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This paper discusses the effect of question difficulty on students’ performance in multiple choice questions
(MCQs). It also explains the essence of the impact to support balanced assessments in learning environments that
are fair and productive. The relevance of this is how grading strategies can be changed to expose the real abilities
of the learner and thereby benefit educational assessment with improved.learning. This study aims at bridging this
gap through an analysis to find out the areas of question difficulty that:might affect students’ performance and,
therefore, suggest changes to the grading system that would take care of those areas. The data in this paper is
analyzed using statistical methods in order to evaluate different grading.strategies. It uses a simulated dataset of
student responses to MCQs of differing levels of difficulty but without necessarily detailing each of its steps. The
results concluded that question difficulty does hold a level of significance with performance. Grading adjustments,
which include weighted scoring, normalization, penalization, and bell curve application, do have varied effects on
reflecting true student capability. in assessments. This research .develops an understanding of how question
difficulty impacts student performance and provides insights.into fair practices for assessment. It is to be noted
that an educator will have to develop a balanced-examination design along with balanced grading, which is a true
reflection of student knowledge and skills.
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1 Introduction

Understanding of such influences that question difficulty can produce on the students’ performances in MCQs
becomes an important aspect, ensuring quality educational assessment, and consequently improved learning
outcomes. The very nature of MCQs is such that there can be a problem of over-difficulty in the assessment of the
exams if these are not properly counterbalanced by the educator. In doing so, it moves to explore the complexity
of the relationship between student performance and question difficulty and how the variation of question difficulty
can either challenge or retard student achievement. Such would be invaluable insights for educators, curriculum
developers, and policymakers, among others who may be interested in optimizing the strategies of teaching and
designs of examination that would foster a fair and effective learning environment.

In the literature, no research addresses the general correlation between student performance and the difficulty of
questions being asked, nor the differences in grading methodologies when applied in an attempt to balance this
interrelationship.
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Works of studies such as [Karelia et al., 2013; Towns, 2014; Kar et al., 2015] have noted the requirement for the
balance of their analysis between question difficulty and the effect it has on student performance. There is,
however, still room for properly understanding how different grading strategies can be designed in such a manner
that they take into account the difficulty spectrum of questions on examinations. In other words, the exam should
be both tough and fair [Sevenair and Burkett, 1988].

This is the exact gap the present research hopes to fill by providing detailed analysis of how the leveling of question
difficulty affects student performance and how, in the face of these differences, grading strategies can be modified.
Using a simulated dataset of student response patterns to MCQ items with different levels of difficulty, this paper
describes an innovative methodological approach to grading, reflective of genuine student capabilities. This study
would thus add value to the extent that it has great potential to inform much-needed improvements in educational
practice, specifically around the crafting of assessments to ensure that they are rigorous and fair. This study intends
to add to existing literature that provides an underlying foundation for other future research seeking optimal
educational outcomes. This study further refines the subtleties of question difficulty and the implications that arise
from its grading, thereby adding a layer over an already established knowledge and helping to pave the way for
future research in the quest for ideal educational outcome.

2 Related Works

The examination standards domain and the diversity of approaches and methodologies have been addressed in this
assessment. Earlier landmark work in this area was of Bandaranayake (2008), Zainudin et al. (2012), Karelia et al.
(2013), Towns (2014), Kar et al.(2015), Baldwin (1984) and Hambleton et al. (1991). Andrew and Hecht (1976)
found differences in the standards set by different judges, showing that for the most part, there were no differences
in group standards when compared to individual judgments.

Berk (1986) reviewed a practical guide:offering 38 standard-setting and adjusting methods recommended to
educational and testing authorities. Beuk (1984) proposed to balance absolute versus relative standards
systematically in examination settings by suggesting a linear function for the compromise between the pass score
and pass rate.

Brennan (1992) considered the use.of generalizability theory for the purposes of including more information of
the different sources of error in measurement than is possible using classical test theory and ANOVA. In one of
the works, Chambers, Boulet, and Gary (2000) reported on data related to time allocation in SP assessments and
found that the mean time was adequate.

De Gruijter (1985) has described the compromising models as‘those that continue to compromise the standards,
with the help of the observed score distribution, for effective balance between absolute and relative standards. The
Medical Council of Canada used an innovative -approach to set the pass marks for completing a national OSCE
which was described by Dauphinee et al. (1997).. This method is.effective in identifying borderline performances
with the use of global judgments of physician examiners.

Floreck and De Champlain (2001) saw the point that standardization was important in SP examinations for
maintaining reliability in a large-scale implementation. Hodges et al. (2002) reported that there may be a very
subtle difference in the style of interviewing between the expert clinician and novice that may give clear indication
of the need of OSCE measures to tap into the small nuances of behavior for the full evaluation of the clinical skill.

Kane (1994) went on to reiterate that it should be within the validity of the passing score that the reflection of the
specified performance standards and reasonableness in intended decisions are encapsulated. Chinn and Horitz
(2002) reviewed Angoftf’s standard setting techniques and concluded that there was a reasonable stability in
percentage-based judgments, but there existed variability in dichotomous ratings post introduction of item
difficulty data and group discussions.

As revealed by Boulet, De Champlain, and McKinley (2003), it is difficult to come up with standards, especially
on performance assessments that involve SPs in the medical field. Ben-David (2000) has emphasized the fact there
is a growing need for innovative new approaches to setting standards in assessing professional competence, and
he also emphasized that there is no universally recommended method in this regard because the field is new.
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De Champlain et al. (2001) assessed automated scoring and developed cost-effective models to evaluate clinical
skills that sustained the important aspects of expert judgment. At last, Clauser et al. (1997) compared the adequacy
of different methods for grading performance assessment with automated ratings versus those of experts and have
put forward its possible applications for different tasks. All of these studies contribute meaningfully to the evolving
field of methodologies for assessment, bringing to light complexities and necessities of fair and accurate evaluation
within worlds of education and profession.

3 Methodology

This research examines student performance on multiple-choice questions (MCQs) of varying difficulty levels.
The aim is to understand how different question difficulties impact student performance, guiding improvements
in teaching methods and exam design. Figure 1 shows the proposed methodology for this research.
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Figure 1: Proposed Methodology
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3.1 Methodological Approach

A Research Problem and Data Requirement

This research aimed to find out the student performance on multiple-choice questions (MCQs) of various difficulty
levels. The study required data on students’ answers to a set of 100 MCQs. The simulated data presented the
responses of students to questions of varying difficulty, forming a basis for assessment and refinement of grading
strategies.

B Aim of the Research

To determine a clear understanding of how different levels of question difficulties affect student performance.
Data were collected to represent different levels of question difficulty and student accuracy. This allowed
identifying trends in performance, indicating where teaching methods or exam designs need adjustments.

C Type of Data Collected

Quantitative data was necessary_to fulfill the research. aim. The generated dataset included numerical
representations of students’ answers and question difficulties. Quantitative analysis enabled accurate measurement
of performance grading and its effectiveness.

D Data Collection Methods

Primary data was used, generated through a Python script that simulates realistic student responses. The script
created a dataset representing answers from 20 students to 100. MCQs. Simulated data allowed testing and
comparing different grading methaods in a cantrolled environment; free from ethical and practical issues.

E Objectives and Research Questions

The methodology was tailored to effectively assess the research questions. Each method addressed grading nuances
based on question difficulty and student performance, validating the research’s aims and questions.

3.2 Methods of Analysis

A Data Processing and Analysis

Data were processed and analyzed using statistical methods to evaluate grading strategies. Methods included
difficulty-based weightage for questions;-normalization, and statistical distributions application. These methods
offered detailed assessments of student performance, considering each question’s difficulty.

B Tools and Statistical Methods

Python libraries like pandas, numpy, seaborn, and matplotlib were used for data processing and analysis. These tools
facilitated efficient handling of large datasets and complex calculations, providing clear insights into grading
strategies’ effectiveness.

3.3 Evaluation and Justification of Methodological Choices

The chosen methods provided a balanced approach to analyzing MCQ performance. Techniques were selected to
accurately reflect the difficulty level of questions, allowing for a fair grading system. The approach relied on
simulated data, which might not fully capture real student behavior nuances, but allowed for controlled, in-depth
analysis.

3.4 Grading Strategies Analysis

3.4.1 Method 1: Weighted Scoring Based on Question Difficulty

This method assigns weights to questions based on their difficulty to calculate student scores. For i#)-th question,
the difficulty is calculated using the formula:
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. number of correct answers
difficulty; = (1)

total number of students that attempted (i)-th guestion

Based on this difficulty level, weights are assigned to the questions. The weight i} for the i*)-th question,
determined by its difficulty level, is defined as follows:

(2 if difficulty, < 0.125,
1.75 i 0.125 < difficulty; < 0.375,
w; = ¢ 1.5 if 0.375 < difficulty; < 0.5, (2)
1.25 if 0.5 < difficulty; < 0.625,
1 if difficulty;, > 0.625

\

3.4.2 Method 2: Normalized Weightage with Penalization

In this method, scores are adjusted based on the-normalized weightage of gquestions, with penalties for incorrect
answers [Sachdev, (2019)]. The normalization process commences with the calculation of the performance index

(i1 for each 1% )-th question as the ratio of the number of correct answers to the total number of students:

number of correct afswers for question i
= - oy, e : (3)
total number of students that attempted (i)-thguestion

1

]
When no student attempts i )-th question, 17 ] becomes 0, leading to k:t'in to trend towards infinity. To address this
issue, the range of i) is clipped to lie between 0.2 and 0.8. This ensures stability and prevents computational
1 ( 1

f — |
extremes. The aggregate of the reciprocals of the performance indices determines * AJ the sum of all "
I_ B T 1 (4)
A P P .

where 17} is the total number of questions. The:-normalized weightage .t/ for each question is calculated as
follows:

1
=2 =2 ©)

x P

which simplifies to multlplylng the reciprocal of the performance index (#:] by {A). Marks are then allotted to a
student 1.7 on question . ] based on this normalized weightage. The scoring rule is defined as:

100 = wy;  if the answer is correct.

- (LR TIN
3

)] if unanswered.

SCOTE; if the answer is incorrect, (6)

This approach ensures that the weightage of each question is normalized relative to the overall difficulty of the set
of questions, facilitating a fair and balanced scoring mechanism.
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3.4.3 Method 3: Bell Curve Application

This method applies a bell curve grading system, standardizing scores across a normal distribution for each & % )-th
question. The difficulty of each question : 1) is quantified before applymg the Z-score formula. Please refer to
Equatlon (1) for calculating the difficulty (difficulty;) of each question & #]. Then, the Z-scores for each question
%) are calculated using the formula:

. difficulty, — p )

T

where 1#! is the mean difficulty of all questions, and ! is the standard deviation of these difficulty levels. Z-
scores adjust the grading scale, placing the performance of the .i)-th student in the context of the overall group,
leading to a distribution of scores that follow a bell curve. Marks for the i7)-th student on the {#)-th question are
then assigned based on these Z-scores, with score ranges mapped to a predefined grading scale, ensuring that
grades are distributed evenly across the performance spectrum. The predefined grading scale for the i7)-th student
on the i#)-th question, based on i .} ranges, is defined.as follows:

1 if -3 < 2; < =2,

3 ifS-2% iz < B, ®)
= -
i L= 2z <0,

if z; =0

el S

3.4.4 Difficulty Categorization and Visualization

Questions are categorized based on their difficulty levels, aiding in the analysis of question distribution.
Questions are segmented into ’Basy?, "Medium’, and *Hard’ Categories based on their difficulty (difficulty;)
calculated in Equation (1). The categorization is derived using the following formula:

Harel if rlif‘ﬁ{-u]w. < (J.12h.
Difficulty Level, = & Medmm if (0.125 ifficulty, <2 (K625, 9)
Fasy if ll]H'l{"Il]T.". ;= 0.625

This categorization helps in visualizing the distribution of questions by difficulty levels, enabling a better
understanding of the assessment’s balance and fairness. The process involves using numerical thresholds based on
the calculated difficulties to categorize questions, which is crugial for a structured analysis of question difficulty
levels and subsequent visualization.

4 Results and Discussion

4.1 Overview of Analysis

The study was a performance-validation exercise of students’ Multiple Choice Questions (MCQ) examinations
and utilized various methods based on the MCQ dataset. Subsequently, the combination of answered questions
and unanswered questions (coded as 100) was used to analyze data from 20 students answering 100 questions,
employing three different methodologies for the evaluation and adjustment of the scoring system and the
categorization of question difficulty. Table 1 shows the responses from students, which were taken at an initial
point. In other words, it shows a subset of the dataset with answers from students to a number of initial sets of
questions. The table represents an unprocessed raw snap of data forming a basis for further methodological
adjustments and analysis.
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Table 1: Student Responses to Questions

Question No. Student Responses
Q1 2 2 2 2 2 2 2 3
Q2 2 4 2 2 2 100 2 2
Q3 4 4 4 4 1 4 1 1
Q4 2 4 3 4 4 4 4 4
Q5 4 4 4 4 4 3 4 4

Table 2: Correct Answers for Questions (1-10 shown out of 100)

Question No. Correct Answer
Q1 2
Q2 2
Q3 4
Q4 4
Q5 4
Q6 4
Q7 1
Q8 2
Q9 4
Q10 3

... 90 more questions ...

Correct answers for problems contained in the attached sample are given in Table 2. Such an answer key serves
very well in evaluating students’ performance and making comparative studies of various scoring methods.
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Table 3: Truncated Results for Students (20 students, 100 questions)

Question Student_1 | Student 2 | Student 3 Student_19 | Student_20
Q1 1 1 1 1 1
Q2 1 0 1 100 0
Q10 0 1 0 0 0
Data continues for each student across 100 questions

Table 3 presents students’ result that were derived after matching the student responses in Table 1 with the
answer key in Table 2. It is a snapshot of performance data for 20 students on a 100-question test. This shows
how there is variance in student response and lays the basis of how different grading strategies impact student

performance.
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Figure 2: Original Distribution of Student Marks Before Weightage Adjustments

The scatter plot presented above reflects the raw scores of the students before the evaluation or adjustment
methodology was taken up that would change some of these scores based on the weightages. In fact, it sets the
first line for further comparisons of methods. Each of these tables and figures plays a crucial role in visualizing
the data and supporting the analysis of the assessment’s balance and fairness, as well as the effectiveness of the

applied scoring methodologies.
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4.2 Method 1: Basic Weightage Calculation

First, the number of correct attempts of students were counted and then divided with the total number of students
to calculate the difficulty of each question. Later, in the next stage, according to the predefined criteria, the weight
of every question was decided. Total marks per student were computed only after establishing these weightages.
Replacement of any instance of 100, indicative of non-answered questions, with 0 was done, respectively, after
which these scores were aggregated to come up with each student’s total marks. This is shown in Table 4 and, it
made it easy to come up with a scatter plot graph of the updated total marks for the students. The graph clearly
shows the discrepancies that were previously present in the performance of the students. Moreover, this graph
delineates the pass mark threshold at 48 marks (Figure 3).

Table 4: Summary of Original and Adjusted Weights for Questions

Question No. | Original Weight | Adjusted Weight
1 0.90 1.00
2 0.65 1.00
3 0.65 1.00
96 0.15 1.75
97 0.20 1.75
98 0.05 2.00
99 0.25 1.75
100 0.15 1.75

601

Total Updated Marks of each Student

® Total Updated Marks
=== Thrasholl (48 marks)

8 El 10 11 12 13
Students

Figure 3: Weightage-adjusted distribution of student performance
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The scatter plot presented above shows a distribution of marks scored by students for the preset weightage criterion.
It describes the effect of such criteria on student scores and reflects moderate variations in performances. This
shows the adjustments of weightage in shaping the overall distribution of marks, with a nuanced attitude,
enunciating the impact that these predefined factors derive over the student outcomes. Please note that after
applying this method the weightage of Easy questions remained the same but the weightage of Medium and Hard
Questions was increased respectively, which led to the Total Marks or the Maximum Achievable Marks of the
Paper to change and increase from the predetermined 100 marks. It is important to bring to notice that this change
is done only for comparison purposes and the Total Marks or the Maximum Achievable Marks of the Paper still
remains at 100 Marks only.

4.3 Method 2: Advanced Weightage Calculation

The second method advanced the analysis in that the clipped range of the reciprocal values of the performance
index {#:) of each question are computed and then normalized to get a final weightage for each question. This
approach also took into account updating the student marks based on this final weightage, with conditions applied
that would simulate the correct, incorrect, and not answered scenarios. The scatter plot in Figure 4 shows a more
uniform spread of marks, with some students whose-marks were affected greatly by the adjustment in weightage,
indicated through a 10-mark threshold line.

Table 5: Comparative Analysis of Question Weightages: Initial, Inverse, and Normalized Values

Question No Performance Reciprocal Value Normalizedl .
| Index () Litpl Weightage A/7)

1 0.9 1.25 0.00

2 0.65 1.54 0.01

3 0.65 1.54 0.01

97 0.25 4.00 0.02

98 0.15 4.00 0.02

99 0.2 4,00 0.02

100 0.15 4.00 0.02
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Figure 4: Advanced Weightage Impact on Students” Marks Distribution

The scatter plot in Figure 4 shows the distribution of students” marks calculated post applying an advanced
weightage calculation technique. The: impact of using normalized-scoring along-with negative marking for
incorrect answers can be seen clearly. across the cohort. The plot shows'a varied effect of weightage adjustments
on student performances, with a reference line at 10 marks. Again, kindly take note that similar to Method 1, after
applying this method the weightage of Easy questions remained the same but the weightage of Medium and Hard
Questions was increased respectively, which led to the Total Marks or the Maximum Achievable Marks of the
Paper to change and increase from the predetermined 100 marks. Thus, it is again important to bring to notice that
this change is done only for comparison purposes and the Total Marks.or the Maximum Achievable Marks of the
Paper still remains at 100 Marks only.

4.4 Method 3: Bell Curve Application

The third approach consisted of a statistical model that used a normal curve distribution in allocating marks. This
model tried to assess the difficulty of each question by first, finding the mean and standard deviation of the
(difficulty;) for all i} questions, after which the respective z-values were calculated to find out the final weightage
of each question using a predefined criteria. Then, updated marks for each question were allotted based on these
final weightages { &), and the bell curve method was applied to the students’ total updated marks. This is evidently
brought out from the scatter plot and normal distribution graph of the marks allocation done by this method. The
threshold line is set at 70 marks. (Figures 5 and 6).
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95 4
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Total Marks
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Table 6: Summary of Normalized Weightage and Z-values for Questions

85 1

Question No. [ Normalized Weightage Z-value Updated Z-value
1 0.90 0.33 1
2 0.65 -0.23 2
3 0.65 -0.23 2
4 0.75 0.00 2
96 0.20 -1.25 3
97 0.05 -1.59 3
98 0.25 -1.14 3
99 0.15 -1.36 3
100 0.20 -1.25 3
Statistics Value
Mean 0.44
Standard Deviation 0.26
Total Updated Marks of each Student
® e Total Updated Marks
o --= Threshold (70 marks)
o
& o

e o ————————————

5 6 7 8 9 10
Students

12 13 14 15 16 17 18 19 20

Figure 5: Distribution of the adjusted student marks by Bell curve method
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The graph presented in Figure 5 shows the distribution of individual student scores after making the bell curve
adjustments.

Normal Distribution of Total Updated Marks of each Student (with Actual Points highlighted)

— Normal Distribution
& Actual Updated Marks

0.040 4

Probability Density

(:{x] 70 BO 90 100 110
Total Updated Marks of Students

Figure 6: Normal-Distribution Curve of Updated Student Marks

In Figure 6, the normal distribution curve for the updated students’ marks was drawn with the mean marked at
83.25 and standard deviations at -1 SD (73.29) and +1 SD (93.21) to show how scores are spread across the
distribution with respect to the mean.-Updated Student Marks are overlaid to show their alignment with the
theoretical distribution. Once again, similar to the previous methods used, the weightage of Easy questions
remained the same but the weightage of Medium and Hard Questions was increased respectively after applying
this method, which led to the Total Marks or the Maximum Achievable Marks of the Paper to change and increase
from the predetermined 100 marks. Hence, it is again brought to notice that this change is done only for comparison
purposes and the Total Marks or the Maximum Achievable Marks of the Paper still remains at 100 Marks only.

4.5 Question-wise Difficulty Analysis

Separate analysis was done to classify all questionsinto Difficulty Levels based on difficulty calculations done in
Equation (1). Visual distributions using bar and pie charts-have been made for showing the distribution of question
difficulty into three Categories (Easy, Medium, and Hard), where it was found that statistically, many questions
fell under the category of medium difficulty (Figures 7a and 7b).
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Table 7: Weights and Difficulty Levels of Questions

Question No. Weight Adjusted Weight Difficulty
1 0.9 1.0 Easy
2 0.65 1.0 Easy
3 0.65 1.0 Easy
4 0.75 1.0 Easy
5 0.9 1.0 Easy

... data continues up to 100 entries ...
Table 8: Count of Items by Difficulty Level
Difficulty Level | Count

Hard 13 |
Medium 62
Easy 25

Question Difficuity Distribution

] 8 g g

Numbar af Quaestions

3

X
=

o 5
k-‘ I

Medum
Difficuty Level

7a) Bar Plot of Question Difficulty Distribution

Percentage of Questions (by Difficulty Level)

Hard

Easy

62.0%

Medium

7b) Pie Chart of Question Difficulty Proportions

Figure 7: Analysis of Distribution and Proportion of Question Difficulty
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Figure 7 essentially shows the questions in an exam categorized by levels of difficulty. It emphasizes the
balanced nature of the Test Questions in terms of the quantity of questions of Easy, Medium, and Hard Difficulty
Levels.

4.6 Key Findings
1. Investigating the Impact of Question Difficulty:

The main objectives were to find out how differently the level of difficulty affected student performance
in the multiple-choice questions (MCQs). A comprehensive dataset was prepared using a Python script; it
was basically composed of simulated responses to 20 students taking 100 MCQs with varied levels of
difficulty. These simulated responses are, in turn, analyzed, showing the relationship of difficulty of
questions and accuracy of students that may draw some comments. Complications may take place through
simulated data, but this way, allowed a controlled testing and comparison of different strategies of
evaluation. Such simulated data were created within the methodology, analyzed, and are used as a really
good ground for the further investigation of how the approaches to grading vary.

1. Advancements in Weighted Scoring Analysis:

The study has used a weighted system of scoring to ensure that the students’ scores are more effective,
based on the questions’devel of difficulty: A:weight is assigned to each question, reflecting difficulty based
on the percent of students who answered-the question correctly. This was, for instance, a way to ensure
each question’s value in the test gets accurately represented so.that it informs more about the student’s
performance and, eventually, the grading system. Weighted scoring allowed differences in the students’
performance to be noticed, where further justification to .investigate the use of normalization and
penalization techniques was granted.

2. Refinement through Normalization and Penalization

The research delved into hormalization and penalization as strategies of enhancing assessment of student
achievements. It equally introduced a new grading system that would be able to normalize the weights of
the questions and apply penalties for answering wrong to balance the grading scale. Designed to fairly
represent the student’s knowledge, this approach aimed at minimizing the effect of question difficulty on
overall results by penalizing mistakes and normalizing scores appropriately. Normalized weighting and
penalization, if applied, would.at the least bring the result closer to.a grading system of better equity and
potentially a one that aligns. more closely with what a student has understood and achieved as a learning
outcome.

3. Evaluation through Bell Curve Grading

The research critically examined the application of Normal Distribution using a Bell Curve in the grading
system. The grading, therefore, was scaled with a standard bell curve statistical model to normalize the
students’ scores against the difficulty of the questions. This approach tried to create a fair and balanced
grading system in which the score distributions are lined up similar to a bell curve, leading the way for
consistent and just evaluation of student performance. It is hence an outstanding example of how the study
does contribute to standard performance measurement through a wider comparison of different methods
allowed for grading with its impact on assessment of students.

4. Categorization and Visualization of Question Difficulty

A significant aspect of the research was the systematic categorization and analysis of question difficulty.
Questions per se were classified into ’Easy’, ’"Medium” and *Hard’ Categories as per the weightage at which
they were counted so that the scrutiny at question-difficulty spread could become easier within the given
examination. The categorization provided relevant insights into the structure of the exam, signaling the
extent to which the test successfully managed to challenge the students, even offering potential
recommendations on how this design of the test can be improved. Therefore, it is important that educators
prepare an assessment that is balanced in taking a true test of the student’s ability and a one that prepares
them for the varied academic challenges.
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5 Conclusion

The current study presupposes an experimental approach to establish the way question difficulty affects student
performance on a Multiple-Choice Questions (MCQ) type of test paper. The question difficulty’s significance on
student performance is highly established using weighted scoring methods in order to make a fairly valid student
performance evaluation. The introduction of both normalization and penalization techniques was put in place to
bring equality of difficulty across the examination, along with the bell curve method to standardize scores against
a normalized distribution.

The research was done through the use of data simulations and hence gives no room for the real nature of student
behaviors and variation in performance. This article could have been affected by some potential limitations such
as the sample size being not more than 20 students. However, this helped in ensuring a focused analysis of the
proposed methodologies.

Future research will need to take place in a larger, more diverse educational setting and over a longer period of
time to observe how the impact of their methodologies affect the learning outcomes and student satisfaction. This
also helps to understand how question difficulty relates to student involvement.

Ultimately, the findings in the study did suggest that in order to carefully align examination design and grading to
educational policy, there may be an urgent need-for balanced assessments representing skills and knowledge of
the students appropriately. And the teachers, of course, need to be capable of developing not only the assessments
but also the appropriate grading scales for the different levels of difficulty of all those exams and also, develop the
teaching strategies to assist students in being successful at all those different levels. This study may also create
resources to assist in deciding the examinationdifficulty and student preparation effectively.
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