cause of disability globally. Thankfully, 99 percent of cases, assuming they are identified and treated promptly, 

are curable. Moreover, DL can play a crucial role in that area. Dermatologists rely on visual pattern recognition to a similar extent as 

radiologists do. A convolutional neural network (CNN) model for detecting skin cancer was developed in 2017 by computer scientists 

at Stanford University. The model was trained using 130,000 clinical image datasets of skin diseases. The algorithm attained the same 

level of dermatologists' shown precision. Then, in March 2020, the Seoul National University specialists created a CNN model to 

increase precision. To anticipate damage and categorize 134 skin issues, their CNN model was trained using more than 220,000 

images. The ability of DL to identify melanoma and skin infections at the level of human competence was shown once more. 

Researchers are planning to use CNN algorithms on cell phones for non-professional skin checks, in addition to enhancing the speed 

and accuracy of diagnosis. This may encourage people to see dermatologists for skin illnesses that are often missed.  
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3.3 Lung Cancer Diagnosis: 

   The most lethal oncology condition in the world is lung cancer, which is second only to skin cancer in terms of prevalence and tops 

the list of cancer-related deaths. Similarly, early detection could save lives with other cancers. Unfortunately, the signs and symptoms 

of bronchitis or pneumonia are the same as those of lung cancer. This is the reason it can only be seen in its later phases in about 70. A 

positive finding from Google's 2019 study was: Radiologists with eight years of experience performed worse at detecting lung cancer 

than a deep learning model built and trained using 42,000 chest CT scans. The system was able to identify harmful lung modes 5 to 

9.5 percent more frequently than disease specialists. Before that, a different CNN model demonstrated its capacity to recognize 

Chronic Obstructive Pulmonary Disease (COPD), a condition that frequently progresses to cancer. There is a good likelihood that 

deep learning models may soon assist radiologists in performing a significant number of CT scans, increasing the number of 

successful treatments and raising the survival rate of human lives.                                                                                                                      

  

IV. Future Scope and Discussion: 

 

   This study is being conducted to determine how DL affects medical diagnosis. This study provides an overview of how DL is 

applied to identify various medical illnesses by a thorough assessment of numerous research studies. The publications included for the 

study in this investigation range in date from 2015 to 2020. Various disorders are listed by various applications and DL techniques to 

understand the long-term impact of DL in medical diagnosis. From the year 2015 to the year 2020, it is frequently observed that DL 

has been used to treat various ailments. DL has demonstrated greater efficiency and precision in various medical disciplines with the 

use of deep learning, including breast cancer, pneumonia, lung cancer, and melanoma. Each deep learning method's data is one of its 

key components. Now, due to inconsistencies in data collection and preservation, the generated models may provide data acquired 

from multiple sources with varying degrees of precision. Also, it has been noted that the majority of researchers insist that additional 

testing on independent datasets is necessary for the validation of their developed model. In the future, this problem might be solved 

using techniques for data normalization and data standardization. 

 

V. CONCLUSION: 

   All areas of healthcare, particularly radiology, can benefit greatly from the rapidly expanding science of deep learning. This 

thorough investigation and evaluation assessed the type of the current literature and provided DL approaches for medical diagnosis 

with analytical precision. Although the results indicate that DL currently has high demonstrative accuracy, it is significant that  these 

discoveries are expected within the context of subpar study design, conduct, and reporting, which can lead to improvement and an 

overestimation of the power of these algorithms. It is necessary to enhance the use of DL with normalized direction around study goals 

and projections, which might aid to clarify medical applications. Before the power of DL in medical diagnosis is genuinely recognized 

in medical practice, there is an essential need for the enhancement of AI-specific statements to supply forceful direction around key 

issues of disagreement in this sector. This study explains the application of current frameworks for medical diagnostics and various 

deep learning techniques. Deep learning is being used to examine medical conditions, and the focus is on employing different 

algorithms and solidifying certain targets. Deep learning techniques like Artificial Neural Networks (ANN), Bayesian Classifiers, 

CARTs, CNNs, and Decision Trees have been suggested for accurately identifying various complicated medical diseases. The 

presented technique could potentially be enhanced further to automate medical diagnoses with even greater precision. 
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