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ABSTRACT: As the demand to analyze trends in large datasets increases, researchers and companies alike are becoming more 

interested in big data analytics. The quantity of data gathered (in health care, social media, smart cities, agriculture, finance, and 

education) has soared as sensor networks and cyber-physical systems continue to grow. Due to noise, incompleteness, and 

inconsistency, data from sensors, social media, and financial records are inherently untrustworthy. This article serves two purposes. 

Various big data tools are also addressed in the article, along with their distinguishing features. These areas have many research 

paths, but the purpose of this article is to allow exploration of these topics as well as the development and execution of optimal Big 

Data methods. Researchers interested in studying and participating in this rapidly expanding field will be able to learn about present 

trends as well as potential future directions. This article looks at big data, its challenges, and where it is headed in the future, as well 

as the Big Data Analytics methods used by various companies to help them make good investment decisions. This research, on the 

other hand, is limited to big data concepts and the issues they can solve. The goal of this paper is to look at the problems and roadblocks 

that are becoming more prevalent in this new industry. 
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1. INTRODUCTION 

Big data is a prominent issue in today's business world. Data collection and storage by companies all over the 

globe has skyrocketed in recent years, and accessing and analyzing this data has never been more important. We 

used to refer to predictive analytics or other methods for extracting value from data as "big data," which refers to 

data sets that are too large or complex for conventional data processing technologies. To explore the depths of big 

data, businesses depend on raw storage and processing capacity, as well as strong analytical skills and experience 

[1]. 

Big Data is a cutting-edge technology that, for the first time in human history, has made groundbreaking 

discoveries accessible in real time. Businesses, governments, and even non-profit organizations may all benefit 

from the insights provided by big data analysis. This trend will expand in 2018 because of data analytics and 

become much more common. Shopping malls or shops can observe, and travel companies may monitor, which 

locations their customers to decide which products are in demand and bestselling at particular times of the day 

most frequently search. The phrase "data analytics" is used to characterize this technique [2]. With smart watches, 

eyeglasses, and even smart clothes, there will be a data collecting mechanism all over the world. Big data is most 

frequently used in marketing, sales, IT, healthcare, and finance. Organizations are seeing more and more long-

term possibilities for big data in areas like risk management and logistical planning as big data's reliability grows. 

Dense data, on the other hand, has its own set of issues to deal with. However, we tend to overlook this technology's 

potential because we do not completely comprehend its capabilities and are concerned about data security and 

privacy, particularly in light of the recent Facebook data leak. Data quality problems, as well as compliance with 

local and international data usage laws, are some of the roadblocks. A company that solely uses low-quality data 

is susceptible to inefficiencies, which may lead to wasted time, sales, and profits [3]. 

1.1. Big Data Market Analysis: 

To put it simply, data science is utilized to discover hidden trends and information from huge volumes of 

(unstructured) data. As a result, data science is the process of identifying patterns and trends in unstructured data 

[4]. For instance:  

 Netflix or YouTube utilize data mining to figure out which Netflix original/YouTube series to develop in 

the near future (for its viewers/audience). 

 Retail target firms, for example, outline their main client categories and the buying behaviors of those 

segments to assist steer marketing to different markets (increasing profit and productivity). 

 In order to better predict future demand, Proctor & Gamble employs time series models. 
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1.2. Applications of big data: 

This paper can talk about data analytics in various contexts [5]: 

 Social Media: 

Before cloud drives, it was impossible to keep track of activities across multiple social media sites. It is possible 

to evaluate information from many social networking sites at the same time using cloud storage, allowing for easy 

filtering.  

 Tracking Products: 

No surprise Amazon.com employs cloud-based data analytics to track things through their series warehouses and 

deliver them wherever possible, regardless of consumer proximity. Because of Amazon's Redshift initiative, the 

company makes extensive use of cloud storage and remote storage. As a data warehouse for smaller enterprises, 

Redshift offers many of the same analytical resources, processing capabilities, and storage capabilities as Amazon. 

This saves smaller companies money on expensive infrastructure [6].  

 Tracking Preference: 

In addition to offering consumers a service and encouraging the usage of their goods, their website has a feature 

that analysis, users' viewing habits and recommends additional films they may love. So that users' habits don't 

change from one machine to another, cloud drives save user information on the cloud. A big part of Netflix's 

audience was able to watch a TV show that appealed to them objectively since Netflix retained all of their 

customers' interests and wants in movies and TV. Thanks to their data analysis and cloud-based expertise, Netflix's 

House of Cards became the most successful internet-television series ever in 2013 [7].  

 Keeping Records: 

It is possible to store and process data in the cloud at the same time regardless of how close the local database is 

located. It is possible for companies in the United States to monitor sales of a certain item throughout all of their 

divisions or franchises, and to adjust production and delivery as needed. Rather of waiting for stock updates from 

local merchants, companies may keep track of inventory remotely using automatically downloaded data to cloud 

storage. A company's ability to function more effectively is aided by the data saved in the cloud[8]. 

1.3. Importance of Data Science and Big Data Analytics  

Data Science offers value to all business models by utilizing analytics and deep learning to make better decisions 

and increase recruiting. To avoid unexpected scenarios and risks, it is also utilized to crunch the prior data. When 

it comes to setting up a workflow, considering this information may be quite helpful! The following are a few 

examples of data science applications:  

 Internet search: Using data science, search engines will respond to queries in a fraction of a second and 

offer results. 

 Digital Advertisements: On the digital marketing spectrum, from display banners to electronic billboards, 

data science approaches are employed. As a result of this fact, digital advertisements have a greater click-

through rate than conventional ones. 

 Recommender systems: In addition to facilitating the retrieval of important information about millions of 

goods, it significantly enhances the user experience. According to the user's demands and data relevancy, 

some firms utilize this approach to advertise their products. They are based on the search history of the 

user. 

 

1.4. Machine Learning and Big Data:  

The use of machine learning (ML) in data analytics is typically used to construct models for prediction and 

knowledge discovery in order to allow data-driven decision making Large volumes, fast speeds, a variety of kinds, 

low value density and incompleteness are features of big data that traditional machine learning algorithms are 

unable to manage, as well as uncertainty (e.g., biased training data, unexpected data types, etc.). Feature learning, 

deep learning, transfer learning, distributed learning, and active learning are some of the most widely utilized 

advanced machine learning approaches suggested for large data analysis [9]. This approach consists of a 

http://www.jetir.org/


© 2019 JETIR April 2019, Volume 6, Issue 4                                                                      www.jetir.org (ISSN-2349-5162) 

JETIRFT06112 Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org 589 
 

combination of strategies that enable an automated feature detection or classification system to learn from raw data 

the representations needed for feature detection or classification. When it comes down to it, the choice of data 

representation has a big impact on the performance. 

Existing deep learning techniques, on the other hand, entail a high computational cost. The scalability issue of 

conventional machine learning may be addressed using distributed learning by performing calculations on 

scattered data sets over many workstations to speed up the learning process. A student's ability to transfer 

information from one domain to another indicates that they are progressing. Active learning algorithms or active 

learning algorithms are algorithms that utilize adaptive data collection (processes that change settings to gather the 

most useful data as quickly as possible) to speed up machine learning operations and address labeling problems.  

Learning from data with poor veracity (i.e., uncertain and partial data) and data with low value are the major causes 

of machine learning's uncertainty problems (i.e., unrelated to the current problem)? When it comes to decreasing 

uncertainty using machine-learning methods, we discovered that active learning, deep learning, and fuzzy logic 

theory are very effective. Uncertainty can impact machine learning in terms of incomplete or imprecise training 

samples, unclear classification boundaries, and rough knowledge of the target data. In some cases, the data is 

represented without labels, which can become a challenge. Manually labeling large data collections can be an 

expensive and strenuous task, yet learning from unlabeled data is very difficult as classifying data with unclear 

guidelines yields unclear results. Active learning has solved this issue by selecting a subset of the most important 

instances for labeling. Deep learning is another learning method that can handle incompleteness and inconsistency 

issues in the classification procedure. 

1.5 Five Vs Of Big Data Really Matters: 

This focus on the five most common characteristics of big data[10]. 

1.5.1 Volume: 

In computing, volume is used to describe the sheer amount of data created per second, as well as the breadth and 

scope of a dataset's dimensions. A uniform criterion for large data volume (i.e., what defines a 'huge dataset') is 

unrealistic since the time and kind of data might impact its classification. However, even if Exabyte (EB) and ZB-

sized datasets fall under the category of "big data," smaller datasets still face issues. There are scalability and 

uncertainty issues that might arise from such large data sets. There are a number of existing data analysis 

techniques that are not built for large-scale databases and can fall short when trying to scan and comprehend the 

data on a large-scale. 

1.5.2 Variety: 

A dataset's variety includes structured data, semi-structured data, and unstructured data, among others. It's easy to 

sort structured data (e.g., stored in a relational database) but not unstructured data (e.g., text and multimedia 

material). A database user can enforce the structure of semi-structured data (e.g. No SQL databases) by using tags 

to segregate data pieces. Data conversions (e.g., from unstructured to structured data) and the representation of 

multiple data types, as well as changes to the dataset's underlying structure at run time, can all cause 

unpredictability. Traditional big data analytics algorithms have problems in processing multi-modal, incomplete, 

and noisy data from a number of angles. They may not be able to handle incomplete and/or varied forms of input 

data since such approaches (e.g. algorithms for mining large amounts of data) are built for well-formatted data [7]. 

The focus of this work is on uncertainty in relation to big data analytics, although uncertainty can also affect the 

dataset. 

1.5.3 Velocity: 

For data processing, velocity refers to the rate at which data is processed (represented by batch, real-time 

processing, and streaming), stressing how processing speed must keep pace with production rate. There is a risk 

of harm or death if the gadget monitors medical information (e.g., a pacemaker that reports emergencies to a doctor 

or facility). When data from a big data application is late, it can cause difficulties for devices in the cyber-physical 

realm.  
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1.5.4 Veracity:  

Veracity is a measure of the data's accuracy (e.g., uncertain or imprecise data). For this reason, data veracity is 

divided into three categories: good, poor, and undefined. Due to the rising diversity of data sources and types, 

accuracy and confidence in big data analytics become more challenging to establish. Any ambiguities or 

inconsistencies in the dataset might interfere with or reduce the precision of the analytics process when evaluating 

millions of health care records to assess or predict illness patterns, for example to minimize an outbreak that could 

affect many people. 

1.5.5 Value:  

Data context and utility for decision making is represented by value. The previous V's, on the other hand, focused 

more on difficulties with big data. Via the use of analytics on big data in their respective offerings. Product 

suggestions are provided by Amazon based on the analysis of huge datasets of customers and their purchases, 

therefore improving sales and user involvement. For Google Maps, Google obtains location data from Android 

users. In order to deliver tailored advertising and friend suggestions, Facebook analyses users' activity. In order to 

make better business decisions, these three firms analyzed enormous amounts of raw data and derived helpful 

insights. 

1.6 Challenges of Big Data Analytics  

 Volume and Data Scale:  

The volume of big data is growing at a rapid pace, outpacing the capacity of the computational resources. 

Meanwhile, Moore's law dictates that processors will continue to improve, but the amount of data will continue to 

grow. As a result, Moore's law has a limit. The quantum effects are so important that they can't be disregarded as 

the chips get smaller and smaller. Because of this, we must develop a way to cope with all of this data. 

 Variety and Data Heterogeneity:  

If the database is semi-structured or unstructured (such as an audio, video, text, or webpage), the usual techniques 

will not function. As a result, organizing data is the first stage in data analysis since it makes data processing 

practical and efficient. 

 Temporality of the data and its velocity: 

The more data there is, the longer it takes to evaluate it. In the long run, the value of data diminishes, and in 

some situations, timely data processing is essential (e.g., credit checking when banking). In a nutshell, velocity 

is the quest of perfection.  

 Value and Demand for Deep Analyzing:  

Structured databases are the focus of traditional data analysis, which is known as OLAP data analysis. Graph and 

network analyses as well as what-if analyses have been created in order to meet the need for deep analyzing. This 

article examines how large data may be affected by uncertainty, both in terms of analytics and in terms of the data 

itself. Specifically, we wanted to explore the current state of the art in terms of big data analytics approaches, how 

uncertainty might negatively influence such techniques, and analyses the remaining unresolved challenges. It has 

summarized important studies for each common approach to help others in this community when creating their 

own strategies. The five V's of big data are discussed in this paper, however there are many additional V's. Research 

has focused mostly on amount, diversity, speed, and validity of data, with less work accessible in terms of utility. 

In addition to suggesting promising study areas, our present research has made important contributions to the 

theory. There are many additional multidisciplinary fields and managerial domains that we haven't included. 

Companies must use big data analytics in order to better understand consumer behavior and provide them with 

better and more personalized services. However, despite its limitations, we feel that our study provides academics 

with food for thought and incentive to explore the topic of big data in greater depth. 

2. DISCUSSION 

A/B testing, unsupervised feature trying to learn, categorization, cluster analysis, image segmentation as well as 

integration, data gathering, supervised learning, optimization programming, data science, NLP, neural networks, 

network analysis, optimization, pattern recognition, predictive modelling, regression, sentiment analysis, signal 
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processing, spatial analytic techniques are all rapidly evolving. Cloud computing, R., SQL and stream processing 

are all examples of big data technologies as well. More and faster data processing technologies are being 

developed. In every element of data processing, from data collecting, to data extraction, to data storage, to 

modelling, to processing, to interpretation, big data technologies are rapidly evolving. As ideas and technology 

advance, it will be used in an increasing number of fields. Aside from these difficulties, there are yet more. A 

tricky issue, the privacy of big data is urgently in need of law and should be protected with technical safeguards. 

3. CONCLUSION 

This paper has reviewed numerous techniques on big data analytics and the impact of uncertainty of each 

technique. First, each AI technique is categorized as either ML, NLP, or CI. It show how each approach is affected 

by uncertainty in terms of data and technique as well as Potential methods for each uncertainty problem. Using an 

active learning strategy that employs a subset of the data identified as the most meaningful is one way to overcome 

this specific type of uncertainty. Please take note that each big data feature has been described individually. 

However, integrating one or more big data features will result in exponentially greater uncertainty, necessitating 

even more research and analysis. For future research in this sector, this article has opened up a number of new 

possibilities. We need to investigate the relationships between each big data feature, as they do not exist in 

isolation, but rather, they are interconnected. As a second step, current analytics approaches applied to large data 

must be rigorously tested for scalability and effectiveness. ML and NLP must also create new approaches and 

algorithms to manage real-time choices based on massive volumes of data. Lastly, further research is needed on 

how to efficiently model uncertainty in machine learning and natural language processing. Fifth, because CI 

algorithms can approximate a solution in an acceptable amount of time, they have been utilized to handle ML 

issues and uncertainty concerns in data analytics and process in recent years. Big data analytics does not yet have 

the ability to mitigate uncertainty using CI meta-heuristics techniques. 
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