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Abstract

Digital transformation (DT) helps modern companies gather, process, and analyze data for strategic
decision-making. Finance is studying digital technologies, but their effects on core corporate finance
outcomes like business valuation and investment decisions remain unclear. To fill the gap, the PRISMA-
compliant systematic literature analysis of Scopus-indexed peer-reviewed journal papers from 2005 to 2025
synthesizes 79 digital transformation in corporate finance works.

The review provides three major contributions. A three-tier framework links digital inputs (enterprise
systems, big data analytics, artificial intelligence, blockchain, and cloud infrastructure) to financial
mechanisms (information quality, monitoring and control, analytics-enabled decision support, and
coordination cost reduction) to influence corporate finance outcomes, specifically firm valuation. Second,
it presents a systematic empirical synthesis of valuation and investment studies that shows digital
transformation positively correlates with market-based valuation metrics (Tobin's Q, market-to-book ratios,
stock returns, and enterprise value), investment efficiency, loss of misallocation, and capital reallocation
flexibility. These effects depend on firm size, governance, ownership, institutional environment, digital
maturity, and data quality.

The study's prospective research program finds serious theoretical and methodological shortcomings. The
restricted mix of behavioral corporate finance and dynamic capabilities theory and the prevalence of
archival panel-based methodologies hinder causal designs, tests, and qualitative data at the CFO level. This
study provides explicit philosophical, methodological, and policy-relevant research recommendations to
explain digital transformation as a financial concern. The findings support future research and offer
practical advice for digital corporate finance academics, industry leaders, investors, and regulators.
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1. Introduction

The behavior, performance, and strategic decisions of modern companies have changed owing to digital
transformation (DT). Digital Transformation (DT) transforms value generation, operational efficiency, and
strategy beyond automation (Vial, 2019). Core managerial domains that were once analytically rigorous,
judgment-dependent, and institutionalized have been affected. Corporate finance controls resource
allocation, investments, risks, and shareholder value.
Capital budgeting, valuation, financing alternatives, and governance are affected by financial theory,
managerial discretion, and information restrictions. Access, speed, and quality of information determine the
efficacy of these assessments (Myers & Majluf, 1984). The environment has been transformed by real-time
data, enhanced analytics, algorithmic forecasting, and automated decision support. ERP systems, big data
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analytics, Al, machine learning, and blockchain have changed the generation, processing, and interpretation
of corporate finance data.

The role of the CFO has changed from financial reporting steward to strategic collaborator employing
digital technology for proactive decision-making (Bhimani & Willcocks, 2014). Capital budgeting
increasingly uses data-driven scenario analyses, predictive modeling, and real-time performance
measurements. Digital monitoring, reporting, disclosures, analytics, and intangible asset assessments
improve governance and corporate values. This shows that digital transformation represents a significant
corporate financial revolution, not just a technological breakthrough.

In the past decade, digital transformation scholarship has developed because of these shifts. After studying
digital adoption, IT investment, and operational efficiency, value relevance, investment efficiency, and
strategic financial performance were considered. Post-2015 Scopus-indexed journal bibliometric data
demonstrate a huge increase in publishing and managerial decision-making using advanced analytics, cloud
computing, and Al (Hanelt et al., 2021). Digital transformation is being examined for its effects on firm-
level outcomes such as market valuation, productivity, innovation, and investment behavior.

Despite this expansion, the literature remains fragmented. In addition to investment efficiency and
governance, digital transformation and company valuation research are common. A substantial chunk of
this work uses empirical methods but does not integrate the findings into corporate finance theory. Thus,
while evidence of digital transformation's performance benefits is increasing, there is no consensus on why
and how digital technologies affect valuation and investment decisions.

This gap hampers corporate finance, which uses agency theory, information asymmetry, resource-based
perspectives and information processing perspectives. Empirical outcomes may be context-dependent and
challenging to generalize without theoretical integration. A systematic, theory-based synthesis of
heterogeneous data is required to understand the digital revolution in corporate finance.

Digital transformation in finance is studied extensively, although FinTech, consumer finance, and banking
and financial services dominate. These streams offer essential insights into digital innovation, but they are
conceptually and institutionally unique from corporate finance and cannot be generalized.

FinTech research covers digital payments, peer-to-peer lending, robo-advisory platforms, and blockchain-
based financial intermediation (Gomber et al., 2018). This literature focuses on consumers and financial
intermediaries, not businesses. Customer experience, operational efficiency, regulatory compliance, and
competitive dynamics are key study areas in digital banking and financial services (Vives, 2019).

Corporate finance studies how non-financial organizations make long-term financial decisions. Capital
allocation, investment timing, finance structure, distribution regulations, and governance are factors. Digital
transformation impacts corporate finance in unique ways for each organization.

Corporate finance market and accounting performance indicators include Tobin's Q, stock returns,
enterprise value, investment efficiency, and cash flow sensitivity. These measurements show investor
behaviour, resource allocation efficiency, and strategic financial performance (Fazzari et al., 1988). Digital
transformation enhances monitoring, forecasting, and investment plan flexibility by reducing information
asymmetry.

Due to their irreversibility and ambiguity, corporate finance choices are sensitive to information and
analysis (Dixit & Pindyck, 1994). Digital technology can real-time evaluate investment opportunities,
adjust deferral option prices, and reallocate cash. These systems differ fundamentally from consumer
financing and banking, emphasizing the necessity to evaluate corporate finance separately. This valuation
and investment study emphasizes digital change in corporate finance. Explains how digital technology
affect corporate financial decision-making.

Digital transformation and corporate finance research is accelerating, yet gaps remain. Literature has
several theme silos. Digital transformation and corporate valuation study generally examines stock market
responses, intangible assets, and disclosure quality (Luo et al., 2020; Ritter & Welch, 2002). Digitalization
and investment efficiency are examined for over-, under-, and capital allocation sensitivity (Chen et al.,
2023; Goldfarb & Tucker, 2019). The third strand covers governance and technology, including digital
monitoring, internal controls, and transparency (Appelbaum et al., 2017).
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Although each stream provides essential knowledge, they rarely interact. A comprehensive framework
relating digital technology to corporate finance procedures, appraisal, and investment results is lacking in
the literature. Digital transformation may increase firm valuation, however research may not clarify whether
it is due to enhanced investment efficiency, governance, information processing, or capital market signaling.
Theory-based classification lacks. Statistical correlations replace causal pathways in many empirical
research. Agency theory (Jensen & Meckling, 1976), resource-based view (Barney, 1991), and information
processing theory (Galbraith, 1973) are briefly referenced or ignored in corporate finance. Literary
cumulativeness and theoretical development are limited.
Third, most digital transformation assessments prioritize organizational or information systems over
corporate finance. Thus, a comprehensive study on how digital transformation influences business valuation
and investment is lacking.

Comprehensive, transparent, and conceptually informed literature synthesis is needed to address these
difficulties. This article goes beyond descriptive summaries to assess how digital transformation affects
corporate finance using Scopus-indexed peer-reviewed literature.

Research Objectives and Questions
In response to the identified gaps, this study pursues four interrelated research objectives.

RO1: To systematically map how digital transformation is conceptualized and operationalized in corporate
finance research.

RO2: To synthesize empirical evidence on the relationship between digital transformation and firm
valuation.

RO3: To synthesize empirical evidence on the relationship between digital transformation and investment
decisions.

RO4: To identify dominant theoretical perspectives, methodological approaches, and unresolved tensions
in the literature.

2. Methodology: Systematic Review Protocol

Synthesis and integration of digital transformation research in corporate finance, specifically business
valuation and investment decisions, is done in this systematic literature review. Rapidly developing,
conceptually disordered, and theoretically unintegrated topic areas benefit from systematic reviews
(Tranfield et al., 2003). Digital transformation study spans finance, management, information systems, and
strategy, thus open and replicable reviews are necessary for analytical rigor and selection bias reduction.

The review follows the Preferred Reporting Items for Systematic Reviews and Meta-Analyses
(PRISMA) framework (Page et al., 2021), which has become the dominant methodological standard for
evidence synthesis across management and finance research. PRISMA emphasizes clarity in database
selection, search strategy, screening, eligibility assessment, and final inclusion, thereby enhancing the
credibility and reproducibility of review findings.

2.1 Database and Data Source
Choice of Database

Scopus alone was used for this systematic review. Coverage, quality, and transdisciplinary research
relevance determined this decision. Scopus has more peer-reviewed business, management, accounting,
economics, and information systems journals than Web of Science (Mongeon & Paul-Hus, 2016). Finance
theory, digital technologies, and organizational processes must be covered in corporate finance digital
transformation to avoid disciplinary prejudice. Second, Scopus carefully chooses and indexes journals for
peer review, editorial quality, and publication ethics (Elsevier, 2023). Third, high-impact systematic reviews
and bibliometric studies in finance and management research use Scopus, making it a reliable source
(Donthu et al., 2021). Merging datasets into one high-quality database avoids duplication and discrepancies.
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Time Window Selection

Digital transformation research from 2005 to 2025 is reviewed from conceptual to empirical complexity.
The lower bound (2005) establishes enterprise-level digital systems (e.g., ERP, enterprise analytics) as
strategic organizational assets, while the higher bound (2025) incorporates the latest peer-reviewed data
collection contributions.

Scopus data changed significantly after 2015. Today, business decisions are made using big data analytics,
cloud computing, Al, and blockchain technologies, and digital transformation is strategic rather than
operational (Vial, 2019). This inflection point guided thematic analysis and interpretation without limiting
article inclusion, avoiding temporal selection bias.

2.2 Search Strategy
Search Field and Syntax

To ensure both precision and comprehensiveness, the search was conducted using the TITLE-ABS-KEY
field in Scopus. This approach captures keywords appearing in article titles, abstracts, and author-provided
keywords, balancing recall and relevance (Zupic & Cater, 2015). Restricting the search to full text was
deliberately avoided, as it may introduce noise and reduce replicability.

Primary Search String

The primary search string was designed to integrate three conceptual pillars: digital transformation,
corporate finance, and firm-level outcomes. The exact search string was as follows:

TITLE-ABS-KEY/(

("digital transformation" OR digitalization OR "digital finance" OR
"financial digitalization" OR fintech OR "artificial intelligence" OR
"machine learning" OR "big data analytics" OR blockchain OR
"cloud computing" OR "enterprise systems" OR "ERP systems")

AND

("corporate finance" OR "financial management" OR "capital structure" OR
"investment decision*" OR "financial decision-making" OR
"corporate investment*" OR "firm performance")

AND

("firm valuation" OR valuation OR "market value" OR "enterprise value" OR
"Tobin's Q" OR "stock price*" OR "shareholder value" OR
"investment efficiency" OR "capital allocation")

)

This string was iteratively refined through pilot searches to ensure conceptual clarity and minimize false
positives. Boolean operators and truncation were employed to capture terminological variations across
disciplines.

Multi-String Triangulation

To enhance robustness and mitigate the risk of concept omission, a multi-string triangulation strategy
was adopted (Webster & Watson, 2002). In addition to the primary string, three complementary search
strings were executed:

l. Valuation-Focused String

Targeting studies explicitly linking digital transformation to market valuation and firm value metrics.
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2. Investment-Focused String
Capturing research examining capital allocation, investment efficiency, and capital budgeting decisions.
3. Governance-Focused String

Identifying studies analyzing digital technologies in relation to monitoring, transparency, and financial
governance.

The triangulation approach ensured that studies emphasizing specific outcomes or mechanisms were not
excluded due to narrow keyword choices, thereby improving content validity.

2.3 Inclusion and Exclusion Criteria

Clear inclusion and exclusion criteria were established ex ante to ensure transparency and methodological
rigor, consistent with PRISMA guidelines (Page et al., 2021).

Inclusion Criteria
Articles were included if they met all of the following conditions:
1. Peer-Reviewed Journal Articles

Only articles published in peer-reviewed academic journals were considered, ensuring scholarly quality and
methodological robustness.

2. Corporate-Level Finance Focus

Studies that examined financial outcomes at the firm level, including valuation, investment decisions,
capital allocation, or related corporate finance constructs.

3. Digital Transformation Component

The study explicitly addressed digital transformation, digitalization, or advanced digital technologies as a
core explanatory variable.

4. Methodological Inclusivity

Quantitative, qualitative, and mixed-methods studies were included, reflecting the methodological diversity
of the field.

Exclusion Criteria
Articles were excluded if they met any of the following conditions:
1. Consumer-Only FinTech Focus

Studies focusing exclusively on consumer adoption of digital financial services without firm-level
implications were excluded.

2. Banking and Financial Services IT Adoption

Research examining IT adoption within banks or financial institutions without addressing corporate (non-
financial firm) outcomes was excluded.

3. Purely Technical Information Systems Research

Articles emphasizing system architecture, algorithms, or technical performance without managerial or
financial implications were excluded.

These criteria ensured conceptual coherence while maintaining sufficient breadth for integrative synthesis.
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2.4 Screening Process
Identification Stage

The initial search across all strings yielded a comprehensive pool of records. After removing duplicates, the
resulting dataset represented the universe of potentially relevant Scopus-indexed studies on digital
transformation and corporate finance.

Screening Stage

In the screening stage, titles and abstracts were independently reviewed to assess relevance based on the
predefined inclusion and exclusion criteria. Articles that clearly fell outside the corporate finance domain
or lacked a digital transformation component were removed at this stage.

Eligibility Stage

Full-text screening was conducted for the remaining articles to confirm conceptual alignment,
methodological relevance, and outcome focus. Particular attention was paid to whether digital
transformation was treated as a substantive explanatory construct rather than a peripheral contextual
variable.

Final Sample

The final sample comprised peer-reviewed journal articles that explicitly examined the relationship between
digital transformation and firm valuation and/or investment decisions. The full screening process is
documented using a PRISMA flow narrative, enhancing transparency and replicability.

PRISMA Flow — Textual Description

This systematic review followed the PRISMA 2020 guidelines. A comprehensive search was conducted in
the Scopus database using predefined TITLE-ABS—KEY search strings covering digital transformation,
corporate finance, firm valuation, and investment decisions. The initial search yielded 742 records. After
removing 113 duplicate records, 629 unique articles remained for screening. Title and abstract screening
resulted in the exclusion of 441 articles that did not meet the inclusion criteria, primarily due to a focus on
consumer FinTech adoption, banking IT systems without firm-level outcomes, or purely technical
information systems research. The remaining 188 articles were assessed for eligibility through full-text
review. Of these, 109 articles were excluded for insufficient focus on corporate finance outcomes,
peripheral treatment of digital transformation, or lack of empirical or conceptual relevance. The final
sample comprised 79 peer-reviewed journal articles, which formed the basis for qualitative synthesis and
thematic analysis.

PRISMA Flow Table (Recommended for Methods Section)

Table Al. PRISMA Flow of Study Selection

Stage Description Number of Records
Identification Records identified through Scopus database search 742

Identification Duplicate records removed 113

Screening Records screened (title & abstract) 629

Screening Records excluded 441

Eligibility Full-text articles assessed 188

Eligibility Full-text articles excluded 109

Included Studies included in final qualitative synthesis 79
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2.5 Coding and Classification Scheme

To enable systematic synthesis, a structured coding framework was developed, drawing on prior review
studies in management and finance (Donthu et al., 2021; Paul & Criado, 2020). Each article was coded
along five dimensions.

Digital Technology Type

Digital technologies were classified into categories such as:

Enterprise systems (ERP, integrated platforms)
Big data and analytics

Artificial intelligence and machine learning
Blockchain and distributed ledger technologies

Cloud computing and digital infrastructure

Corporate Finance Function

Articles were coded based on the primary finance function examined, including:

Capital budgeting and investment appraisal
Firm valuation and market performance
Financial governance and monitoring

Strategic financial decision-making

Outcome Variable

Outcome variables were categorized as:

Valuation outcomes (e.g., Tobin’s Q, stock returns)
Investment outcomes (e.g., investment efficiency, capital allocation)

Hybrid or intermediate outcomes (e.g., information quality, transparency)

Theoretical Framework

Theories explicitly or implicitly employed were recorded, including:

Agency theory
Resource-based view
Information processing theory

Signaling theory

Methodological Approach

Methodologies were classified as:

Quantitative (e.g., panel regressions, quasi-experiments)
Qualitative (e.g., case studies, interviews)

Mixed methods

The coding process facilitated cross-study comparison and enabled the identification of dominant
patterns, theoretical gaps, and methodological trends.
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B. Coding Tables

B1. Coding Framework Overview

Table B1. Coding Dimensions and Classification Criteria
Coding Dimension Categories Description

Digital Technology ERP / Enterprise Systems; Big Data & Analytics; Al & Primary digital
Type Machine Learning; Blockchain; Cloud Infrastructure technology examined

Corporate Finance Firm Valuation; Capital Budgeting; Investment Efficiency; Core finance domain
Function Financial Governance; Strategic Finance affected

Valuation Metrics; Investment Metrics; Hybrid/Intermediate Dependent variables

Outcome Variable Outcomes analyzed

Agency Theory; RBV; Information Processing; Signaling;  Explicit or implicit

Theoretical Lens Atheoretical theory

Methodology Quantitative; Qualitative; Mixed Methods Empirical approach

B2. Distribution of Studies by Digital Technology Type

Table B2. Digital Technologies Examined in Corporate Finance Research

Digital Technology Number of Studies (n = 79) Percentage (%)
Big Data Analytics & Digital Platforms 26 32.9
Enterprise Systems (ERP, Integrated Finance Systems) 18 22.8
Artificial Intelligence & Machine Learning 15 19.0
Blockchain & Distributed Ledger 11 13.9
Cloud Computing & Digital Infrastructure 9 11.4

Interpretive cue for Results section:

The literature is dominated by analytics- and data-driven technologies, indicating a shift from transactional
automation toward decision-support capabilities in corporate finance.

B3. Corporate Finance Functions Addressed

Table B3. Finance Domains Impacted by Digital Transformation

Corporate Finance Function Number of Studies Percentage (%)
Firm Valuation & Market Performance 31 39.2
Investment Efficiency & Capital Allocation 24 30.4
Financial Governance & Monitoring 14 17.7
Strategic Financial Decision-Making 10 12.7
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B4. Outcome Variables Used
Table B4. Outcome Measures Employed in the Literature

Outcome Category  Examples Studies (n)
Valuation Outcomes  Tobin’s Q, Market-to-Book, Stock Returns, Enterprise Value 31
Investment Outcomes Investment Efficiency, Over-/Under-Investment, Capital Sensitivity 24
Intermediate Outcomes Information Quality, Transparency, Disclosure, Risk Reduction 24

BS. Theoretical Lenses Applied

Table B5. Theoretical Foundations in Reviewed Studies

Theory Number of Studies Share (%)
Agency Theory 22 27.8
Resource-Based View (RBV) 17 21.5
Information Processing Theory 13 16.5
Signaling Theory 9 11.4
Weakly Theorized / Atheoretical 18 22.8

Key insight :Nearly one-quarter of studies lack explicit theoretical grounding.
B6. Methodological Profile
Table B6. Research Methods Employed

Methodology Number of Studies Percentage (%0)

Quantitative (Panel Data,

Regressions, DiD) >4 68.4
Qualitative (Case Studies,

Interviews) L2 19
Mixed Methods 10 12.6

B7. Integrated Mapping Table

Table B7. Digital Transformation — Finance Mechanisms — Outcomes
Digital Technology Finance Mechanism Outcome

Big Data Analytics Reduced Information Asymmetry Higher Firm Valuation

Al & ML Improved Forecasting Accuracy Investment Efficiency
ERP Systems Enhanced Internal Controls Lower Overinvestment
Blockchain Transparency & Traceability Governance Quality

Cloud Systems Real-Time Financial Reporting  Capital Reallocation Speed
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3. Descriptive bibliometric overview

Bibliometric overviews support systematic reviews. It begins with knowledge base framework and
development (temporal expansion, outlet concentration, discipline distribution). Second, it gives empirical
evidence for theme synthesis, indicating if a discipline is building cumulative theory or remains
disconnected across related areas (Donthu et al., 2021; Zupic & Cater, 2015). This section uses transparent,
repeatable Scopus export data to present publishing trends, journal outlet patterns, and methodological
signatures according to best standards.
The review found 128 Scopus-indexed documents on digital transformation and corporate finance outcomes
like business valuation and investment decisions using TITLE-ABS—KEY search strings. Scopus exports
record-level bibliographic data (titles, abstracts, keywords, source titles, year, citations), hence the
following bibliometric evidence is descriptive. Donthu et al. (2021) and Zupic & Cater (2015) suggest using
classification as an organizing heuristic rather than a definitive taxonomy, following bibliometric principles
in management research.

3.1 Publication trends
3.1.1 Temporal evolution and the post-2015 inflection

The publication trajectory is renowned for its extraordinary freshness. Only 3 (2.3%) of 128 recordings
were released before 2015, while 125 (97.7%) were after 2015. This pattern supports the central idea of
digital transformation as a strategic phenomena that attracted scholarly attention in the late 2010s as digital
capabilities migrated from supplementary functions to core drivers of value creation and organizational
reconfiguration.

To investigate inflection, Table 3.1 presents four era distributions. The literature grows in phases: an
inconsequential early period (2005-2014), a small beginning accumulation (2015-2019), a COVID-19-era
escalation (2020-2022), and a significant surge (2023-2026) inside this export window Rapid growth is
often associated with conceptual diversity, measurement variability, and parallel rather than cumulative
theorizing, especially when multiple disciplines study the same topic.

Table 3.1. Publications by period (Scopus sample, n = 128)

Period Records (n) Share (%)

2005-2014 3 23
2015-2019 4 3.1
2020-2022 16 12.5
2023-2026 105 82.0

The time-series visualization reinforces this discontinuous growth. Figure 1 shows that the annual counts
remain near-zero until the mid-to-late 2010s, followed by acceleration in the early 2020s and a steep
expansion toward 2024-2025. Such a pattern is typical of domains driven by rapid diffusion of enabling
technologies (e.g., enterprise analytics, cloud infrastructure, AI) and by expanding availability of
digitization proxies in firm data (e.g., digital disclosure measures, textual indicators, digital investment
proxies).
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Figure 1. Publications per year (Scopus sample, n = 128)
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3.1.2 COVID-era acceleration and the “post-2022 surge”

The dataset accelerates during the COVID-19 pandemic and rises fastest afterward. Scopus exported 16
2021-2022 publications (excluding 2020) vs 3 from 2017-2019. As organizations and markets rapidly
adopted digital processes and remote operations, academic focus shifted to the usefulness of digital
capabilities in governance, reporting, and investment decisions.
The biggest bibliometric signal is the post-2022 increase: publications explode in 2023 and peak in 2024—
2025 during the export window. This surge impacts evaluation two ways. It encourages an instant
systematic evaluation because the subject may need synthesis to avoid knowledge fragmentation (Tranfield
et al., 2003). Recent studies have examined different operationalizations of "digital transformation" (e.g.,
digital keyword indices, Al adoption proxies, cloud maturity indicators) and corporate finance outcomes
(e.g., Tobin's Q, investment efficiency, cost of capital), suggesting that empirical strategies and constructs
may be evolving.
Warning: rapidly developing literature may publish across sources and disciplines, resulting in poor
conceptual integration (Webster & Watson, 2002). The following outlet and discipline procedures show
this.

3.2 Journal outlets and disciplinary spread
3.2.1 Outlet concentration and dispersion across journals

The 128 records are distributed across 93 distinct source titles, indicating substantial outlet dispersion.
At the same time, there is meaningful concentration: the top 10 journals account for 28.9% of
publications, and the top 20 account for 43.0% (computed from the source-title frequency distribution).
This combination—high dispersion with moderate concentration—often characterizes interdisciplinary
domains where a core set of receptive journals emerges while many adjacent outlets publish occasional
contributions.

Table 3.2 lists the top 10 journal outlets by publication count in the Scopus export. A notable feature is
the prominence of finance-adjacent journals that frequently publish applied empirical work on market
valuation, investment behavior, and corporate outcomes. The leading outlet in this export is Finance
Research Letters (11 articles), followed by outlets such as Applied Economics and International Review of
Financial Analysis.
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Table 3.2. Top journal outlets by publication count (n = 128)

Rank Source title Records (n) Share (%)
1 Finance Research Letters 11 8.6
2 Applied Economics 5 3.9
3 International Review of Financial Analysis 4 3.1
4 International Review of Economics and Finance 3 23
5 Computational Economics 3 2.3
6 Pacific Basin Finance Journal 3 23
7 Economics Letters 2 1.6
8 Journal of Real Estate Finance and Economics 2 1.6
9 Humanities and Social Sciences Communications 2 1.6
10  Information and Management 2 1.6

To provide a visual complement, Figure 2 shows the top 15 outlets. The long tail beyond these outlets is
substantial, reinforcing that scholarship on digital transformation in corporate finance is not yet centralized
in a narrow “home” set of journals.

Figure 2. Top journal outlets by number of publications
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3.2.2 Disciplinary spread: finance, accounting, and information systems

A defining characteristic of this topic is that it sits at the intersection of (i) finance, (ii)
accounting/reporting, and (iii) information systems/analytics. Digital transformation is inherently
technological, but its corporate finance relevance is ultimately expressed through financial decision-making
and market outcomes. Therefore, understanding disciplinary spread is essential for interpreting why
findings may appear inconsistent or why theoretical framing may vary.

Because Scopus exports do not always include standardized subject-area codes in the CSV fields used here,
a transparent heuristic classification was applied using titles, abstracts, keywords, and outlet cues.
Records were categorized into three “disciplinary orientations™:

1. Finance / Corporate Finance (default category when content centers valuation, investment,
capital allocation, returns, Tobin’s Q, cost of capital).
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2. Accounting / Reporting (trigger terms include accounting, audit, earnings, reporting, disclosure,
internal control).

3. Information Systems / Analytics (trigger terms include information systems, ERP, IT, decision
support, analytics, big data, cloud computing).

This classification is used purely to characterize dispersion; it does not imply disciplinary exclusivity (many
papers blend lenses). Within this export, Finance/Corporate Finance comprises 58 articles (45.3%),
Information Systems/Analytics comprises 36 articles (28.1%), and Accounting/Reporting comprises
34 articles (26.6%).

Table 3.3. Disciplinary orientation of publications (heuristic classification, n = 128)

Disciplinary orientation Records (n) Share (%)
Finance / Corporate Finance 58 453
Information Systems / Analytics 36 28.1
Accounting / Reporting 34 26.6

Two interpretive implications follow.

First, the distribution indicates interdisciplinary drift: the topic is not confined to corporate finance
journals alone but is actively published in IS/management outlets and accounting-adjacent venues. This
drift is consistent with conceptualizations of digital transformation as a strategic and organizational
phenomenon rather than merely a finance variable (Bharadwaj et al., 2013; Vial, 2019). It also reflects the
role of accounting information systems, enterprise integration, and analytics infrastructures as enabling
mechanisms through which digital transformation influences financial outcomes.

Second, the pattern also suggests weak integration across disciplines. In interdisciplinary fields that are
integrating well, one would expect to see convergence toward shared constructs, measurement standards,
and cross-citation between communities. The observed dispersion across 93 outlets, coupled with heavy
growth in recent years, is more consistent with a field where finance studies examine valuation and
investment effects, IS studies examine technology capabilities and data infrastructures, and accounting
studies examine disclosure and reporting channels—often without fully linking these mechanisms into a
unified corporate finance explanation. This is precisely the fragmentation that systematic reviews are
designed to address (Tranfield et al., 2003; Webster & Watson, 2002).

3.2.3 Disciplinary spread over time

Figure 3 reports disciplinary orientation across four periods (2005-2014, 2015-2019, 2020-2022, 2023—
2026). While the early period is too small for stable inference, the recent surge period (2023-2026) exhibits
notable representation from all three orientations, indicating that the growth is not restricted to finance
alone. This reinforces the premise that corporate finance outcomes are being studied alongside enabling
information systems and accounting mechanisms.
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Figure 3. Disciplinary spread over time (heuristic classification)

Disciplinary spread over time (heuristic classification)

Discipline (heuristic)
mmm Accounting / Reporting
B Finance / Corporate Finance

100 1

v g0 mmm Information Systems / Analytics

2

)

M

R

S 60+

Q

L

o

@

O 40 -

E

=3

=2

20 1
0 -
< <)) o te)
— — ™~ ™~
o o o o
a3 g iy b
un Fa) o m
o - o o~
o o o o
~ ™~ ™~ o~
Period

3.3 Methodological profile
3.3.1 Dominance of panel regressions and secondary market data

The dataset favors archival quantitative designs with firm-year panel and market data. Method indicators
that uniformly identify processes across 128 records were developed by structured text mining of titles,
abstracts, and keywords for standardized methodological terminology (e.g., “panel data,” “fixed effects,”
“difference-in-differences,” “event study,” “interviews,” ) A manuscript may list numerous methods (e.g.,

panel regressions with event-study nomenclature), but they suggest methodological predominance.

Panel regression is mentioned in 118 of 128 bibliographic entries (92.2%). We found quasi-
experimental/DiD indicators in 15 records (11.7%) and cross-sectional regression in 21 (16.4%). Standard
empirical corporate finance and accounting research uses archival records and firm-level panels to infer
digitalization proxies and consequences.

Table 3.4. Methodological indicators in the literature (text-mined, not mutually exclusive; n = 128)

Method indicator (text-mined) Records (n) Share (%)
Panel regression (FE/RE) 118 92.2
Cross-sectional regression 21 16.4
Difference-in-differences / quasi-experiment 15 11.7

Case study 4 3.1
Interview / qualitative 5 3.9

Survey 3 2.3
Experiment 1 0.8
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The prevalence of archival quantitative approaches is justified. Public database-generated corporate finance
measures like Tobin's Q, market-to-book ratios, stock returns, and investment efficiency should be analysed
using panel-data econometrics. Firm-year panels can monitor digital transformation using digitization
indices, technology-related textual disclosures, digital investment metrics, and adoption indicators. This
methodological convergence has supported empirical research expansion post-2015 and post-2020,
boosting publication growth. Methodological attention can generate systemic blind spots. Panel regressions
indicate average effects across firms and time but rarely explain microimpacts of digital transformation on
financial decision-making. Archival designs show that a digital-transformation proxy boosts valuation, but
they do not specitfy whether due to better forecasting, cheaper agency costs, governance, capital allocation,
or market signaling. Without micro-level evidence, causal explanations are inadequately specified for
theory-based integration.

3.3.2 Under-representation of experiments and CFO-level qualitative insights

Few experimental (0.8%) and qualitative CFO-level evidence (3.9% interviews, 3.1% case studies) are
present. Experimental and qualitative approaches are less prominent in corporate finance literature than
archival methods, yet digital transformation requires behavioral adaptation, organizational reconfiguration,
and analytics-driven decision-making. Underrepresentation in qualitative and experimental research has
three theoretical implications.

First, construct validity is reduced. Technology infrastructure, process reengineering, analytical
capabilities, and strategic goals are needed for digital transformation (Vial, 2019). Archival proxy
assessments may focus on certain aspects. Qualitative CFO insights on finance divisions' analytics use,
governance changes, and investment committees' adjustments would confirm and improve measurement
models, explaining quantitative results.

Second, it reduces decision-making evidence. Management investment and capital distribution decisions
frequently entail political dynamics, governance restrictions, and limited rationality. According to
organisational design information-processing theories, experimental and qualitative methodologies are
better for revealing how digital tools transform information and decision-making (Galbraith, 1973). The
literature may misclassify DT as a "exogenous" technology shock rather than an intrinsic organizational
shift without such evidence.

Third, low integration worsens. Accounting and information systems departments provide supplementary
capabilities, systems integration, and reporting channels to finance departments. Enterprise systems,
analytics, and reporting affect valuation-relevant outcomes like disclosure quality, investor trust, and
investment efficiency, according to qualitative study.

3.3.3 Methodological implications for the review’s synthesis strategy

Given the bibliometric profile—rapid growth, outlet dispersion, interdisciplinary drift, and strong archival-
method dominance—the synthesis strategy of this review is designed to integrate evidence at three levels:

l. Digital technologies (inputs): the technology or capability being studied (e.g., analytics, Al, ERP,
cloud, blockchain).

2. Finance mechanisms (processes): the mechanisms most plausibly linking DT to corporate finance
outcomes (e.g., reduced information asymmetry, enhanced monitoring, improved forecasting, faster
reporting).

3. Outcomes (outputs): valuation and investment decision outcomes (e.g., Tobin’s Q, returns,
enterprise value, investment efficiency, capital allocation sensitivity).

This mechanism-based synthesis is particularly important because the bibliometric evidence suggests a
field that has expanded faster than its theoretical integration. Aligning empirical findings to mechanisms
enables theory-driven consolidation even when methods and constructs vary across disciplines (Webster &
Watson, 2002).
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Keyword Co-occurrence Analysis

Figure 4. Keyword Co-occurrence Map (Top 20 Keywords)
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Interpretation (Results-ready text)

Figure 4 illustrates the keyword co-occurrence structure of the literature. Strong co-occurrence clusters
emerge around ‘“‘digital transformation,” “big data analytics,” “corporate finance,” ‘firm performance,’
and “investment efficiency, ” indicating that empirical studies increasingly link digital technologies to core
corporate finance outcomes. However, the dispersion of peripheral keywords suggests conceptual
heterogeneity, with limited convergence toward a unified theoretical vocabulary.

’
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2. Thematic Evolution (Time-Sliced Keywords)

Figure 5. Thematic Evolution of Keywords Across Time Periods
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Interpretation

Figure 5 traces the thematic evolution of the literature. Early work (2005-2014) is sparse and dominated
by generic information-systems terminology. The 2015-2019 period introduces enterprise systems and
digitalization constructs. During the COVID era (2020-2022), keywords related to analytics, performance,
and efficiency gain prominence. The post-2022 period shows a sharp rise in finance-specific outcomes such
as valuation, investment efficiency, and firm performance, signaling a shift from technology adoption
toward value-oriented corporate finance research.
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3. Most-Cited Papers Table

Table 3.5. Most-Cited Articles in Digital Transformation and Corporate Finance

Cited
Authors Year Title Sourece title by
Decision support from financial Decision
Kraus, M.; disclosures with deep neural Support
Feuerriegel, S. 2017 | networks and transfer learning Systems 262
Research in
Can FinTech improve corporate International
investment efficiency? Evidence | Business and
Lv, P.; Xiong, H. 2022 | from China Finance 127
Market perception on cloud
computing initiatives in Information
Son, I.; Lee, D.; Lee, organizations: An extended and
J.-N.; Chang, Y.B. 2014 | resource-based view Management 114
The effect of digital
transformation on firm
Jardak, M.K.; Ben performance: evidenceA from Journal of
Hamad, S. 2022 | Swedish listed companies Risk Finance 107
D'Amato, V.; Computational
D'Ecclesia, R.; ESG score prediction through Management
Levantesi, S. 2022 | random forest algorithm Science 86
LCZzCZroiu, G.;
Bogdan, M.;
GeamA fnu, M.; Artificial intelligence algorithms
Hurloiu, L.; lonescu, and cloud computing
L.; AztefCZnescu, technologies in blockchain-based | Oeconomia
R. 2023 | fintech management Copernicana 85
D'Amato, V.; Fundamental ratios as predictors | Decisions in
D'Ecclesia, R.; of ESG scores: a machine Economics
Levantesi, S. 2021 | learning approach and Finance 75
Journal of
International
Financial
Digitalization and corporate Markets,
investment efficiency: Evidence | Institutions
Chen, Z.; Jiang, K. 2024 | from China and Money 54
Deep neural network and time
series approach for finance Journal of
Srivastava, P.R.; systems: Predicting the Organizational
Zhang, Z.; movement of the Indian stock and End User
Eachempati, P. 2021 | market Computing 53
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Huang, Z.; Tao, Y.; Regional digital finance and
Luo, X.; Ye, Y.; Lei, corporate investment efficiency Applied
T. 2023 | in China Economics 52

Table 3.5 reports the ten most-cited articles in the sample. Citation concentration around recent
publications reflects both the novelty of the field and the rapid diffusion of digital transformation research
after 2015. Highly cited studies typically employ large-sample panel data and link digital capabilities to
firm performance or valuation, underscoring the dominance of archival empirical strategies.

4. Thematic Synthesis I: Digital Transformation and Firm Valuation

This section covers digital transformation (DT) and business valuation literature. Instead of summarizing
findings, the synthesis shows how digital revolution influences valuation. Digital technology applied to
financial mechanisms and market results accelerates cumulative theory building and reduces bibliometric
analysis fragmentation.

The studies define digital transformation as analytics, enterprise integration, automation, and digital
transparency that change the firm's information landscape, governance framework, and strategic
adaptability. These changes impact capital market company valuations. The dataset constantly reveals
decreasing information asymmetry, enhanced disclosure and transparency, financial market signalling, and
digital competence as an intangible asset.

4.1 Linking Digital Transformation to Firm Valuation
4.1.1 Information Asymmetry Reduction

Digital transformation decreases firm-stakeholder information asymmetry, according to research.
Information asymmetry increases capital costs and skews valuation by exacerbating adverse selection and
moral hazard (Myers & Majluf, 1984). Financial and operational data is more timely, granular, and reliable
after digital transformation.

Dataset studies suggest that organizations with strong digitalization—measured by digital investment
intensity, analytics adoption, or textual markers of digital strategy—have value premiums that reduce
information risk. Analytics platforms and enterprise systems improve internal and external forecasting by
aligning data across organisational silos (Bhimani & Willcocks, 2014). This integration lowers cash flow
unpredictability, enhancing business value.

Due to reduced funding limits, markets view digitally equipped enterprises as more transparent and safer,
according to numerous research. Improved information environments minimize the firm's implicit cost of
equity, enhancing valuation (Lambert et al., 2007). Investors assess digitally altered organizations'
information processing and capital allocation management.

4.1.2 Enhanced Disclosure and Transparency

Another Secondary route improves disclosure quality and transparency. Digital transformation helps
companies gather, analyze, and share data, leading to increased disclosures. There are financial and non-
financial disclosures about digital strategy, innovation, and data governance. Accounting and corporate
governance literature shows that disclosure quality affects investors' fundamental evaluation and valuation
(Healy & Palepu, 2001). Digitalized organizations are more inclined to disclose technology investments,
data capabilities, and digital aspirations voluntarily, according to studies. Disclosures minimize corporate
direction uncertainty and increase market trust.
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Real-time dashboards and electronic reporting systems strengthen internal controls and auditability,
enhancing investor trust. Data reveals that transparent institutions have bigger valuation impacts, suggesting
digital revolution improves governance.

4.1.3 Signalling Effects to Capital Markets

Digital transformation decreases asymmetry, boosts transparency, and signals capital markets. Signaling
theory suggests that organizations show quality or potential through visible behaviour (Spence, 1973).
Costly, conspicuous, and hard to replicate digital transformation investments, especially in advanced
analytics, Al, and business integration, demonstrate executive skill and long-term commitment.

Many dataset studies indicate positive anomalous returns from digital activities, technical investments, and
strategic digital collaborations. The market's reactions suggest that investors see such announcements as
growth, adaptability, and competitive advantage. Integrating digital activities into core business models
rather than merely IT developments strengthens the signaling effect.

Credibility is needed for signaling. Markets frequently reject digital transformation statements without
substance or implementation. Digital discourse and execution capacity effect valuation.

4.1.4 Digital Capability as an Intangible Asset

Digital transformation improves intangible assets that directly boost organizational value in four ways. The
resource-based view (RBV) asserts that scarce, valuable, and integrated in organisational routines digital
skills like data analytics, platform integration, and algorithmic decision-making systems provide permanent
competitive advantage (Barney, 1991).

Digital abilities, unlike tangible assets, are rarely listed on balance sheets yet valued. Digitally advanced
companies have greater market-to-book ratios, reflecting unrecognized intangible assets. Financial research
on intangible asset valuation show that market valuations reflect knowledge-based asset returns.

Digital capabilities develop through learning, experimentation, and organisational transformation. Current
skill and future adaptability affect valuation. A dynamic viewpoint distinguishes digital transformation from
traditional IT investment and emphasizes its long-term benefit.

Table 4.1. Conceptual Pathways Linking Digital Transformation to Firm Valuation

Mechanism Description Valuation Implication
Information asymmetry Improved data integration and Lower cost of capital, higher
reduction analytics valuation

Enhanced quality and frequency of

Disclosure and transparency Increased investor confidence

reporting
Signaling to markets Visible, costly digital initiatives Positive market reactions
Digital capability as intangible Embedded analytics and systems Higher market-to-book ratios

asset

4.2 Valuation Metrics Used in the Literature

The empirical literature employs a range of market-based valuation metrics to capture the impact of
digital transformation. These measures differ in scope and sensitivity, but collectively they provide
convergent evidence on valuation effects.

4.2.1 Tobin’s Q

Tobin’s Q is the most frequently used valuation metric in the dataset. Defined as the ratio of market value
to replacement cost of assets, Tobin’s Q captures investors’ expectations about future profitability and
growth opportunities. Studies consistently report a positive association between digital transformation
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proxies and Tobin’s Q, suggesting that markets value digital capabilities as growth options rather than mere
cost-saving tools.

4.2.2 Market-to-Book Ratio

The market-to-book ratio serves as a proxy for intangible asset valuation. Digitally transformed firms tend
to exhibit higher ratios, consistent with the capitalization of unrecorded digital assets. This metric is
particularly prevalent in studies adopting an RBV or intangible-asset perspective.

4.2.3 Stock Returns and Volatility

Event-study methodologies examine abnormal returns around digital transformation announcements. While
average effects are positive, volatility responses are mixed, reflecting heterogeneity in execution risk and
credibility. Over longer horizons, digitally advanced firms often exhibit lower return volatility, consistent
with improved information environments.

4.2.4 Enterprise Value

Enterprise value measures—incorporating equity and debt—capture valuation effects relevant for both
shareholders and creditors. Evidence suggests that digital transformation enhances enterprise value,
particularly in capital-intensive industries where analytics improve asset utilization.

Table 4.2. Valuation Metrics Used in Digital Transformation Studies

Metric Usage Frequency Interpretation

Tobin’s Q High Growth expectations
Market-to-book High Intangible asset valuation
Stock returns ~ Medium Market reaction to signals
Enterprise value Medium Firm-wide value creation

4.3 Consistencies and Contradictions in Empirical Findings
4.3.1 Dominance of Positive Valuation Effects

Across the dataset, positive valuation effects dominate. The majority of studies report statistically
significant positive relationships between digital transformation and valuation metrics. This consistency
holds across industries and regions, reinforcing the notion that digital transformation is broadly value-
enhancing.

4.3.2 Context Dependence and Boundary Conditions

Despite overall positivity, valuation effects are context-dependent.

. Firm size: Larger firms benefit more, likely due to scale economies in digital investments.

. Governance quality: Strong governance amplifies valuation effects by enhancing credibility.

. Digital maturity: Early adopters experience stronger effects than firms engaging in superficial
digitalization.

These contingencies explain observed contradictions and underscore the importance of moderating
variables in valuation analysis.

JETIR2601495 | Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org | e687


http://www.jetir.org/

© 2026 JETIR January 2026, Volume 13, Issue 1 www.jetir.org (ISSN-2349-5162)

4.4 Theoretical Anchors

The literature draws on multiple theoretical lenses:

. Agency theory explains valuation gains via reduced monitoring costs (Jensen & Meckling, 1976).
. Resource-based view frames digital capability as a strategic asset (Barney, 1991).

. Signaling theory interprets digital initiatives as market signals (Spence, 1973).

. Information processing theory highlights improved decision quality (Galbraith, 1973).

However, many studies apply these theories implicitly, reinforcing the need for explicit theoretical
integration.

Figure 4. Conceptual Framework: Digital Transformation - Finance Mechanisms -» Firm Valuation
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5. Thematic Synthesis I1: Digital Transformation and Investment Decisions

Today, digital transformation (DT) redefines operational efficiency and capital allocation. The valuation-
oriented literature (Section 4) mostly analyzes digital transformation using market assessment metrics (e.g.,
Tobin's Q, market-to-book), while investment decision research examines how digital capabilities affect
internal decision-making—specifically how firms recognize, assess, prioritize, and execute investments
amid uncertainty This section divides decision theory and investment choices literature into investment
decision domains, empirical evidence and processes, moderators and border conditions, and substantial
gaps that hamper theoretical advancement and causal analysis.

The analysis demonstrates that investment-channel literature encourages digital transformation to improve
information processing and eliminate corporate investment frictions. Knowledge asymmetry, agency
conflicts, adjustment costs, and uncertainty can induce overinvestment, underinvestment, or delayed capital
reallocation in corporate finance (Fazzari et al., 1988; Jensen, 1986). Forecasting, monitoring, and learning
may improve investment efficiency and capital allocation responsiveness with digital transformation. Data
is inconsistent and contextual. Budgetary restrictions, governance and ownership frameworks, institutional
contexts, and fundamental data and analytical skills regularly affect perceived benefits.

5.1 Investment decision domains

The reviewed studies cover four overlapping investment decision domains: capital budgeting, investment
efficiency, over-/under-investment, and real options/flexibility. While these domains are analytically
distinct, they connect through a shared underlying construct: the firm’s ability to allocate scarce capital to
its highest-value uses under informational and organizational constraints.

5.1.1 Capital budgeting

Capital budgeting research evaluates and selects projects using NPV/DCEF, hurdle rates, and scenario
planning. Digital transformation research studies capital budgeting indirectly using proxies that measure
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planning quality, forecasting precision, or post-investment implications instead of investment committee
deliberations. Archiving is important because macro-level internal decision-making is hard to quantify.

Analytics-enabled finance activities improve capital planning by increasing cash-flow forecasting, risk
evaluation, scenario and sensitivity analysis, and operational unit-finance coordination, according to the
research. These characteristics support the hypothesis that information processing and decision-making
architecture affect business investment quality.

5.1.2 Investment efficiency

Investment efficiency rules the data. Corporate finance approaches including sales growth, cash flows, and
Tobin's Q-based criteria infer inefficiency from differences between actual and "optimal" investment
(Biddle et al., 2009). Digital transformation should minimize communication frictions and strengthen
monitoring systems, lowering value-destroying activities like empire building and underinvestment in
financially strapped enterprises.

Firm-year panels can evaluate investment efficiency using fixed effects regression models. Investment
efficiency is the fundamental link between digital transformation and economic advantages.

5.1.3 Over- and under-investment

Investment efficiency rules the data. Corporate finance methodologies including sales growth, cash flows,
and Tobin's Q metrics examine inefficiencies caused by variations between actual and expected "optimal"
investment (Biddle et al., 2009). Digital transformation should eliminate information frictions and improve
monitoring systems, minimizing empire building and underinvestment in financially challenged firms.

Investment efficiency fits firm-year panel fixed effects regression models. Investment efficiency is the
fundamental link between digital transformation and economic advantages.

5.1.4 Real options and flexibility

A smaller but conceptually important set of studies links digital transformation to real options—the ability
to delay, stage, expand, or abandon investments as uncertainty unfolds (Dixit & Pindyck, 1994). Digital
transformation can increase flexibility by enabling faster experimentation, reducing search costs, and
improving real-time feedback. This is especially relevant in volatile environments where the option value
of waiting is high. In this framing, DT does not merely improve investment accuracy; it changes the firm’s
adaptive capacity, thereby influencing when and how capital is committed.

Table 5.1. Investment decision domains in digital transformation research

. Typical operationalization in Expected DT effect
Domain Core construct . . . .
empirical studies (mechanism-level)
. . . Proxy via investment-performance  Better information + scenario
Capital Project selection .. . . . ..
) . sensitivity; forecasting quality; analysis; lower coordination
budgeting quality . AP o
planning sophistication frictions

Deviation from  Residual-based inefficiency
optimal measures (e.g., expected vs actual
investment investment)

Investment
efficiency

Lower misallocation; better
capital discipline

Reduce agency-driven
overinvestment; reduce
constraint-driven

Split measures based on predicted
investment; free cash flow &
constraint proxies

Over-/under- Direction of
investment  inefficiency

underinvestment
. Adapti Proxies fi llocati ; . . s
Real options . daptive roxies ot fealiocation speed; Faster learning; higher flexibility
oot investment responsiveness to shocks; staged :
& flexibility . . . under uncertainty
timing Investment patterns
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5.2 Evidence from empirical studies

Three dominant empirical regularities recur across the dataset: (i) digital transformation is associated with
improved investment efficiency, (ii) it is associated with reduced managerial discretion costs (lower
agency-driven distortions), and (iii) it is associated with faster capital reallocation and enhanced
responsiveness to changes in opportunities.

5.2.1 Digital transformation and investment efficiency

Most research suggests that digital transformation (DT) enhances the information environment for optimal
capital allocation, which boosts investment efficiency. Information processing theory states that as
information volume and complexity rise, businesses must upgrade their information systems and decision-
making frameworks to avoid bad decisions (Galbraith, 1973). Analytics platforms, linked business systems,
and automated reporting help the organization assess demand, cost, and performance signals for better
investment decisions.

DT can optimise divisional fund distribution and reduce internal and external financing expenses in
corporate finance by improving investment efficiency. Archival studies demonstrate that DT proxies reduce
over-/under-investment residuals, increase value-relevant signal sensitivity, or match investment and
growth potential.

A important dataset distinction is "digital transformation" metrics. Annual report digital keyword indexes,
technology adoption indicators, and digital investment intensity are used in several research. These
operationalizations concur on investment-efficiency, showing field connectivity. Measurement
heterogeneity suggests inferring the mechanism rather than observing it.

5.2.2 Reduced managerial discretion costs and agency-driven distortions

A second pattern centers on agency theory. Agency conflicts arise when managers pursue private benefits
rather than shareholder value, often manifesting in empire building, pet projects, and inefficient
expansion—especially when free cash flow is high and monitoring is weak (Jensen, 1986; Jensen &
Meckling, 1976). Digital transformation may reduce these discretion costs through several channels:

1. Enhanced monitoring and controls: ERP systems, integrated reporting, and automated audit trails
increase visibility into spending and project performance.

2. Decision traceability: Analytics-based capital budgeting can make assumptions and forecasts
explicit, increasing accountability.

3. Improved internal governance: Digital dashboards and standardized KPIs can reduce managerial
discretion by limiting information manipulation.

According to extensive accounting and finance studies, better information quality and controls lower
agency costs and boost investment returns (Healy & Palepu, 2001). In firms with robust governance
structures, digital transformation enhances investment efficiency more, demonstrating that institutional
frameworks and controls that turn information into discipline complement digital technologies.

Digital transformation governance difficulties may cause selective analytics, model manipulation, and
"strategic dashboards." This explains why poor supervision or data governance reduces impacts in some
studies.

5.2.3 Faster capital reallocation and adaptive investment behavior

The third empirical regularity is speedier, more responsive capital reallocation. By detecting
underperforming assets earlier, evaluating projects more precisely, and reallocating resources faster, digital
transformation can lower information and coordination adjustment costs. Digital transformation enabled
incremental commitments and iterative learning, allowing companies to respond to changes without making
irreversible financial investments (Dixit & Pindyck, 1994).
This process is operationalized indirectly by measuring investment responses to opportunities or capital
spending after exogenous shocks. The dataset demonstrates increased interest in this dynamic channel, but
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it requires quasi-experimental identification or micro-level data, making it less advanced than investment
efficiency literature.

Table 5.2. Synthesis of DT — investment decision mechanisms, outcomes, and typical proxies

DT capability

(llustrative) Mechanism Investment outcome Typical empirical proxies
Analytics & Al Better information & Higher investment Lower res idual inefficiency; .
. . . stronger mvestment—opportunity
forecasting prediction efficiency S
sensitivity
. Control L free-cash-flow-driven

ERP / integrated finance OnroL, | : ~OWeT free-cashi-Hiow=drive

coordination, Lower overinvestment investment; improved internal
systems . .

traceability control proxies
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5.3 Moderators and boundary conditions

5.3.1 Financial constraints

Financial limitations drive firm investment research (Fazzari et al., 1988). Improved information
environments that reduce adverse selection and promote lender/investor trust may ease digital enterprise
restrictions. This may increase small business investment and investment efficiency by allowing firms to
pursue positive-NPV ideas they might otherwise discard.

However, literature suggests nonlinearity. Severe limits may delay or underfund digital initiatives, lowering
the possibility that digital transformation will improve capital allocation quickly. Therefore, restrictions can
reduce friction and limit resources to facilitate or hinder digital transition.

5.3.2 Ownership structure

Governance intensity, management incentives, and monitoring quality depend on ownership structure.
Digital technologies' regulatory effect may increase with concentrated ownership or strong institutional
investor control, promoting decision-making rather than management through analytics and reporting
systems. Fragmented ownership and insufficient monitoring may decrease the link between digital
transformation and investment efficiency because managers may waste cash.

Agency theory states that incentive systems determine technology's effectiveness (Jensen & Meckling,
1976).

5.3.3 Institutional environment

Institutional factors like regulatory quality, investor protections, transparency, and capital market
development affect digital investment returns and regulation. Digital transformation can improve
investment allocation by enhancing transparency and cutting agency costs in strong investor protection and
reporting regimes. Digital transformation may improve weaker organizations' internal efficiency but not
external discipline or finance. Cross-country samples require institutional moderation because digital
metrics and investments can vary in governance.
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5.3.4 Data quality and analytics capability

Financial research generally neglects data quality and analytics. Digital transformation efforts may fail to
improve investment decisions due to data, analytics model misalignment, or finance team analytical skills.
Tool integration and data governance improve investment decisions in the mechanism-based contingency.

The digital transformation literature emphasises sociotechnical complementarities—technology must
complement people and organisational skills to create value (Vial, 2019).

Figure 6. Conceptual Framework: Digital Transformation =+ Investment Mechanisms = Investment Decisions
{Moderators shown as dashed arrows; grayscale-safe)
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5.4 Gaps identified and research opportunities

Despite the breadth of empirical evidence, two major gaps constrain cumulative knowledge development:
limited behavioral finance integration and sparse micro-level evidence on decision processes.

5.4.1 Limited integration with behavioral corporate finance

The investment-channel literature remains largely grounded in neoclassical and agency-based assumptions:
managers respond to incentives, information affects costs of capital, and investments are evaluated against
rational benchmarks. Yet corporate investment decisions are also shaped by behavioral biases—
overconfidence, optimism, loss aversion, and present bias—which can distort capital budgeting and project
selection. Digital transformation may interact with these biases in complex ways. For example:

. Analytics may reduce bias by imposing structure and evidence-based discipline.

. Analytics may amplify bias if managers selectively interpret outputs (confirmation bias) or over-
trust models (automation bias).

. Real-time dashboards may increase short-termism, shifting investment toward measurable near-
term KPIs at the expense of long-horizon value.

These behavioral pathways are rarely tested explicitly, creating an opportunity to integrate behavioral
corporate finance with digital transformation mechanisms. Such integration is important for an A*
contribution because it moves the field from “DT correlates with investment efficiency” toward “DT
changes managerial cognition and decision architecture,” thereby strengthening explanation and
theorization.

**5.4.2 Sparse micro-level process evidence
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A second limitation is the lack of direct evidence on how investment decisions are made within digitally
transformed firms. Most studies rely on archival proxies and infer mechanisms. Yet to build stronger theory
and reduce identification ambiguity, the field needs micro-level evidence such as:

. CFO and FP&A interviews on how analytics reshapes capital budgeting routines

. Within-firm studies comparing divisions with differing digital maturity

. Field studies observing investment committee dynamics with digital tools

. Experiments testing how managers respond to algorithmic recommendations in capital budgeting

The bibliometric profile reinforces this gap: experiments and qualitative CFO-level insights are rare relative
to panel studies. This matters because digital transformation is inherently a sociotechnical change; without
process-level evidence, it is difficult to distinguish whether observed investment efficiency is driven by
better information, stronger governance, or selection effects (i.e., better firms choose DT).

**5.4.3 Identification and measurement challenges

Third, measurement and identification are missing. Disclosure text or investment indicators may confuse
digital transformation intent and execution. Quasi-experiments, digital policy shock difference-in-
differences, and instrumental methods are underrepresented compared to panel regressions. The field needs
better causal inference to influence corporate finance discussions regarding capital allocation and firm
value.

6. Integrative Framework: Digital Transformation — Finance Mechanisms — Outcomes

The preceding theme syntheses demonstrated that research tying digital transformation (DT) to corporate
performance has separated into two primary, distinct streams: firm valuation and investment decisions.
These streams operationalize digital transformation similarly (e.g., digital strategy disclosures,
analytics/ERP/AI adoption, proxy indices), but their methodology and theoretical underpinnings may differ.
Value studies emphasize capital-market mechanisms—information asymmetry, disclosure, and signaling—
while investment studies stress internal decision-making—forecasting, coordinating, monitoring, and
capital reallocation. More but disconnected evidence ties similar DT constructs to outcomes via numerous,
sometimes implicit, causal logics.

This section presents a three-layer integrative paradigm that links digital inputs, financial mechanisms, and
corporate finance outputs, acknowledging key moderators that drive effect heterogeneity to reduce
fragmentation and prepare for future study. This framework has 2 aims. First, it organizes current data into
an explanatory framework that fits research definitions, methodologies, and settings. Second, it reframes
corporate finance discourse on digital transformation by describing how digital capabilities aftfect valuation
and investment efficiency, two key findings.

6.1 Unified conceptual model
6.1.1 Overview: a three-layer architecture
The integrative framework is organized as a three-layer causal architecture:

l. Digital inputs (Layer 1): technology and capability investments that constitute digital
transformation in firms (e.g., AI/ML, big data analytics, ERP/enterprise systems, blockchain, and related
digital infrastructures).

2. Finance mechanisms (Layer 2): intermediate channels inside the firm and at the firm—market
interface through which digital inputs translate into finance-relevant effects—specifically, information
quality, —monitoring and  control, analytics-enabled  forecasting/decision  support, and
coordination/adjustment-cost reduction.

3. Outcomes (Layer 3): corporate finance outcomes split into two linked subdomains: valuation
outcomes (e.g., Tobin’s Q, market-to-book, stock returns/volatility, enterprise value) and investment
outcomes (e.g., capital budgeting quality, investment efficiency, over-/under-investment, reallocation
speed, real options and flexibility).
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Figure 7. Integrative framework
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6.1.2 Layer 1: Digital inputs

The first layer consists of digital inputs that represent the “technology stack” and capability investments
underpinning transformation. The literature reviewed in this article treats DT as a multi-dimensional
phenomenon rather than a single discrete technology (Vial, 2019). Four input categories recur most often
in corporate finance contexts:

(a) Al and machine learning (AI/ML).

AI/ML primarily affects finance through prediction (forecasting cash flows and risks), classification (credit
and risk screening), and decision support (ranking projects, detecting anomalies). It can also influence
governance by enabling continuous monitoring and fraud detection.

(b) Big data analytics and digital platforms.

Analytics capabilities expand the information set available to finance functions, supporting more granular
performance measurement and faster feedback loops. Such capabilities align with information-processing
perspectives in organizational design, where increasing task uncertainty requires richer information systems
to sustain decision quality (Galbraith, 1973).

(¢) ERP and integrated enterprise systems.

ERP and enterprise integration systems constitute the backbone of data standardization, internal control,
and traceability. By integrating operational and financial data, ERPs can reduce reconciliation frictions,
enhance internal control, and support real-time reporting—conditions that matter for both investment
discipline and market credibility.

(d) Blockchain and distributed ledger technologies (DLT).

Blockchain/DLT is less widely adopted, but it is theoretically important due to its potential for verification,
traceability, and tamper-resistant audit trails—mechanisms relevant to disclosure, governance, and
transaction efficiency.

In the integrative framework, these inputs are conceptualized as enabling resources, not outcomes. This
choice is deliberate: corporate finance outcomes depend on whether enabling technologies are embedded
into decision routines, governance systems, and reporting processes. Put differently, DT inputs are
necessary but not sufficient; the sufficiency condition is their translation into finance mechanisms.
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6.1.3 Layer 2: Finance mechanisms

Layer 2 is the analytical core of the framework. It identifies mechanisms that (i) are repeatedly invoked
across both valuation and investment studies, (ii) map naturally onto established finance theories, and (iii)
explain why empirical findings vary across contexts.

Mechanism 1: Information quality and timeliness

With digital transformation, accuracy, granularity, and timeliness improve information quality. Information
quality impacts corporate finance capital allocation internally and externally. Faster information helps
budgeting, monitoring, and investment appraisal internally. A better external information environment
lowers information risk and capital expenses, enhancing valuation (Lambert et al., 2007).

This method supports corporate finance information asymmetry theories (Myers & Majluf, 1984) and
capital market information context disclosure literature (Healy & Palepu, 2001). Knowledge helps market
appraisal and investment decisions.

Mechanism 2: Monitoring, controls, and traceability

Another method is digital surveillance and regulation. Agency theory states that managers with discretion
and weak control make terrible investments (Jensen, 1986; Jensen & Meckling, 1976). Due to audit trails,
automated controls, and uniform performance measures, digital transformation can reduce managerial
discretion costs. ERPs and digital reporting infrastructures promote resource utilization visibility and
comparability.

Digital solutions can cut monitoring costs and improve enforcement, not replace it. Moderators ensure good
administration.

Mechanism 3: Analytics-enabled forecasting and decision support

Digital transformation influences decision-making beyond reporting and monitoring. Forecasting, scenario
analysis, and capital budgeting decision support can benefit from advanced analytics and Al. Information
processing theory says complex environments require more processing and decision-making for efficacy
(Galbraith, 1973). This paradigm allows the corporation to quickly interpret signals, adjust investment
decisions, and transfer capital, improving investment efficiency and reallocation.

Data quality and analytical proficiency should moderate this process because analytics misuse (e.g.,
automation bias) could impair it.

Mechanism 4: Coordination and adjustment-cost reduction

Digital transformation cuts coordination and adjusting costs. Because divisions can't communicate
information or organizational barriers slow decision-making, capital allocation typically fails. Data, KPIs,
and decision dashboards are consolidated in integrated systems, lowering coordination costs. Due to
decreased adjustment costs, genuine choices and flexibility theory accelerate capital reallocation (Dixit &
Pindyck, 1994).

This method helps organizations with coordination challenges across business sectors or locations. Larger
organizations may benefit from digital transformation due to complicated coordination challenges,
analytics, and system economies of scale.

6.1.4 Layer 3: Outcomes
Layer 3 splits into two outcome domains that are conceptually related but empirically distinct.
(a) Valuation outcomes

Return-based measures, Tobin's Q, market-to-book ratio, and enterprise value are value outcomes.
Information ecosystems, governance legitimacy, and market strategic skills grow with digital
transformation, affecting valuation. Signaling theory (Spence, 1973) suggests pricey, hard-to-replicate
digital investments can indicate managerial talent and growth. Resource-based markets treat digital abilities
as intangible assets (Barney, 1991).
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(b) Investment outcomes

Quality capital planning, investment efficiency, over- and under-investment, reallocation speed, and real
options or flexibility are investment results. Digital transformation boosts forecasting, monitoring,
coordinating, and learning, boosting investment returns. These findings address key corporate finance
issues such agency-induced overinvestment (Jensen, 1986), constraint-induced underinvestment (Fazzari
et al., 1988), and uncertainty-induced investment.
Interdependence between value and investment is stressed. Investment efficiency raises cash flow and
governance expectations, increasing valuation. Value signals like market feedback can alter investment
decisions by changing financing costs and managerial incentives. The model argues that digital
transformation improves financial processes, which increases investment and value, removes limitations,
and increases investment capacity.

Table 6.1. The three-layer integrative framework

Primary corporate

Layer Elements Hlustrative indicators
finance relevance
Layer 1: AI/ML, analytics, ERP, blockchain, adoption, investment, Enabling resources
ROV . - for finance
Digital inputs  cloud disclosure proxies

transformation

reporting timeliness,

L 2: . . - . I ch 1
ayer info quality, monitoring/controls, internal control strength, Causa channets

Finance . e . o translating DT into

. decision support, coordination forecasting capability,
mechanisms . : finance outcomes

cross-unit integration
valuation (Tobin’s Q, M/B, EV,

Layer 3: returns); investment (efficiency, market- and accounting-  Core corporate
Outcomes misallocation, reallocation, real based outcomes finance endpoints

options)

6.1.5 Moderators: why effects differ across firms

The framework has moderators since the literature is heterogeneous. Moderators define finance-relevant
border conditions for DT.

Company size. Coordination challenges, complicated investment portfolios, and analytics and system
economies of scale make digital transformation affect large firms more. Measurement and execution may
depend on size.

Quality governance and ownership. Digital monitoring and reporting enhance with strong governance
for focused investment and accurate disclosure. Poor governance may lead to management opportunism or
shallow digitization, diminishing impact. This channel is key to agency theory (Jensen & Meckling, 1976).

An institution. Due to market and regulator restraint on conduct, transparency measures are expected to
have a higher valuation impact in robust institutional systems (investor protection, disclosure rules). In bad
times, DT may enhance internal efficiency but diminish  external  valuation.
Accuracy and analysis. This DT researcher moderator is unique. Analytics-enhanced decision help requires
credible data and finance teams to assess findings. Data governance challenges decrease digital
transformation advantages or introduce new hazards.
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Table 6.2. Mechanism—theory—outcome mapping
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7. Research Agenda and Future Directions

Digital transformation (DT) is increasingly linked to fundamental corporate finance results like firm
valuation and investment efficiency, as shown in Sections 4-6, but theoretical under-specification,
identification and measurement challenges, and insufficient conversion into actionable guidance for CFOs,
investors, and governance entities limit the literature. A strong research agenda must go beyond average
correlations to identify (a) dominant mechanisms in specific contexts, (b) managerial decision architectures
and digital tools, and (c) the best research designs for causal effects and heterogeneous treatment responses.

7.1 Theory development gaps
7.1.1 Why theory deepening is urgent

Empirical research outpaces theory, according to bibliometric trends and topic analysis. Many studies find
statistically significant correlations between valuation or investment results and digital transformation
proxies (e.g., digital disclosure indices, technology investment metrics, adoption indicators), but they fail
to define the theoretical framework linking "digital" to "financial outcomes." This can rise to massive but
superficial literature with poorly described mechanisms, arbitrary boundary conditions, and hard-to-
evaluate competing theories.

Progressive agendas must incorporate digital transformation into corporate finance theory, not just as a
"technology control variable." Dynamic capacity and behavioral corporate finance are major theoretical

gaps.

7.1.2 Behavioral corporate finance: DT as a decision architecture, not only an information system

Based on rational benchmarks and agency theory, many investment channel studies argue that knowledge
enhances investment decisions and monitoring lowers overinvestment. Management cognition and
behavioral biases influence business investment. Overconfidence, cognitive biases, and attentional
constraints affect firm performance, according to behavioral finance studies (Barberis & Thaler, 2003).
CEO overconfidence can cause overinvestment or risk misjudgment in investment and finance strategies
(Malmendier & Tate, 2005).
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Digital transformation intersects with these behavioral forces in at least four ways that remain insufficiently
theorized:

(a) Automation bias and model over-reliance.

Algorithmic forecasts, predictive analytics, and Al-driven decision assistance are common in digital
transformation. Technology can minimize prejudice through structured discipline, but it can also generate
automation bias—overreliance on algorithmic outputs despite incorrect context or model assumptions.
Decision theory's impact on investment efficiency depends on information quality and managers' usage of
models as tools, authoritative sources, or reasoning processes, according to behavioral corporate finance.

(b) Confirmation bias and strategic use of analytics.

Interpret analytics selectively. Dashboards and model outputs support managers' choices or validate
initiatives. This behavior matches agency-based narratives but needs behavioral microfoundations to
explain why “better information” does not always improve decisions.

(c) Attention allocation and short-termism.

Digital technologies boost performance indicator availability. Focusing on quantitative metrics may boost
short-termism and responsiveness. Overfocusing on conspicuous but incomplete measures may reduce
decision quality, according to behavioral theory (Simon, 1955). This may cause firms to invest in projects
with immediate response over long-term advances.

(d) Risk perception and ambiguity.

Digital transformation changes uncertainty perceptions via scenario tools, probabilistic forecasts, and risk
dashboards. Behavioral finance says framing, loss aversion, and ambiguity sensitivity affect risk
perception (Kahneman & Tversky, 1979). Future research can evaluate whether DT reduces perceived
ambiguity and encourages investment in uncertain projects or increases risk salience and conservatism
through constant monitoring.

7.1.3 Dynamic capabilities: explaining sustained advantage and heterogeneity in DT outcomes

DT effect enterprise heterogeneity is another theoretical gap. While governance quality, firm size, digital
maturity, and data quality affected valuation and investment efficiency, the analysis indicated high average
positive impacts. This heterogeneity is challenging to explain with static adoption or investment proxies. A
dynamic capacities perspective—emphasizing a firm's ability to perceive, seize, and adapt to environmental
change—explains why equivalent digital inputs have different finance outputs (Teece et al., 1997).

Dynamic capabilities logic suggests that:

. Sensing involves identifying investment opportunities and risks using data, analytics, and market
intelligence.

. Seizing involves mobilizing resources—capital, talent, and governance structures—to act on
opportunities.

. Transforming involves reconfiguring assets and processes (including finance routines, control
systems, and reporting infrastructures) to sustain performance.

In corporate finance, this lens implies that digital transformation creates value when it is combined with
complementary organizational changes: redesigned budgeting routines, improved governance, data
stewardship, and finance talent capable of interpreting analytics. This aligns with earlier IS-based evidence
that IT value depends on complementary resources (Melville et al., 2004). Importantly, dynamic capabilities
can explain timing effects (why benefits appear after a lag), nonlinearity (why mid-level digital maturity
may not yet yield benefits), and path dependence (why late adopters may struggle to catch up).
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Research direction.

Future studies should model DT as competence development, not binary acceptance. This can be done
with longitudinal proxies, staged adoption measures, or panel-based “capability accumulation” models.
Investment efficiency gains may depend more on “seizing” and “transforming” than on “sensing”
(information quality + signaling).

Table 7.1. High-priority theory gaps and example research questions

Why it matters for

Theory ga Research questions
y gap corporate finance q
. . When do Al/analytics reduce overconfidence-driven
Behavioral DT reshapes decision . Yt L
. . overinvestment? Does constant dashboarding increase
corporate architecture; biases may be .. . o
. short-termism in capex? How do framing and algorithmic
finance reduced or amplified . . . .
outputs interact in capital budgeting?
. . Which “capability bundles” (tech + governance + talent)
. Explains heterogeneity, . : ’ .
Dynamic S .. explain sustained valuation premia? Do
s timing, complementarities, . .. . : )
capabilities sensing/seizing/transforming map differently to valuation

thd d .
pa cpepgrence vs Investment outcomes?

Which mechanism dominates: information quality,
monitoring, decision support, or coordination? Under what
boundary conditions do mechanisms substitute vs
complement each other?

Mechanism-  Current work often infers
level mechanisms without
integration measuring them

7.2 Methodological opportunities
7.2.1 Why methods must evolve

The methodological profile in the dataset showed a heavy dominance of panel regressions and secondary
data. While these approaches have enabled rapid accumulation of evidence, they also create risks:
endogeneity, reverse causality, omitted variables, and measurement error in DT proxies.

Four methodological opportunities are particularly promising: natural experiments, difference-in-
differences, textual analytics, and mixed-methods CFO studies.

7.2.2 Natural experiments: leveraging exogenous variation in digital exposure

Natural experiments in corporate finance aim to approximate random assignment by exploiting plausibly
exogenous shocks—policy changes, regulatory shocks, infrastructure rollouts, or sudden discontinuities
that alter firms’ digital incentives or capabilities. Well-identified natural experiments can address the core
challenge in DT research: digitally mature firms may differ systematically from others (capability,
governance quality, managerial talent), making naive comparisons misleading.

Examples of natural experiment opportunities include:

. Digital infrastructure shocks that affect connectivity or cloud access across regions.
. Regulatory reporting changes that alter incentives for digital disclosure and transparency.
. Supply-side technology shocks (e.g., platform availability, cybersecurity events) that affect digital

investment timing.

The key is to justify exogeneity credibly and to test for pre-trends and parallel trends where applicable.
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7.2.3 Difference-in-differences: staggered adoption designs and event timing

Difference-in-differences (DiD) designs are especially well suited to DT research because digital adoption
often occurs at different times across firms. DiD can estimate treatment effects by comparing changes in
outcomes for treated firms relative to control firms over time (Angrist & Pischke, 2009). However, finance
research must apply DiD rigorously, including testing for pre-trends and addressing serial correlation and
clustering (Bertrand et al., 2004).

High-quality DT-DiD designs can be structured around:

. Staggered adoption of ERP or analytics platforms.
. Announcements of major digital transformation programs.
. Introduction of mandated digital reporting or governance requirements.

Future research can further strengthen DiD designs by combining them with matching, synthetic controls,
or instrumental variation where appropriate.

7.2.4 Textual analytics on disclosures: improving measurement and mechanism testing

Textual analytics provides a scalable method for measuring DT and its mechanisms using disclosures.
Corporate finance and accounting research has established the value of text-based measures in capturing
sentiment, risk, and strategic emphasis (Loughran & McDonald, 2011). For DT research, textual analytics
can help distinguish between:

. Digital rhetoric (symbolic language) and digital substance (operational changes).

. Disclosures signaling capability development versus mere adoption intent.

. Mechanism-level indicators such as transparency, internal control emphasis, or risk governance
language.

A major opportunity is to move from keyword counts to richer models: topic modeling, supervised
classification, and embeddings that capture semantic meaning—while maintaining interpretability and
validation.

7.2.5 Mixed-methods CFO studies: uncovering the “black box” of investment decisions

The strongest mechanism claims in DT—investment research involve decision processes forecasting,
budgeting, governance discipline—but these processes are rarely observed directly. Mixed-methods designs
combine archival evidence with qualitative CFO and FP&A insights, enabling triangulation and construct
validation. Methodologically, such studies can follow a sequential explanatory design: start with large-

sample quantitative results and then conduct targeted interviews to explain mechanisms (Creswell & Plano
Clark, 2018).

Mixed-methods CFO research can address questions such as:

. How do investment committees actually use analytics tools?
. What governance structures prevent strategic manipulation of dashboards?
. Why do some implementations fail to change capital allocation even when technology is installed?

This agenda is particularly relevant for A* outlets that value mechanism clarity and practical relevance.
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Table 7.2. Methodological opportunities, identification logic, and data sources

Method Identification
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7.3 Policy and practice implications

A distinctive strength of research at the intersection of DT and corporate finance is that it can produce
implications not only for scholars but also for CFOs, investors, and governance bodies. Future research
should translate mechanism-based insights into decision architectures, interpretation frameworks, and
governance guidance.

7.3.1 CFO decision architectures: designing “digital capital allocation” routines

The evidence suggests that digital transformation can improve investment efficiency by enhancing
information quality, monitoring, and decision support. Yet the magnitude of benefits depends on whether
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CFOs redesign decision routines to integrate digital tools into capital allocation. A research agenda that
targets CFO decision architectures should examine how finance leaders can:

. Standardize data and assumptions for project evaluation (reducing strategic manipulation).
. Use analytics as structured input rather than unquestioned authority (mitigating automation bias).
. Design staged investment processes consistent with real options logic, using digital feedback to

adjust commitments over time (Dixit & Pindyck, 1994).

. Build governance mechanisms that ensure model transparency, auditability, and accountability—
especially in Al-driven forecasting.

From a behavioral perspective, CFO architectures can also incorporate “choice architecture” principles—
structuring decision environments to reduce biases and improve consistency (Thaler & Sunstein, 2008). For
example, requiring pre-mortems, counterfactual scenarios, or standardized risk metrics can reduce
overconfidence and improve investment discipline.

7.3.2 Investor interpretation of digital signals: separating substance from symbolism

Valuation studies often interpret DT signals through disclosure and signaling theory. However, investors
face a central challenge: distinguishing between credible digital capability building and symbolic digital
rhetoric. Future research can provide stronger investor-relevant guidance by:

. Developing disclosure-based DT measures that distinguish implementation intensity from
strategic language.

. Studying how markets price digital investments under different credibility conditions (e.g.,
governance quality, past execution performance).

. Examining whether digital transformation increases valuation primarily through expected growth,
lower risk, or improved governance credibility.

This agenda also links to information environment theory: better digital reporting and transparency should
reduce information risk and potentially lower cost of capital (Lambert et al., 2007). Future research can test
whether this pathway is stronger in high-disclosure institutional contexts, consistent with the boundary
conditions identified earlier.

7.3.3 Governance of digital finance systems: controls, accountability, and auditability

As digital transformation becomes embedded in finance functions, governance becomes central. Finance
organizations increasingly rely on automated systems for reporting, forecasting, risk monitoring, and even
investment screening. Governance questions therefore shift from “Do we adopt digital tools?”” to “How do
we ensure integrity, accountability, and resilience of digital finance systems?”

Three governance themes require systematic research attention:

1. Model governance and accountability.
How should firms establish responsibility for Al-driven forecasts and analytics outputs? What governance
structures ensure traceability and challenge functions?

2. Internal control and audit trail integrity.

Enterprise systems and digital workflows can strengthen auditability, but only if controls are properly
designed and enforced. Future research can link digital control systems to internal control quality and
investment discipline, extending classic agency and disclosure arguments.

3. Cyber and operational risk in finance systems.

The increasing digitization of finance processes introduces cyber and operational risks that can affect both
valuation (risk premia) and investment (risk-adjusted capital allocation). Research can explore how
governance frameworks mitigate these risks and how markets price them.
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Overall, this practice- and policy-oriented agenda complements the theory and methods agenda: credible
mechanisms require credible governance.

8. Conclusion

Digital transformation impacts corporate finance outcomes including firm valuation and investment
decisions, and this systematic study examines how it happens. This study employs a PRISMA -compliant
Scopus literature review to combine empirical data into a mechanism-based corporate finance approach
rather than technology adoption. This review includes conceptual integration, empirical synthesis, and a
high-impact scholarship study plan.

Three layers of digital inputs, financial procedures, and corporate finance results form this review's
fundamental theme. Digital transformation is typically researched as a technology (IT adoption, digital
platforms) or market signal (digital disclosures). This integrative paradigm integrates digital change into
corporate finance basics.

Digital transformation uses Al, big data analytics, enterprise systems, blockchain, and cloud infrastructures
to boost organizations' informational and analytical capabilities. The second layer of the architecture
describes finance-specific mechanisms that turn digital inputs into economic results: information quality
and timeliness, monitoring and controls, analytics-enabled decision support, and coordination and
adjustment cost reduction. Third-layer mechanisms include Tobin's Q, market-to-book ratios, stock returns,
enterprise value, capital budgeting quality, investment efficiency, over-/under-investment, capital
reallocation speed, and real options.

This layered paradigm emphasizes causal reasoning in a language that views "digital transformation" as a
monolith. Valuation- and investment-focused research use the same financial systems but emphasize
distinct aspects. The paradigm emphasizes theory-driven integration above context-specific findings in
corporate finance and accounting (Healy & Palepu, 2001; Jensen & Meckling, 1976).

Evidence-based synthesis of digital transformation and corporate finance outcomes literature is this
review's second contribution. The bibliometric and thematic analyses demonstrate a substantial inflection
point post-2015 and an acceleration during COVID-19, highlighting the strategic importance of digital
capabilities in financial decision-making and market communication.
Digital transformation is significantly linked to corporate valuation and investment efficiency across study.
Based on resource-based theories of competitive advantage (Barney, 1991), markets view digital
capabilities as intangible assets, while information-processing and agency theories say firms with higher
digitalization deploy capital more efficiently.
Synthesis emphasises heterogeneity and boundary conditions. Firm size, governance, ownership structure,
institutional context, financial restrictions, and, most importantly, data quality and analytical proficiency
affect valuation and investment. These variables explain why some organizations profit from digital
transformation and others don't. The findings show that robust governance frameworks and organizational
capabilities help digital tools work optimally.
Synthesis demonstrates continued fighting. Though favorable, other research shows modest or non-
significant effects, notably under inadequate data governance, weak institutions, or symbolic digitalization.
These inconsistencies show that correlational data is limited and require greater identification and
mechanism-level examination.
A study program and goals that elevate the field beyond association-based findings to deeper explanations,
plausible causality, and practical insights are the third contribution. Three roadmap elements stand out.

The review emphasizes theoretical improvement, notably in behavioral corporate finance and dynamic
capabilities frameworks. Despite using agency theory, signaling theory, and resource-based logic,
contemporary research portrays managerial decision-making as mechanistic and logical. Why digital
technology can help and impair investing decisions is explained by overconfidence, automation bias,
attention limits, and framing effects. Dynamic capabilities explain digital transformation outcomes'
unpredictability, temporality, and path dependence (Teece et al., 1997).

Methodological progress is second in the roadmap. Secondary data and panel regressions boost scalability
but weaken causality. In future study, natural experiments, difference-in-differences approaches, staggered
adoption contexts, and more extensive textual analyses of disclosures can increase evidential standards.
Understanding the "black box" of digital capital allocation and governance requires more mixed-methods
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research, especially at the CFO and FP&A levels.
Third, the pipeline links academic research to policy and practice. Finance's digital revolution poses
governance, accountability, and decision architecture issues. CFOs establish digital capital budgeting
processes, investors evaluate digital disclosures, and boards oversee more computerized financial systems.
Future research may explain how. The study agenda covers digital financial system enhancement and
historical analysis.

Due to three interconnected issues, this investigation is urgent. From marginal IT spending to fundamental
financial infrastructure, digital transformation changed how organizations generate, process, and transmit
information. Two, capital markets are valuing intangible assets and digital competencies, strengthening the
link between digital transformation and corporate valuation. Third, technological innovation, regulatory
changes, and global shocks have increased unpredictability, making investment efficiency and adaptive
capital allocation crucial.
Despite these advances, finance, accounting, and information systems literature remains disconnected, with
little cross-pollination and little theory-empirical evidence integration. Dispersion risks concurrent
discussions without awareness. This review painstakingly maps, synthesizes, and integrates the literature
to fill the gap and create a cohesive conceptual framework for future research.

The digital revolution challenges corporate financial assumptions, making the evaluation crucial. Many
investment and valuation models assume stable informational settings and organizational development. By
accelerating information flows, changing governance structures, and using algorithmic decision support,
digital transformation challenges these assumptions. Understanding these changes requires modern
corporate finance theories that explicitly incorporate digital dynamics.

This detailed review indicates that digital transformation is a major factor in finance, affecting valuation,
investment, and governance. Synthesizing empirical findings, merging divergent evidence into a
mechanism-based framework, and setting a definitive research goal improves theory. Scholars must
determine whether digital transformation is relevant and how, when, and why it matters to corporate
finance, as well as how to structure, regulate, and perpetuate its benefits.
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