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Abstract

Migraine is a complex neurological disorder characterized by recurrent headaches and a range of sensory
disturbances, including visual, auditory, and olfactory auras. Affecting over one billion people globally,
migraine remains underdiagnosed and often misclassified due to its heterogeneity in symptomatology and
overlapping features with other headache disorders.

Traditional diagnostic approaches primarily rely on subjective clinical evaluations and patient
self-reports, which can lead to diagnostic inaccuracies.

Recent advances in neuroimaging, electrophysiology, and molecular biology have enabled the
discovery of objective biomarkers that may improve diagnostic precision. Biomarkers from multiple
modalities—such as neuroimaging (MRI, fMRI), electrophysiological signals (EEG), and biochemical
markers (cytokines, CGRP levels)—offer a comprehensive understanding of migraine pathophysiology.
Integrating these heterogeneous data sources through machine learning—based multimodal analysis could
facilitate reliable classification of migraine subtypes (e.g., migraine with aura, without aura, chronic
migraine).

This research explores the use of multimodal biomarker integration and machine learning techniques to
classify migraine patients with improved accuracy and clinical relevance.

Keyword: migraine, neurological disorder, recurrent headaches, sensory disturbances, visual aura,
auditory aura, olfactory aura, underdiagnosis, misclassification, neuroimaging, MRI, fMRI,
electrophysiology, EEG, molecular biomarkers, cytokines, CGRP, multimodal biomarkers, machine
learning, multimodal analysis, migraine classification, migraine with aura, migraine without aura, chronic
migraine, diagnostic precision, pathophysiology

1. Introduction

The Need for Biomarker-Based Classification

A biomarker is a measurable indicator of a biological or pathological process that can be objectively
quantified and correlated with a clinical outcome or disease state. In the context of migraine, biomarkers
have the potential to bridge the gap between subjective symptomatology and underlying neurobiological
mechanisms. They can help identify disease subtypes, predict response to treatment, and enable early or
even pre-symptomatic diagnosis.
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Over the past two decades, several potential biomarkers have been identified across different
biological domains. These include neuroimaging biomarkers (reflecting structural and functional brain
changes), electrophysiological biomarkers (capturing neural excitability and cortical activity patterns), and
molecular or biochemical biomarkers (representing systemic changes in neuropeptides, cytokines, and
metabolites). However, most existing studies have examined these biomarkers in isolation—yielding
limited diagnostic accuracy and inconsistent reproducibility across populations.

The Role of Multimodal Biomarker Integration

Given that migraine is a multifactorial disorder involving complex interactions between neural, vascular,
and inflammatory pathways, relying on a single biomarker or modality provides only a partial view of the
disease process. Multimodal biomarker integration, therefore, offers a more comprehensive approach by
combining complementary information from multiple biological sources.

Neuroimaging data (such as structural MRI or functional MRI) can reveal abnormalities in cortical
thickness, white matter integrity, and functional connectivity in pain-processing networks.
Electrophysiological signals (such as EEG) can detect cortical hyperexcitability and altered
oscillatory activity associated with migraine aura and interictal states.

Molecular biomarkers (such as calcitonin gene-related peptide [CGRP], serotonin, and
inflammatory cytokines) reflect neurovascular inflammation and neurotransmitter dysregulation.
By integrating these modalities, researchers can capture a multidimensional profile of migraine
pathology that improves diagnostic classification beyond the capacity of any single data source.
Advances in Machine Learning for Biomarker-Based Diagnosis

Recent advances in machine learning (ML) and artificial intelligence (Al) have significantly transformed
biomedical data analysis. Machine learning algorithms can identify complex, nonlinear patterns in high-
dimensional datasets that may not be apparent through traditional statistical methods. In migraine research,
ML-based models have been used to classify patients using single-modality data such as MRI, EEG, or
biochemical markers—with promising but limited success.

However, the emerging field of multimodal machine learning seeks to combine and analyze
heterogeneous data sources simultaneously. This approach leverages fusion strategies—such as early
fusion (feature-level integration), intermediate fusion (representation-level integration), and late fusion
(decision-level integration)—to build predictive models capable of capturing interrelationships between
modalities. Deep learning architectures, such as convolutional neural networks (CNNs) and multimodal
deep neural networks (MDNNS), have shown particular promise in this domain due to their ability to learn
complex hierarchical representations directly from raw or minimally processed data.

Applying such multimodal ML frameworks to migraine classification holds the potential to identify disease
subtypes more precisely, predict treatment response, and uncover latent patterns that correspond to distinct
neurobiological mechanisms.

Clinical and Research Significance

Accurate classification of migraine patients is critical for several reasons. First, it enhances clinical
decision-making by distinguishing between migraine with aura, migraine without aura, and chronic
migraine, which often require different management strategies. Second, reliable classification supports
precision medicine by enabling targeted interventions based on individual biomarker profiles. Third, it
contributes to pathophysiological understanding by linking observable clinical features with underlying
biological mechanisms.

From a research perspective, multimodal biomarker-based classification can facilitate the discovery of new
therapeutic targets and the evaluation of drug efficacy through objective, quantifiable endpoints. For
instance, the successful development of CGRP antagonists for migraine prevention underscores the
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translational value of molecular biomarkers. Similarly, identifying reproducible imaging and
electrophysiological markers may lead to new non-invasive diagnostic tools and personalized treatment
plans.

Research Gap and Rationale

Despite considerable progress, several challenges remain. Most existing studies on migraine biomarkers
are unimodal, focusing on either neuroimaging, EEG, or biochemical parameters independently. Such
approaches fail to capture the full complexity of migraine pathophysiology. Moreover, there is limited
research integrating these diverse datasets into a unified analytical framework.

Another gap lies in the lack of standardized methods for data fusion, feature selection, and model
validation in multimodal biomedical research. Variations in acquisition protocols, preprocessing pipelines,
and statistical methodologies often limit comparability and reproducibility across studies. Furthermore,
many studies rely on small sample sizes and lack external validation, reducing their generalizability.
Therefore, a systematic approach that integrates multimodal biomarker data using advanced machine
learning algorithms is urgently needed to enhance the classification accuracy of migraine patients.

Research Aim and Objectives

The present study aims to develop a multimodal biomarker-based classification framework for migraine
patients using integrated neuroimaging, electrophysiological, and molecular data analyzed through
machine learning techniques. The specific objectives of this research are as follows:

1.To collect and preprocess multimodal data (MRI/fMRI, EEG, and molecular biomarkers) from migraine
patients and healthy controls.

2.To extract discriminative features from each modality representing structural, functional, and
biochemical signatures of migraine.

3.To develop and optimize machine learning models for classifying migraine subtypes based on unimodal
and multimodal data.

4.To evaluate and compare the performance of different models (e.g., SVM, Random Forest, and
Multimodal Deep Neural Networks).

5.To interpret the biological relevance of the most predictive biomarkers and assess their clinical utility.

Structure of the Paper

The remainder of this paper is organized as follows:

presents a comprehensive review of the literature on migraine biomarkers and machine learning
applications.

defines the problem statement and outlines the study’s methodology.

describes the experimental design, data collection, and analytical methods.

reports the results and discusses their implications.

highlights the future scope and concludes the study.

2. Literature

Below is a structured literature review you can paste into your paper. | focused on the most relevant
empirical findings, methodological trends, and clear gaps for a multimodal classification study.

1. Overview of biomarkers used in migraine research

Migraine biomarker research spans neuroimaging (structural MRI, resting-state and task fMRI, diffusion
MRI), electrophysiology (EEG/MEG), and biofluids (blood, CSF — notably CGRP and related peptides),
plus genetics and metabolomics. Reviews find many candidate signals but no single, definitive diagnostic
biomarker; instead the field is moving toward combinations of markers and multimodal integration for
better sensitivity and specificity.
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2. Imaging (structural & functional MRI)

Structural and resting-state functional MRI are the most commonly used modalities for

ML-based migraine classification. Morphometric features (cortical thickness, volumes, surface metrics)
and connectivity metrics from rs-fMRI (ALFF, ReHo, regional functional correlation strength, graph
measures) have repeatedly shown group differences between migraineurs and controls. Several studies
demonstrate that combining multiple fMRI indices and using deep learning or ensemble classifiers
improves classification performance relative to unimodal approaches. A widely-cited study by Yang et al.
(2018) showed improved discrimination using multiple rs-fMRI indices input to a CNN. More recent work
has attempted to validate multimodal MRI models across migraine phases and longitudinal follow-up.

3. Electrophysiology (EEG/MEG)

EEG and MEG studies report altered cortical excitability, abnormal sensory-evoked responses, and
changes in power/coherence that can distinguish migraine subgroups in some datasets.

Machine-learning on EEG features (spectral powers, entropy, connectivity measures) can classify migraine
vs controls and sometimes differentiate chronic vs episodic forms, but results vary and suffer from small
samples and inconsistent preprocessing. MEG is promising but less widely available and studied. (See
methodological reviews summarizing EEG/MEG findings and ML applications.)

4. Biofluids, peptides and molecular markers (CGRP and others)

Calcitonin gene-related peptide (CGRP) is the most intensively studied molecular marker in migraine and
the target of several effective therapies. However, circulating CGRP studies show

inconsistent results (methodological differences, timing relative to attacks, sample handling), so CGRP is
currently a promising contributory biomarker rather than a standalone diagnostic test. Broader proteomic
and metabolomic profiling studies have suggested additional candidate markers but replication is limited.

5. Genetics, proteomics and other modalities

Genome-wide and candidate gene studies have identified susceptibility loci for migraine, and
pharmacogenomic work is emerging (e.g., predictors of CGRP-antagonist response).

Large-scale -omics datasets remain under-used in classification studies because integrating high-
dimensional molecular data with imaging/EEG requires larger samples and careful multi-omic
methods.

6. Multimodal integration & machine-learning approaches

Multimodal approaches (concatenating imaging + EEG + clinical + molecular features, or using multi-view
learning) generally outperform unimodal models when applied and validated correctly. Machine-learning
techniques used include random forest, SVM, and increasingly deep neural networks (CNNs, DNNs) for
imaging features. However, the literature also highlights methodological pitfalls: small and heterogeneous
samples, lack of standardized preprocessing, optimistic cross-validation without external cohorts, and
limited model interpretability. Recent methodological commentaries propose standardized study design,
transparent reporting, and open data to improve reproducibility.

7. Performance reported and caveats

Many papers report high internal accuracies (often >80-90%) for migraine vs control classification in
specific datasets, especially when using multimodal inputs and deep models. Nevertheless, few models
have been robustly validated on independent multicenter cohorts, and inflated performance from small
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samples and leakage remains a concern. Recent systematic recommendations emphasize careful cohort
homogenization, pre-registration of analysis plans, and independent validation.

8. Gaps & opportunities (what your paper can address)

External validation: Few multimodal models are validated on independent,
geographically distinct cohorts.

Underused modalities: Combining imaging + EEG + blood proteomics/genomics is still rare — this
is a high-value area.

Temporal dynamics: Most work is cross-sectional; modeling pre-ictal/ictal/interictal dynamics
and longitudinal change is underexplored.

Standardization & reproducibility: Need agreed preprocessing pipelines, balanced cross-
validation, open code/data.

Explainability: Many deep models lack clinically interpretable outputs — integrating feature-
importance and visualization methods would increase clinical utility.

Previous studies have investigated various biomarkers related to migraine:

Neuroimaging biomarkers: Structural MRI studies revealed cortical thickness variations in

pain-processing regions, while fMRI highlighted altered connectivity in the default mode network (DMN)
and salience network during migraine attacks (Zhang et al., 2020).
Electrophysiological biomarkers: EEG studies reported abnormal alpha and gamma oscillations, suggesting
cortical hyperexcitability as a key feature in migraineurs (Coppola et al., 2019).
Molecular biomarkers: Elevated calcitonin gene-related peptide (CGRP) and inflammatory cytokines (IL-
6, TNF-a) were found to correlate with migraine severity (Edvinsson, 2018).
Machine learning approaches: Various algorithms such as Support Vector Machines (SVMs) and deep
neural networks have been applied to unimodal datasets (e.g., EEG or MRI) for migraine classification
with accuracies between 70-85%. However, few studies have combined multimodal data, limiting the
diagnostic robustness.
The gap lies in integrating multimodal biomarkers to enhance diagnostic accuracy and provide a holistic
understanding of migraine’s biological basis.

Overview of Migraine Pathophysiology
Migraine is a complex neurovascular disorder characterized by recurrent attacks of headache and
associated neurological symptoms such as photophobia, phonophobia, and nausea. The pathophysiology of
migraine involves abnormal neuronal excitability, cortical spreading depression (CSD), and activation of
the trigeminovascular system (Charles, 2018). CSD, a slow wave of neuronal depolarization followed by
inhibition, propagates across the cortex and is believed to underlie migraine aura. The activation of
trigeminal afferents leads to the release of vasoactive peptides such as calcitonin gene-related peptide
(CGRP), substance P, and neurokinin A, resulting in neurogenic inflammation and vasodilation (Goadsby
etal., 2017).
Traditionally, migraine was considered primarily a vascular disorder, but recent advances in neuroimaging
and electrophysiology have demonstrated its neurological origin, involving alterations in pain processing
networks, cortical excitability, and central sensitization (Burstein et
al., 2019). These findings have paved the way for biomarker research, aiming to objectively capture these
pathophysiological changes.

Biomarkers in Migraine
The identification of reliable biomarkers for migraine diagnosis and classification remains a major
challenge. Biomarkers can be broadly categorized into neuroimaging, electrophysiological, and
biochemical markers, each providing complementary insights into the disorder.
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Neuroimaging Biomarkers
Advances in magnetic resonance imaging (MRI) and functional MRI (fMRI) have significantly enhanced
understanding of migraine-related brain alterations. Structural MRI studies have reported cortical thickness
abnormalities and volumetric changes in pain-processing regions such as the somatosensory cortex, insula,
and anterior cingulate cortex (Zhang et al., 2020). Diffusion tensor imaging (DTI) analyses revealed
disrupted white matter integrity in the corpus callosum and brainstem, indicating altered interhemispheric
communication and sensory transmission pathways (Szabé et al., 2017).

Functional MRI (fMRI) studies have identified altered resting-state connectivity in the default
mode network (DMN), salience network (SN), and thalamocortical circuits, which are crucial in pain
modulation and sensory integration (Tedeschi et al., 2019). Migraineurs often exhibit hyperactivation of
the hypothalamus and brainstem nuclei during prodromal and ictal phases, suggesting central
dysregulation of pain pathways (Schulte & May, 2016).

Moreover, magnetic resonance spectroscopy (MRS) has revealed reduced N-acetylaspartate and
elevated lactate concentrations in migraine patients, indicating mitochondrial dysfunction and altered
energy metabolism (Montagna, 2018). Collectively, these imaging biomarkers highlight both structural
and functional aberrations in neural circuits underlying migraine pathology.

Electrophysiological Biomarkers
Electroencephalography (EEG) and magnetoencephalography (MEG) have been widely used to assess
cortical excitability and neural synchrony in migraine. EEG studies demonstrate abnormal power spectral
densities and altered event-related potentials (ERPs) during interictal and ictal phases (Coppola et al.,
2019). Specifically, migraineurs show reduced habituation to repetitive stimuli, increased cortical
excitability, and abnormal alpha and gamma oscillations—features that may serve as
electrophysiological signatures of migraine.

Visual evoked potentials (VEPs) and somatosensory evoked potentials (SSEPs) also reveal
differences between migraine subtypes, particularly in patients with aura, where prolonged latency and
amplitude alterations are observed (Afra et al., 2019). MEG studies complement EEG findings by
localizing sources of cortical hyperexcitability, often involving occipital and parietal regions.

These electrophysiological abnormalities provide noninvasive, time-resolved indicators of neural
dysregulation in migraine and have been proposed as potential diagnostic and monitoring biomarkers.

Molecular and Biochemical Biomarkers

Biochemical studies have identified several potential molecular biomarkers associated with migraine
attacks. Among them, CGRP is the most extensively validated. Elevated plasma and salivary CGRP levels
are observed during migraine attacks and return to baseline after treatment (Edvinsson, 2018). The success
of CGRP-targeted monoclonal antibodies (erenumab, fremanezumab) in preventing migraine further
supports its pathogenic relevance. Other molecular candidates include serotonin (5-HT), glutamate, and
inflammatory cytokines such as interleukin-6 (IL-6) and tumor necrosis factor-alpha (TNF-a). Altered
platelet serotonin levels and dysregulated 5-HT receptor expression contribute to the vascular and
nociceptive components of migraine (Panconesi, 2019). Elevated cytokine levels indicate systemic
inflammation, potentially linking peripheral immune activation with central nervous system sensitization.
In addition, oxidative stress markers such as malondialdehyde (MDA) and reduced antioxidant enzyme
activity have been reported in migraine patients (Tozzi et al., 2020). These findings suggest a
multifactorial biochemical landscape that reflects both neurovascular and inflammatory mechanisms of
migraine.

Limitations of Unimodal Biomarker Approaches
Although each modality provides valuable insights, unimodal approaches suffer from inherent limitations.
Neuroimaging studies are expensive, time-consuming, and prone to inter-scanner variability. EEG and MEG
offer high temporal resolution but limited spatial accuracy, while biochemical markers are influenced by
systemic physiological factors such as diet, stress, and hormonal fluctuations.
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Most importantly, migraine is not driven by a single biological process but rather by the interaction
between neural excitability, vascular dynamics, and inflammatory mediators. Hence, single-modality
studies often yield inconsistent results, limited reproducibility, and modest diagnostic power. To
overcome these shortcomings, recent research advocates for the integration of multiple biomarker
modalities within a unified computational framework.

Multimodal Biomarker Integration
Multimodal biomarker integration aims to combine diverse sources of information—neuroimaging,
electrophysiological, and molecular—to improve diagnostic accuracy and mechanistic understanding.
This integrative approach leverages the strengths of each modality while mitigating their individual
weaknesses.

Data Fusion Strategies
1. Data fusion can occur at three levels:
Early fusion (feature-level integration): Direct concatenation of features from different modalities into a
single feature vector before classification.
2.Intermediate fusion (representation-level integration): Extracting modality-specific embeddings and
merging them at a mid-layer of the model (commonly used in deep learning).
3.Late fusion (decision-level integration): Combining the outputs of multiple classifiers, each trained
on a separate modality.
4. Studies have shown that intermediate and late fusion strategies generally outperform early fusion, as
they allow modality-specific feature learning and reduce dimensionality.

Problem Statement

Migraine is a complex and heterogeneous neurological disorder characterized by recurrent headaches,
sensory disturbances, and cognitive impairment. Despite its high prevalence and significant impact on
quality of life, accurate diagnosis and classification of migraine subtypes remain challenging. Current
clinical diagnosis primarily relies on subjective symptoms described by patients and clinical criteria defined
by the International Classification of Headache Disorders (ICHD). This subjective approach often leads to
misdiagnosis or delayed diagnosis, particularly in differentiating migraine with aura, migraine without
aura, chronic migraine, and tension-type headaches.

Recent advances in neuroimaging, electrophysiology, and molecular biology have identified several
potential biomarkers associated with migraine, such as structural and functional brain changes, EEG
alterations, and biochemical markers like calcitonin gene-related peptide (CGRP). However, these
biomarkers are typically studied in isolation, and no single biomarker has shown sufficient sensitivity or
specificity to serve as a reliable diagnostic tool.

The integration of multimodal biomarkers combining data from neuroimaging, electrophysiological, and
biochemical sources offers a promising strategy for improving diagnostic accuracy. Yet, there is a
significant lack of comprehensive models that fuse multimodal data using advanced computational
techniques such as machine learning and deep learning for migraine classification. Additionally, existing
studies often suffer from small sample sizes, lack of standardization, and limited external validation, which
restrict their generalizability.

Therefore, the problem addressed in this research is the absence of a robust, multimodal biomarker-
based classification framework capable of accurately distinguishing migraine patients from healthy controls
and differentiating between migraine subtypes. Developing such a model can facilitate objective diagnosis,
personalized treatment planning, and better understanding of migraine pathophysiology.

1. Background and Context

Migraine is a chronic and disabling neurological disorder that affects over one billion individuals globally,
ranking among the top causes of disability according to the Global Burden of Disease reports. It manifests
as recurrent, often severe headache episodes accompanied by nausea, vomiting, photophobia,
phonophobia, and, in many cases, transient neurological symptoms known as aura. Despite its high
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prevalence and social burden, migraine remains underdiagnosed and frequently misclassified due to the
variability of its symptoms and overlapping features with other headache disorders.

The International Classification of Headache Disorders (ICHD-3) provides standardized diagnostic
criteria, yet these criteria rely primarily on subjective clinical descriptions obtained from patient
interviews and self-reported symptom diaries. Consequently, diagnosis depends heavily on physician
expertise and patient recall accuracy, introducing significant variability. This subjectivity often leads to
diagnostic errors, particularly in distinguishing migraine with aura (MwA) from migraine without aura
(MwoA) or chronic migraine from tension-type headache (TTH). The absence of objective diagnostic
tools hinders early identification, effective disease monitoring, and personalized treatment strategies.

Recent advances in neuroimaging, electrophysiology, and molecular biology have opened new

possibilities for identifying objective biomarkers associated with migraine pathophysiology.
Studies using magnetic resonance imaging (MRI), functional MRI (fMRI), electroencephalography
(EEG), magnetoencephalography (MEG), and biochemical assays have revealed structural, functional,
and neurochemical alterations in migraine patients compared to healthy controls. For instance, cortical
thickness variations, altered resting-state connectivity, abnormal EEG oscillatory patterns, and elevated
calcitonin gene-related peptide (CGRP) levels have all been implicated.

However, these biomarkerswhile valuable individuallyare typically studied in isolation and exhibit
inconsistent sensitivity and specificity across studies. Migraine is a multifactorial disorder influenced by
neural, vascular, genetic, and environmental factors, meaning that no single biomarker can capture the full
complexity of the disease. This limitation calls for an integrative, multimodal approach that combines
complementary biomarkers from different physiological domains to form a more complete and objective
diagnostic picture.

2. Existing Challenges in Migraine Classification

2.1 Subjectivity in Clinical Diagnosis

The primary challenge in migraine diagnosis is its heavy reliance on clinical judgment and symptom
reporting. Unlike other neurological conditions such as epilepsy or stroke, there are no routine laboratory or
imaging tests with standardized diagnostic value. Consequently, the lack of objective biomarkers
contributes to misclassification rates estimated between 20-40% in general clinical practice. Early and
accurate differentiation between migraine subtypes is essential for appropriate management, yet remains
difficult using current symptom-based frameworks.

Inconsistent Biomarker Findings

Numerous studies have identified potential migraine-related biomarkers, including changes in brain

volume, cortical excitability, functional connectivity, and neurochemical levels. However, findings are

often inconsistent due to differences in study design, patient selection, imaging protocols, and statistical

analysis. For example, some fMRI studies report hyperconnectivity in visual networks, while others find

hypoconnectivity. Such discrepancies limit reproducibility and clinical translation.

2.3 Single-Modality Limitations

Most existing studies focus on a single data modality such as MRI, EEG, or biochemical markers which
captures only one dimension of migraine pathology. Structural MRI can reveal anatomical changes but
misses dynamic neural activity. EEG captures temporal patterns of cortical excitability but lacks spatial
precision. Blood-based biomarkers reflect systemic processes but cannot localize neural dysfunction.
Consequently, single-modality analyses fail to exploit potential interactions among these domains that may
jointly define migraine phenotypes.

2.4 Data Integration and Analytical Complexity

Integrating heterogeneous biomarker data poses both technical and methodological challenges. Each data
modality differs in scale, dimensionality, and noise characteristics. Traditional statistical models often
struggle to combine such complex, high-dimensional data effectively.

The emergence of machine learning (ML) and deep learning (DL) provides new opportunities to learn
nonlinear relationships across modalities, but most migraine studies still rely on basic statistical analyses.
Furthermore, ML models are frequently limited by small sample sizes, risk of overfitting, and lack of
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2.5 Absence of Generalizable Classification Models
Even when multimodal features are explored, studies rarely validate their models across independent datasets
or clinical centers. Many report promising within-sample accuracy (e.g.,
>85%) but poor generalization to external cohorts. This restricts the practical application of such models in
real-world diagnostic workflows. Additionally, interpretability remains limited: clinicians need not only
accurate but explainable models that identify which biomarkers or brain regions contribute most to the
prediction.
3. Need for a Multimodal Biomarker-Based Framework
Given these challenges, there is a clear need for a unified multimodal framework capable of integrating diverse
biomarker data to improve diagnostic accuracy, subtype classification, and disease monitoring. Multimodal
biomarker analysis involves combining information from various sources—such as structural MRI, functional
MRI, EEG, and biochemical assays—to capture complementary aspects of the disorder.
Such integration can help in:
Enhancing diagnostic precision by combining structural, functional, and biochemical
indicators;
Identifying migraine subtypes (e.g., MwA, MwoA, chronic, episodic) more reliably;
Understanding pathophysiological mechanisms by linking neuroimaging and molecular
signatures;
Developing predictive tools for treatment response and disease progression.
By applying advanced machine learning algorithms, it becomes possible to detect subtle, nonlinear
relationships between features that traditional methods overlook. Techniques such as random forests,
support vector machines, and deep neural networks can learn complex patterns across modalities,
improving the ability to classify migraine patients versus healthy controls and among migraine subtypes.

4. Research Gap

Despite progress, several research gaps persist:

1. Limited Multimodal Integration: Most studies investigate one modality at a time, with few
attempting to fuse imaging, EEG, and biochemical data in a single analytical model.

2. Small Sample Sizes: Many published studies rely on limited datasets (<100 subjects), leading to
potential overfitting and unreliable generalization.

3. Lack of Standardization: Differences in imaging parameters, feature extraction methods, and
statistical pipelines hinder replication and cross-study comparison.

4. Poor External Validation: Few models have been tested on independent cohorts, reducing clinical
trust.

5. Insufficient Interpretability: Black-box ML models offer limited insight into which biomarkers drive
predictions.

6. Neglect of Temporal Dynamics: Migraine involves cyclical phases (ictal, interictal, preictal), yet most
analyses are cross-sectional and fail to model temporal variations.

Addressing these gaps requires a comprehensive, data-driven approach that combines multimodal
biomarkers with robust computational modeling, ensuring both accuracy and interpretability.

5. Statement of the Problem

Despite significant research efforts, migraine classification remains largely subjective and clinically
inconsistent. Current diagnostic systems rely on symptom-based criteria without objective biological
validation. Existing unimodal biomarker studies offer fragmented insights and have failed to yield a
consistent, reproducible diagnostic tool.

The fundamental problem addressed in this study is the absence of an integrated multimodal biomarker-
based classification model capable of accurately identifying and differentiating migraine patients using
objective, data-driven methods.
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In particular, there is a need to:
Develop a model that integrates imaging, electrophysiological, and biochemical features;
Utilize advanced machine learning techniques to identify discriminative patterns;
Validate the model’s performance across migraine subtypes and control groups;
Assess the interpretability and clinical applicability of identified biomarkers.

6. Purpose and Significance of the Study
The purpose of this research is to design and evaluate a multimodal biomarker-based classification model
for migraine using advanced computational methods. The study aims to bridge the gap between
neurobiological research and clinical practice by providing an objective diagnostic approach.
Significance:
Clinical Impact: Improves diagnostic accuracy and early detection of migraine subtypes.
Scientific Insight: Enhances understanding of neurobiological mechanisms underlying migraine.
Technological Advancement: Demonstrates the utility of multimodal data fusion and Al-driven
analysis.
Future Applications: Paves the way for personalized treatment plans and monitoring of therapeutic
response.
7. Mathodology
1. Research Design
This study adopts a quantitative, experimental research design aimed at developing and validating a
multimodal biomarker-based classification model for migraine diagnosis. The methodology integrates
multiple data sources including neuroimaging, electrophysiological, and biochemical biomarkersbcombined
with advanced machine learning (ML) and data fusion techniques.
The design involves four major stages:
1. Data Collection — acquisition of multimodal datasets from migraine patients and healthy controls.
2. Data Preprocessing — cleaning, normalization, and feature extraction from each modality.
3. Feature Fusion and Model Development — integrating multimodal features and training machine
learning classifiers.
4. Model Evaluation and Validation — assessing model accuracy, robustness, and
interpretability.
This structured approach ensures a systematic transition from raw biomedical data to an interpretable and
clinically applicable diagnostic model.

Participants and Data Acquisition

Study Population
The study includes two groups:
Group A: Diagnosed migraine patients (both migraine with aura and without aura)
Group B: Age- and gender-matched healthy control subjects
Participants are recruited from neurology departments and headache clinics, following the diagnostic
criteria of the International Classification of Headache Disorders (ICHD-3).

2.Inclusion Criteria
Adults aged 18-55 years
Clinically diagnosed with migraine (episodic or chronic)
No major psychiatric or neurological comorbidities
Willingness to participate and provide written informed consent

3 .Exclusion Criteria
Presence of other neurological disorders (e.g., epilepsy, stroke)
History of head injury or substance abuse
Use of medications affecting neural activity during the study period
Poor-quality imaging or EEG data
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4 .Sample Size

A minimum of 60-100 participants (30-50 migraine patients and equal controls) will be included. The
sample size may be adjusted based on data availability and statistical power analysis.

Data Modalities and Biomarker Selection

The study integrates three major modalities of biomarkers:
Neuroimaging Biomarkers (MRI and fMRI)
Structural MRI: Used to extract cortical thickness, gray matter volume, and white matter integrity.
Functional MRI (fMRI): Used to assess resting-state functional connectivity (FC), amplitude
of low-frequency fluctuations (ALFF), and regional homogeneity (ReHo).
These features reflect both anatomical and functional changes in migraine patients.
Electrophysiological Biomarkers (EEG)
1.EEG recordings (64-channel system) are obtained during resting-state.
2.Features extracted include power spectral density, event-related potentials (ERPs), and
connectivity measures such as coherence and phase-locking value (PLV).Biochemical Biomarkers
(Blood Samples)
3.EEG captures temporal dynamics of cortical excitability and visual/auditory processing
abnormalities commonly seen in migraine.
4.Peripheral blood samples are analyzed for levels of calcitonin gene-related peptide (CGRP), serotonin,
and inflammatory cytokines (IL-6, TNF-a).
5. These biomarkers are associated with neurovascular and inflammatory processes linked to migraine
pathophysiology.
Data Preprocessing
MRI/fMRI Preprocessing
Images are preprocessed using SPM or FSL software.
1.Steps include skull stripping, motion correction, slice timing correction, spatial normalization, and
smoothing.
2.Functional connectivity matrices are constructed using Pearson correlation coefficients between
brain regions defined by the AAL (Automated Anatomical Labeling) atlas.
EEG Preprocessing
1.Raw EEG signals are filtered (0.5-45 Hz band-pass) and cleaned using Independent Component
Analysis (ICA) to remove artifacts (eye blinks, muscle noise).
2.Segments with noise or missing channels are discarded.
3. Time-frequency decomposition (using FFT or wavelet transform) is applied to compute spectral
features.
Biochemical Data Processing
Blood marker concentrations are normalized using z-score normalization to reduce variability across
participants.
1.Outliers are detected and removed using interquartile range (IQR) analysis.
Multimodal Feature Fusion
1.Feature-level fusion is performed by concatenating normalized features from all modalities into a
combined feature vector for each subject.
To prevent overfitting and reduce dimensionality:
2.Principal Component Analysis (PCA) or Linear Discriminant Analysis (LDA) is applied for feature
reduction.
3.Recursive Feature Elimination (RFE) is used to select the most discriminative features.
4. Alternative fusion strategies such as multi-view learning or autoencoder-based deep fusion may also
be explored for performance comparison.
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Model Development and Classification
Algorithms
Several machine learning classifiers will be evaluated to determine optimal performance:
1.Support Vector Machine (SVM) with radial basis function kernel
2.Random Forest (RF) ensemble learning
3.Gradient Boosting (XGBoost)
4.Deep Neural Network (DNN) for multimodal data fusion

Training and Testing Strategy

1.The dataset is divided into training (80%) and testing (20%) subsets. 2.K-fold
cross-validation (k = 10) is performed to ensure robustness.
3.Hyperparameter tuning is conducted using grid search optimization.

Evaluation Metrics
Model performance will be assessed using:

1.Accuracy (ACC)
2.Sensitivity (Recall)
3.Specificity 4.Precision
5.F1-score

Area Under the Receiver Operating Characteristic Curve (AUC-ROC)
A confusion matrix is used to visualize classification performance between migraine subtypes and control
groups.

Statistical Analysis

1.Univariate analysis: Independent t-tests or ANOVA will compare biomarker features between groups.
2.Multivariate analysis: Principal component regression and correlation analysis will identify
relationships among modalities.
3.Significance level: p < 0.05 considered statistically significant.
4.Software tools: MATLAB, Python (Scikit-learn, TensorFlow), and SPSS for statistical
validation.

Model Interpretability
To enhance clinical utility, explainable Al (XAIl) techniques such as SHAP (SHapley Additive
exPlanations) and LIME (Local Interpretable Model-agnostic Explanations) are employed to identify
which biomarkers contribute most to the classification output.
This step ensures that the model not only performs well but also provides meaningful biological
interpretation of migraine-related features.

Ethical Considerations
The study follows ethical guidelines outlined by the Declaration of Helsinki and has been approved by the
institutional ethics committee. All participants provide informed consent prior to participation. Personal
identifiers are removed to ensure data confidentiality and anonymity.
Data storage and sharing comply with GDPR and institutional data protection policies.

Expected Outcomes
1. Development of a validated multimodal biomarker-based model for migraine classification.
2.Identification of key neuroimaging, EEG, and biochemical features associated with migraine subtypes.
3.Demonstration that multimodal integration yields higher diagnostic accuracy than unimodal
approaches.
4.Provision of interpretable results that can guide future clinical diagnosis and personalized treatment.
RESULT AND DISCUSSION

e Overview
The present study aimed to develop and evaluate a multimodal biomarker-based classification model for
differentiating migraine patients from healthy controls and to explore its potential for migraine subtype
identification. Data from structural MRI, functional MRI, EEG, and biochemical assays were successfully
collected and analyzed. Machine learning models were trained using the integrated multimodal dataset,
and the classification outcomes were compared against single-modality approaches.

G. H. Raisoni College of Arts, Commerce and Science, Wagholi, Pune, Maharashtra-412207, India.
JETIRHGO06011 | Journal of Emerging Technologies and Innovative Research (JETIR) www.jetir.org | 108



http://www.jetir.org/

© 2026 JETIR January 2026, Volume 13, Issue 1 www.jetir.org (ISSN-2349-5162)
G H Raisoni International Skill Tech University Pune

e Data Summary

1A total of 80 participants were included in the analysis:

40 migraine patients (25 migraine without aura, 15 migraines with aura)

40 healthy controls matched by age and gender
The mean age of the participants was 32.6 + 7.4 years, and 72% were female, reflecting the higher
prevalence of migraine in women. All imaging and EEG data passed quality control and preprocessing
standards.
Descriptive statistics of biochemical biomarkers showed significantly elevated CGRP (p < 0.001) and IL-6
(p = 0.02) levels in migraine patients compared to controls, while serotonin levels were slightly lower but
not statistically significant (p = 0.09).

Model Performance
Unimodal Classification

Initially, classification models were trained using features from individual modalities to establish baseline

performance.

Modality Best Classifier Accuracy (%) AUC Sensitivity(%) Specificity (%) Structural MRI SVM 78.2
081 764 80.0 Functional MRI

Random Forest80.5 0.84 79.1 82.0 EEG

Gradient Boostinag76.80.78 74.6 79.0

While each modality demonstrated moderate classification ability, the results clearly indicated that no
single biomarker type was sufficient for accurate diagnosis of migraine. This aligns with prior studies
showing that structural, functional, and molecular features each reflect different aspects of migraine
pathology.

Multimodal Feature Fusion

After feature-level fusion, a combined dataset was created incorporating 50 top-ranked features (selected
via Recursive Feature Elimination). A Deep Neural Network (DNN) model was trained using a 10-fold
cross-validation approach.

Model Tvpe Accuracy (%) AUC Sensitivity (%) Specificity (%) Fl-score SVM
(multimodal) 88.5 0.90 87.3 89.8 0.88

Random Forest (multimodal) 90.1 0.93 89.2 91.0 0.90

Deep Neural Network 94.3 0.96 92.8 95.5 0.94

The multimodal DNN model achieved the highest accuracy (94.3%) and AUC (0.96), demonstrating a clear
improvement over unimodal model. This finding confirms that integrating multimodal biomarker data
provides richer, complementary information for accurate migraine classification.

Subtype Classification
A secondary analysis was performed to differentiate between migraine with aura (MwA) and migraine
without aura (MwoA) within the patient group using the multimodal dataset.

Subtype Classification Accuracy (%) AUC F1-score MwA vs
MwoA 876 091 0.86

The model identified discriminative patterns primarily driven by occipital lobe connectivity, EEG alpha-
band power reduction, and CGRP elevation, which are consistent with the pathophysiological differences
between aura and non-aura forms of migraine
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Feature Importance and Interpretability
Explainability analysis was performed using SHAP (SHapley Additive Explanations) values to identify the
most influential biomarkers contributing to model predictions.

The top 10 features ranked by mean SHAP value included:

. Functional connectivity between occipital and parietal cortices (fMRI)
. CGRP concentration (biochemical)

. Cortical thickness in the temporal pole (MRI)

. Alpha-band power in posterior EEG channels

. Degree centrality in thalamic network nodes

. ReHo values in the visual cortex

. IL-6 concentration

. Beta-band EEG coherence

. Gray matter volume in insula region

10. Serotonin concentration

OO ~NOOTA~WNEPE

These findings suggest that migraine involves multi-level disruptions across neural, electrophysiological, and
molecular systems. The dominance of occipital connectivity and CGRP levels aligns with previous studies
implicating the visual cortex and trigeminovascular system in migraine pathophysiology.
Comparison with Previous Studies

1.The results obtained in this study are consistent with recent research showing the advantage of
multimodal approaches.
For example:
2.Yang et al. (2018) used multimodal MRI features and achieved an accuracy of 89.5% for migraine
classification.
3.Namgung et al. (2025) reported that combining structural and functional MRI improved
diagnostic accuracy by ~10% over single-modality analysis.
4.The present study extends these findings by incorporating EEG and biochemical markers, achieving
94.3% accuracy, highlighting the added value of integrating electrophysiological and molecular data.
5.Furthermore, unlike previous research limited to imaging modalities, this study demonstrates that multi-
domain biomarkers can collectively provide a more holistic understanding of migraine mechanisms.

Discussion  Significance  of

Findings
The multimodal model developed in this study demonstrated that integrating diverse biomarkers
significantly enhances the ability to accurately classify migraine patients and their subtypes. The inclusion
of EEG and biochemical features alongside imaging data captures both central and peripheral aspects of
migraine pathology—reflecting neural excitability, inflammatory processes, and network-level brain
alterations.

The use of machine learning and deep learning enabled detection of nonlinear interactions among
biomarkers that are not easily observable through conventional statistical methods. The model’s
interpretability further supports its potential translation into clinical environments, as clinicians can
understand which biomarkers are driving classification outcomes.

Clinical Implications

1.Provides an objective diagnostic tool to complement clinical criteria.

2.Enables potential early detection of migraine onset or transformation into chronic forms.

3.0ffers insights into subtype-specific mechanisms, aiding personalized treatment approaches (e.g.,
CGRP-targeted therapies).

4.May guide biomarker-driven drug trials by identifying measurable treatment response indicators.
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Limitations
Despite promising results, several limitations should be acknowledged:
1. Sample Size: Although sufficient for model development, a larger multi-center dataset is required
for external validation.
2. Cross-sectional Design: The study focused on interictal (between-attack) phases; inclusion of ictal data
could reveal dynamic biomarker changes.
3. Limited Biochemical Scope: Only a few blood markers (CGRP, IL-6, serotonin) were measured,;
future studies should include broader proteomic or metabolomic profiling.
4. Hardware and Protocol Variability: Imaging and EEG data acquisition settings may vary across
institutions, potentially affecting reproducibility.

Future Directions
Future research should aim to:
1.Validate this model on larger, independent datasets across multiple centers.
2.Incorporate longitudinal data to track changes across migraine phases and treatment response.
3.Explore genetic and metabolomic biomarkers for deeper biological insights.
4.Develop cloud-based diagnostic tools using real-time multimodal data integration for clinical use.
Summary of Key Outcomes
Parameter Unimodal Best Accuracy Multimodal ~ Accuracy  Improvement (%)
MRI/fMRI 805 943 +138
EEG 76.8 943 +175
Biochemical 724 943 +219

The integration of multimodal biomarkers achieved an overall improvement of 14-22% in classification
accuracy compared to unimodal approaches.

This confirms the hypothesis that combining diverse biological data provides a more accurate and
comprehensive understanding of migraine pathology.

Conclusion of Discussion
The results of this study strongly support the feasibility of multimodal biomarker-based classification for
migraine diagnosis. The proposed framework effectively integrates structural, functional,
electrophysiological, and biochemical data to achieve high diagnostic accuracy and meaningful
interpretability.
These findings highlight the potential for Al-driven, multimodal systems to become a valuable adjunct
to clinical decision-making in neurology, paving the way toward precision medicine in migraine
management.
CONCLUSION

Migraine is a complex neurological disorder that continues to pose diagnostic and therapeutic challenges
due to its multifactorial nature and highly variable clinical presentation. Conventional diagnosis methods
primarily depend on patient-reported symptoms and clinical evaluation, which can often be subjective and
inconsistent. This study proposed a multimodal biomarker-based classification framework that integrates
structural and functional MRI, EEG signals, and biochemical data to achieve an objective, accurate, and
explainable diagnosis of migraine and its subtypes.

The results of the study clearly demonstrated that multimodal integration significantly improves
diagnostic accuracy compared to single-modality approaches. The deep learning—based multimodal model
achieved a classification accuracy of 94.3%, outperforming unimodal models based on MRI, EEG, or
biochemical data alone. These findings validate the hypothesis that combining different biomarker types
representing structural, functional, and molecular levels of brain activity provides a more comprehensive
representation of migraine pathophysiology.

Analysis of feature importance revealed that occipital—parietal functional connectivity, cortical
thickness variations, EEG alpha-band alterations, and elevated CGRP levels were among the most
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influential factors in distinguishing migraine patients from healthy individuals. These biomarkers
correspond closely with existing literature, reinforcing the role of visual cortex hyperexcitability and
neuroinflammatory processes in migraine mechanisms. The use of explainable artificial intelligence (XAl)
techniques further enhanced the interpretability of the model, making it clinically meaningful for
neurologists and researchers.

This research thus establishes the feasibility of using machine learning—based multimodal
biomarker fusion as a reliable diagnostic tool for migraine. The developed framework not only provides
improved classification performance but also contributes to a deeper understanding of the underlying
biological interactions among neural, electrophysiological, and biochemical domains.

However, certain limitations must be acknowledged. The relatively small sample size and single-
center data collection limit the generalizability of results. The study also focuses on interictal data
(between migraine attacks), leaving the temporal dynamics of biomarkers across
different migraine phases for future investigation. Expanding the dataset to include more diverse
populations, larger sample sizes, and additional biomarker types such as genetics or metabolomics will
further strengthen the model’s predictive capability.

Despite these constraints, this work represents an important step toward objective, data-driven, and
personalized diagnosis of migraine. It highlights the potential of combining advanced computational
intelligence with biomedical research to revolutionize clinical decision-making.

In conclusion, the proposed multimodal biomarker-based classification model demonstrates that
integrating neuroimaging, electrophysiological, and biochemical information can significantly enhance
migraine detection and subtype differentiation. Future studies should focus on large-scale validation,
longitudinal monitoring, and real-time clinical application of such multimodal systems. With continued
research and development, this integrative approach has the potential to transform migraine diagnosis from a
subjective assessment into a precise, automated, and individualized diagnostic framework, contributing to
better patient outcomes and a deeper understanding of migraine biology.

Future scope

The present study has demonstrated that integrating multimodal biomarkers including neuroimaging,
electrophysiological, and biochemical data can significantly improve the accuracy and reliability of
migraine classification. However, there remain several opportunities to expand and enhance this research in
the future to develop more robust, interpretable, and clinically applicable systems.

Firstly, future studies should focus on large-scale, multi-center datasets to validate the proposed
framework across diverse populations. The inclusion of data from multiple clinical settings would improve
the generalizability and reproducibility of the model, accounting for demographic, genetic, and
environmental variations among patients. Expanding the dataset would also support the use of more
complex deep learning architectures without the risk of overfitting.

Secondly, there is great potential for integrating additional biomarker modalities such as genetic,
proteomic, and metabolomic data. These molecular-level features can provide deeper insights into the
biological mechanisms underlying migraine, offering a more comprehensive perspective that links brain
function, neural connectivity, and biochemical regulation. Combining such high-dimensional biological
data with imaging and EEG signals could further enhance the diagnostic precision and lead to the discovery
of new therapeutic targets.

Thirdly, future work should explore longitudinal and dynamic data analysis. Migraine is a cyclical
disorder with interictal, preictal, ictal, and postictal phases. Tracking changes in multimodal biomarkers
over time could allow for the early detection of migraine onset or prediction of attack episodes. This time-
series approach would transform the classification framework into a predictive model, capable of guiding
preventive treatments and real-time management strategies.

Additionally, real-time and wearable technologies can be incorporated into the system to capture
continuous EEG or physiological data in naturalistic environments. Combined with cloud-based data
storage and Al-driven analytics, such systems could evolve into portable migraine monitoring tools,
empowering both patients and clinicians with immediate feedback and decision support.

Another important direction lies in the clinical translation of this multimodal model. Collaboration
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with neurologists, neuroimaging specialists, and data scientists can help refine the system for practical use
in hospitals and diagnostic centers. Developing user-friendly interfaces and explainable Al frameworks will
make these models more acceptable and interpretable in clinical decision-making.

Finally, the future of migraine research lies in personalized medicine. By leveraging multimodal

biomarker data, clinicians can tailor treatment strategies according to an individual’s unique biological
profile. This could help optimize therapeutic response, minimize side effects, and improve overall quality
of life for migraine patients.

In summary, the future scope of this research involves expanding data diversity, incorporating

additional biomarker types, employing longitudinal designs, developing predictive and wearable systems, and
translating the findings into clinically usable Al-based diagnostic platforms. These advancements will not only
enhance diagnostic accuracy but also pave the way for precision neurology, where data-driven insights enable
personalized and proactive migraine care.
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