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ABSTRACT 

The analysis of sentiment similarity between texts 

is an essential task in natural language processing 

(NLP) and has various applications in fields like 

marketing, social media, and customer feedback. 

Trust computing is a crucial factor in sentiment 

similarity analysis as it helps to determine the 

reliability of the data sources used for analysis. 

This review paper examines different trust 

computing strategies used in sentiment similarity 

analysis. 

The paper starts by introducing the concept of 

sentiment similarity analysis and its importance in 

NLP. Then, it discusses the different trust 

computing strategies used in sentiment similarity 

analysis, such as the Dempster-Shafer theory, 

Bayesian networks, and fuzzy logic. Each strategy 

is explained in detail, and their strengths and 

weaknesses are highlighted. 

The paper also covers the challenges in trust 

computing and provides suggestions for future 

research. One of the major challenges is the 

selection of appropriate features for trust 

computing. Feature selection can significantly 

impact the accuracy of trust computing strategies. 

Therefore, the paper emphasizes the importance 

of feature selection and suggests various methods 

for feature selection. 

In conclusion, the paper presents a comprehensive 

review of different trust computing strategies used 

in sentiment similarity analysis. It provides 

insights into  

 

 

the strengths and limitations of each strategy and 

suggests ways to overcome the challenges in  

trust computing. The review aims to assist 

researchers in selecting the most suitable trust 

computing strategy for their sentiment similarity 

analysis tasks. 

INTRODUCTION 

Sentiment similarity analysis is a critical task in 

natural language processing (NLP) that involves 

determining the degree of similarity between texts 

based on their sentiment or emotional tone. The 

analysis has various applications, such as 

marketing, social media, and customer feedback 

analysis. However, the reliability of data sources 

used in sentiment similarity analysis is often 

uncertain, making trust computing a crucial factor 

in the process. 

Trust computing involves evaluating the 

reliability of data sources and assessing the 

credibility of their sentiment analysis results. 

Various trust computing strategies have been 

developed over the years, each with its own 

strengths and limitations. This review paper aims 

to provide a comprehensive analysis of different 

trust computing strategies used in sentiment 

similarity analysis. 

The paper begins by introducing the concept of 

sentiment similarity analysis and its importance in 

NLP. It then discusses the significance of trust 

computing and its role in sentiment similarity 
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analysis. The paper then provides an overview of 

different trust computing strategies, such as the 

Dempster-Shafer theory, Bayesian networks, and 

fuzzy logic. 

Each trust computing strategy is examined in 

detail, discussing their strengths, limitations, and 

suitability for sentiment similarity analysis tasks. 

The review paper also highlights the challenges in 

trust computing, such as feature selection, and 

provides suggestions for future research. 

The review paper aims to provide researchers with 

a better understanding of different trust computing 

strategies and their applications in sentiment 

similarity analysis. By doing so, it hopes to assist 

researchers in selecting the most appropriate trust 

computing strategy for their sentiment similarity 

analysis tasks 

 BENEFITS OF E-COMMERCE 

E-commerce, or electronic commerce, refers to 

the buying and selling of goods or services over 

the internet. There are several advantages of e-

commerce, including: 

1. Convenience: E-commerce allows 

customers to shop from anywhere, at any time, 

without physically visiting a store. Customers can 

browse through products and make purchases 

from the comfort of their homes or on-the-go, 

using their computers, smartphones, or tablets. 

2. Increased reach: With e-commerce, 

businesses can reach a wider audience as there are 

no geographical barriers. This allows businesses 

to expand their customer base beyond their 

physical location, potentially increasing sales and 

revenue. 

3. Lower costs: E-commerce can be more 

cost-effective than traditional brick-and-mortar 

stores as it eliminates the need for physical stores 

and reduces overhead expenses such as rent, 

utilities, and staff. 

4. Improved customer experience: E-

commerce offers a personalized shopping 

experience, with features such as personalized 

recommendations, easy checkout processes, and 

customer support via chat or email. 

5. Increased competition: E-commerce 

creates a level playing field for businesses of all 

sizes. Small businesses can compete with larger 

companies, as customers have access to a wider 

range of products and services. 

6. 24/7 availability: E-commerce websites 

are available 24/7, allowing customers to shop at 

any time, regardless of business hours. This can 

lead to increased sales and customer satisfaction. 

Overall, e-commerce has numerous advantages 

for both businesses and customers, making it a 

popular and growing industry. 

SENTIMENT ANALYSIS 

Sentiment analysis is the process of using natural 

language processing (NLP) techniques to identify, 

extract, and analyze the sentiment or emotional 

tone in a piece of text, such as a social media post, 

product review, or customer feedback. The 

importance of sentiment analysis lies in its ability 

to provide valuable insights into customers' 

opinions and attitudes towards a product, service, 

or brand.  

 

Here are some of the key reasons why sentiment 

analysis is important: 

1. Customer feedback: Sentiment analysis 

enables businesses to monitor customer feedback 

and identify areas of improvement. By analyzing 

customer feedback, businesses can gain valuable 

insights into customer needs and preferences, 

allowing them to make data-driven decisions to 

improve their products or services. 

2. Reputation management: Sentiment 

analysis can be used to monitor a brand's 

reputation and identify potential issues before they 

escalate. By tracking mentions of a brand online, 

businesses can quickly respond to negative 

sentiment and take corrective actions. 
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3. Marketing and advertising: Sentiment 

analysis can help businesses understand customer 

attitudes towards their marketing and advertising 

campaigns. By analyzing the sentiment of social 

media posts and other online content, businesses 

can assess the effectiveness of their campaigns 

and make necessary adjustments. 

4. Competitive analysis: Sentiment analysis 

can be used to monitor customer sentiment 

towards competitors. By tracking customer 

opinions and attitudes towards competitors' 

products or services, businesses can gain insights 

into areas where they can improve and 

differentiate themselves from the competition. 

5. Product development: Sentiment 

analysis can help businesses identify customer 

needs and preferences, allowing them to develop 

products that meet those needs. By analyzing 

customer feedback and sentiment, businesses can 

identify product features that are in high demand 

and prioritize them in their development roadmap. 

Overall, sentiment analysis is an essential tool for 

businesses looking to improve customer 

satisfaction, manage their reputation, and make 

data-driven decisions to stay ahead of the 

competition. 

Different trust computing strategies:   

Sentiment similarity analysis is an important task 

in natural language processing (NLP) that 

involves analyzing the similarity of sentiment 

between two or more pieces of text. Trust 

computing strategies have been proposed as a way 

to improve the reliability and accuracy of 

sentiment similarity analysis. In this review, we 

examine different trust computing strategies used 

in sentiment similarity analysis. 

A.The Dempster-Shafer theory  

It is a popular trust computing strategy used in 

sentiment similarity analysis. This theory is based 

on the idea of combining evidence from multiple 

sources to arrive at a decision. In sentiment 

similarity analysis, the Dempster-Shafer theory 

can be used to combine evidence from different 

sources, such as social media posts or customer 

feedback, to arrive at a sentiment score. 

B.Bayesian networks  

Thease are another commonly used trust 

computing strategy in sentiment similarity 

analysis. Bayesian networks are probabilistic 

graphical models that can be used to represent the 

relationship between different variables. In 

sentiment similarity analysis, Bayesian networks 

can be used to model the relationship between 

different features, such as the frequency of 

positive or negative words, and sentiment scores. 

C.Fuzzy logic  

It is another trust computing strategy that can be 

used in sentiment similarity analysis. Fuzzy logic 

is a mathematical framework that can handle 

imprecise or uncertain data. In sentiment 

similarity analysis, fuzzy logic can be used to 

handle uncertainty in sentiment scores by 

assigning a degree of membership to different 

sentiment  

In conclusion, different trust computing strategies, 

such as the Dempster-Shafer theory, Bayesian 

networks, and fuzzy logic, can be effective in 

improving the accuracy and reliability of 

sentiment similarity analysis. The choice of the 

best strategy will depend on the specific context 

and data sources used. Further research is needed 

to identify the most effective strategies for 

different sentiment similarity analysis tasks 

There are various trust computing strategies used 

in sentiment analysis to evaluate the reliability and 

trustworthiness of data used to perform the 

analysis. Some of the common trust computing 

strategies used in sentiment analysis include: 

1. Linguistic analysis: This approach 

involves analyzing the sentiment of text by 

looking for specific linguistic features, such as the 

presence of positive or negative words, emoticons, 

or idioms. Linguistic analysis can be performed 

manually or by using automated tools that are 

trained to recognize sentiment-related features. 

2. Machine learning algorithms: Machine 

learning algorithms, such as neural networks, 

support vector machines, and decision trees, are 

commonly used in sentiment analysis to classify 

text as positive, negative, or neutral based on a set 

of predefined features. These algorithms are 

trained on large datasets of labeled text to 

accurately classify new text based on its features. 

3. Lexicon-based approaches: Lexicon-

based approaches involve using pre-defined 

sentiment lexicons, which are lists of words or 
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phrases that are associated with positive or 

negative sentiment.  

These lexicons can be general or specific to a 

particular domain or language. 

4. Rule-based approaches: Rule-based 

approaches involve using a set of rules to identify 

the sentiment of text. These rules are typically 

based on linguistic features and may include rules 

for identifying negation, intensifiers, and other 

sentiment-related features. 

5. Hybrid approaches: Hybrid approaches 

combine multiple trust computing strategies to 

improve the accuracy and reliability of sentiment 

analysis. For example, a hybrid approach may use 

both a machine learning algorithm and a lexicon-

based approach to classify text as positive, 

negative, or neutral. 

Overall, the choice of trust computing strategy 

depends on the specific context and data sources 

used in sentiment analysis.  

Each strategy has its strengths and weaknesses, 

and researchers and practitioners may need to use 

multiple strategies to achieve the desired level of 

accuracy and reliability in sentiment analysis. 

Sentiment analysis, also known as opinion 

mining, is the process of automatically analyzing 

and classifying subjective information from text 

data, such as reviews, social media posts, and 

news articles, into positive, negative, or neutral 

sentiment.  

With the increasing availability of large amounts 

of user-generated content on the internet, 

sentiment analysis has become an important 

application of machine learning algorithms. 

Machine learning algorithms for trust 

computing: 

 

There are several machine learning algorithms 

that can be used for sentiment analysis, including: 

1. Naive Bayes:  

Naive Bayes is a simple and effective probabilistic 

algorithm that is commonly used for text 

classification tasks, including sentiment analysis. 

It assumes that the probability of each feature 

(word) in the input text is independent of the other 

features, which can lead to high accuracy and 

efficiency in practice. 

2. Logistic regression:  

Logistic regression is a linear classification 

algorithm that is commonly used for sentiment 

analysis. It models the relationship between the 

input features (words) and the output sentiment 

labels using a logistic function. It can be easily 

implemented and provides interpretable results. 

3. Support vector machines (SVMs): 

SVMs are a powerful algorithm that can handle 

non-linearly separable data by mapping the input 

data to a higher-dimensional feature space. SVMs 

have been shown to achieve high accuracy in 

sentiment analysis tasks, particularly when 

combined with kernel methods. 

 

4. Decision trees:  

Decision trees are a popular machine learning 

algorithm that can be used for classification and 

regression tasks. They partition the input data into 

subsets based on the values of the input features 

(words) and recursively build a tree structure to 

classify the data. Decision trees can be easily 

visualized and interpreted, but may suffer from 

overfitting on noisy data. 

5. Random forests:  

Random forests are an ensemble method that 

combines multiple decision trees to improve the 

accuracy and robustness of the classification 

results. They randomly sample the input features 

and data instances to build each tree and aggregate 

the results of the individual trees to make the final 

prediction. Random forests can handle noisy data 

and prevent overfitting, but may be less 

interpretable than single decision trees. 

In practice, the choice of machine learning 

algorithm for sentiment analysis depends on 

several factors, such as the size and complexity of 
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the dataset, the desired level of accuracy and 

interpretability, and the computational resources 

available. It is also common to preprocess the 

input data by removing stop words, stemming the 

words, and converting the text to lowercase to 

reduce noise and improve the performance of the 

algorithms. Additionally, feature engineering 

techniques, such as bag-of-words, n-grams, and 

word embeddings, can be used to extract useful 

information from the input text and improve the 

performance of the algorithms. 
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