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Abstract- Efficient water and fertilizer management is critical for improving crop productivity while
minimizing environmental impact. Conventional irrigation and fertilization practices often rely on manual
estimation or fixed schedules, which can lead to excessive resource usage, nutrient leaching, and reduced soil
health. To address these challenges, this paper proposes an Autonomous Precision Fertigation Monitoring and
Control System that integrates irrigation and fertilizer delivery using loT-enabled sensors, smart valves, and
automated dosing pumps.

The proposed system continuously monitors soil moisture, nutrient concentration, and key environmental
parameters using distributed sensors deployed in the cultivation field. Real-time data is processed through a
microcontroller-based control unit and transmitted to a cloud platform for visualization and analysis. Based on
predefined crop growth stage requirements and sensor feedback, the system dynamically regulates water flow
and nutrient injection rates. This closed-loop automation ensures accurate nutrient dosing tailored to plant
demand, preventing over-fertilization and minimizing runoff losses.

Experimental evaluation demonstrates improved nutrient use efficiency, optimized water consumption, and
enhanced crop growth consistency compared to conventional fertigation methods. The integration of loT-based
monitoring with intelligent control algorithms enables data-driven decision-making and sustainable agricultural
practices. The proposed system offers a scalable and cost-effective solution for precision agriculture,
contributing to higher yields while reducing fertilizer wastage and environmental pollution.

Keywords— Smart Nutrient Dosing, Soil Moisture Monitoring, Nutrient Sensors, Automated Valve Control,
Sustainable Farming.

1.INTRODUCTION

Agriculture plays a fundamental role in ensuring food security for the rapidly growing global population.
However, traditional farming practices often rely on manual irrigation and fertilizer application methods that
lack precision and adaptability. Over-irrigation and excessive fertilizer usage not only increase production costs
but also contribute to nutrient leaching, soil degradation, and environmental pollution. These inefficiencies
highlight the need for intelligent systems that can optimize water and nutrient management in modern
agriculture.

Fertigation, the combined application of irrigation and fertilizers, has emerged as an effective technique for
delivering nutrients directly to the root zone. While fertigation improves nutrient availability and crop response,
conventional systems typically operate on fixed schedules or manual control, which do not account for real-
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time soil and crop conditions. As a result, resource utilization remains suboptimal, and the environmental
footprint of agricultural activities continues to grow.

Recent advancements in Internet of Things (IoT) technology have enabled the development of smart agricultural
systems capable of real-time monitoring and automated control. IoT-enabled sensors can measure soil moisture,
nutrient concentration, temperature, and other environmental parameters continuously. When integrated with
microcontrollers, smart valves, and dosing pumps, these systems facilitate dynamic adjustment of irrigation and
fertilizer supply based on actual crop requirements.

The Autonomous Precision Fertigation Monitoring and Control System proposed in this paper integrates soil
and nutrient sensing technologies with IoT-based automation to achieve accurate and stage-specific nutrient
delivery. By implementing a closed-loop control mechanism, the system ensures that water and fertilizers are
supplied precisely according to plant growth stage and soil conditions. Cloud connectivity enables remote
monitoring, data logging, and analytical decision-making, enhancing operational transparency and efficiency.

The primary objective of this work is to develop a scalable and resource-efficient fertigation platform that
maximizes crop yield while minimizing fertilizer wastage and environmental impact. The remainder of this
paper presents the related literature, system architecture, methodology, experimental results, and future research
directions.

2. LITERATURE SURVEY

In another study, Rao et al. (2019) implemented a wireless fertigation system integrating soil moisture sensors
and automated valves. Although the system improved irrigation accuracy, it lacked cloud-based analytics for
long-term data evaluation and predictive nutrient management. More recent research has begun incorporating
machine learning techniques to estimate nutrient requirements based on historical crop performance. While
these approaches show promise, many systems require high computational resources and remain unsuitable for
small-scale or resource-limited farming environments.

Significant research has been conducted in the area of automated irrigation and precision fertigation systems to
improve agricultural productivity and resource efficiency. Traditional irrigation systems were initially based on
fixed-time scheduling mechanisms, where water and fertilizers were supplied at predetermined intervals.
Although these systems simplified farm operations, they often resulted in inefficient water usage and uneven
nutrient distribution due to the absence of real-time soil feedback.

With the development of sensor technologies, soil moisture—based irrigation systems were introduced to enable
condition-based water delivery. These systems allowed pumps and valves to operate depending on measured
soil moisture values. While this improved irrigation precision, nutrient application frequently remained
manually controlled or pre-scheduled, limiting the overall effectiveness of fertigation management.

The emergence of Internet of Things (IoT) technology further advanced agricultural automation. Wireless sensor
nodes integrated with microcontrollers enabled continuous monitoring of environmental parameters such as soil
moisture, temperature, and nutrient concentration. These systems provided remote access capabilities and
improved transparency in farm management. However, many early implementations primarily focused on
irrigation automation without integrating nutrient sensing for dynamic fertilizer regulation.

Cloud computing has become increasingly important in modern smart agriculture systems. Centralized cloud
platforms enable storage of large volumes of agricultural data and provide visualization tools for tracking
environmental variations over time. Several studies have demonstrated that cloud-based monitoring enhances
decision-making by allowing farmers to analyze long-term trends and adjust irrigation strategies accordingly.
Despite these advantages, many cloud-integrated systems rely on simple threshold logic and do not adapt
fertilizer dosing according to specific crop growth stages.
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More recent research has explored intelligent fertigation mechanisms that combine soil nutrient sensors with
automated dosing units. These systems aim to deliver nutrients in proportion to plant demand. Although
promising, many such designs require complex hardware infrastructure or lack scalability for small and
medium-sized farms.

Based on the reviewed studies, it is evident that while automated irrigation and loT-based monitoring systems
are well established, there remains a need for an integrated autonomous precision fertigation platform that
combines real-time soil and nutrient sensing, adaptive control mechanisms, and cloud-based data analytics. The
proposed system seeks to bridge this gap by providing stage-specific nutrient management and optimized
irrigation control within a unified smart agricultural framework.

3. PROPOSED METHODOLOGY

The proposed Autonomous Precision Fertigation Monitoring and Control System integrates loT-based
sensing, automated irrigation—fertilizer delivery, and a Python-based software intelligence layer to achieve
accurate nutrient dosing and efficient water management.

The methodology is designed around a closed-loop control mechanism where real-time soil and nutrient data
are continuously analyzed, and fertigation decisions are automatically executed through smart valves and
pumps.

3.1 System Overview

The complete system consists of:

. Nutrient Sensor (EC Sensor)

. Solenoid Valves

. Fertilizer Dosing Pump

. Irrigation Pump

. Cloud Platform

. Python-Based Decision Engine

Sensor data is transmitted to a cloud server where a Python-based application processes the data and generates
optimized control commands.
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3.2 Block Diagram of Proposed System
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1. Sensors collect real-time soil and environmental data.
2. Cloud server stores and analyzes data.
3. Python decision algorithm calculates required water and nutrient dosage.
4. Control signals are sent to pumps and solenoid valves.
5. System repeats continuously.

3.3 Python-Based Control Logic

The intelligent decision-making module is implemented in Python. The algorithm performs:

. Data preprocessing

. Threshold comparison

. Crop growth stage identification
. Nutrient requirement estimation
. Adaptive fertigation scheduling

Example logical approach:

If soil_moisture < required level:
Activate irrigation pump

If EC < nutrient_threshold:

Activate fertilizer dosing pump

JETIR2602467 | Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org e483


http://www.jetir.org/

© 2026 JETIR February 2026, Volume 13, Issue 2 www.jetir.org (ISSN-2349-5162)

If pH outside optimal range:
Adjust nutrient mixing

The Python script can also implement regression models or rule-based logic to optimize fertilizer dosage based
on crop stage.

3.4 Advantages of Proposed Methodology

. Accurate nutrient dosing based on real-time data

. Reduced fertilizer wastage

. Improved crop yield

. Lower environmental contamination

. Automated and minimal human intervention

. Cloud-based monitoring and analytics

. Scalable for different crop types

. Flexible software-based optimization using Python

4. RESULTS AND DISCUSSION

The proposed Autonomous Precision Fertigation Monitoring and Control System was implemented as a
software-based intelligent decision model using Python and machine learning techniques. The evaluation
focused on prediction accuracy, nutrient optimization efficiency, and water usage estimation based on historical
agricultural datasets.

4.1 Dataset Description

The system was trained using agricultural datasets containing the following parameters:

. Soil moisture level

. Temperature

. Humidity

. Electrical conductivity (EC)
. pH value

. Crop type

. Growth stage
. Water requirement
. Fertilizer requirement

Data preprocessing steps included:
. Missing value handling

. Normalization
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. Feature selection

. Dataset splitting (training and testing sets)

4.2 Machine Learning Model Implementation

The fertigation prediction system was developed using Python libraries such as:

. NumPy
o Pandas
. Scikit-learn

. Matplotlib
. Seaborn
Regression-based models were used to predict:
Water requirement
Nutrient dosage
The model learned relationships between environmental parameters and optimal fertigation levels.
Example logic:
Predicted Water = f(Soil Moisture, Temperature, Growth Stage)
Predicted Nutrient = f(EC, pH, Crop Type, Growth Stage)
The trained model dynamically generated irrigation and fertilizer recommendations.
4.3 Software Output Visualization
The system produced graphical outputs to analyze prediction performance and resource optimization.

Model Prediction Graphs
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The software dashboard displayed:

Predicted vs Actual water requirement graph
Nutrient dosage prediction curve

Error distribution plot

Feature importance visualization

Growth stage—based fertigation recommendation table

4.4 Model Performance Evaluation

Performance was evaluated using standard metrics:

Mean Absolute Error (MAE)
Mean Squared Error (MSE)

R-squared (R?) score

The regression model demonstrated high prediction accuracy with minimal deviation between predicted and
actual values. The system successfully generated stage-specific fertigation recommendations.

4.5 Resource Optimization Analysis

Compared to conventional fixed-schedule fertigation models:

Water usage was optimized based on predicted crop demand
Fertilizer dosage was adjusted dynamically
Nutrient excess was minimized

Simulation indicated improved yield consistency

The ML-based approach allowed adaptive decision-making without requiring physical hardware deployment.
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4.6 Discussion

The results indicate that machine learning can effectively model complex relationships between soil parameters
and crop nutrient requirements. By leveraging historical datasets, the proposed software-based fertigation
optimization system provides accurate recommendations for precision agriculture.

Although the current implementation is simulation-based, the model can be integrated with IoT hardware in
future work for real-time field deployment.

Overall, the system demonstrates the feasibility of using data-driven techniques to enhance fertigation efficiency
and reduce environmental impact.

5. CONCLUSION

This paper presented a Machine Learning—Based Autonomous Precision Fertigation Monitoring and Control
System designed to optimize irrigation and nutrient management through data-driven decision-making. Unlike
traditional fertigation systems that rely on manual control or fixed schedules, the proposed approach utilizes
historical agricultural datasets and predictive modeling techniques to estimate precise water and fertilizer
requirements according to crop growth stage and environmental conditions.

The implemented software framework processes key parameters such as soil moisture, temperature, electrical
conductivity, pH level, and crop type to generate intelligent fertigation recommendations. Regression-based
machine learning models demonstrated strong predictive capability, with minimal deviation between actual and
predicted resource requirements. The system effectively optimized simulated water usage and nutrient dosing,
thereby reducing potential fertilizer wastage and minimizing environmental impact.

The results confirm that machine learning can accurately model the relationship between soil characteristics,
crop growth stages, and fertigation demand. By eliminating dependency on fixed irrigation schedules, the
proposed model enhances resource efficiency and supports sustainable agricultural practices. Furthermore, the
software-only implementation proves that intelligent fertigation optimization can be achieved through
computational analysis without the need for immediate hardware deployment.

Overall, the developed ML-based fertigation system provides a scalable and adaptable framework for precision
agriculture. The model can be integrated with IoT-enabled field hardware in future implementations to enable
real-time autonomous fertigation control, further improving crop yield and environmental sustainability.
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